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$9.5 trillion-$15.4 trillion

Potential total annual value of Al and analytics across industries

Source: McKinsey & Company



https://www.mckinsey.com/business-functions/mckinsey-analytics/our-insights/the-executives-ai-playbook?page=industries/

Al adoption across industries & functions

Business functions in which Al has been adopted, by industry,’ % of respondents
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"Al adoption advances, but
foundational barriers
remain,” McKinsey &
Company, 2018
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https://www.mckinsey.com/featured-insights/artificial-intelligence/ai-adoption-advances-but-foundational-barriers-remain

notes

What Al really is Chart your Al path

« A tool for making predictions a * Your use cases, prioritization,
minimum viable business

MVB kill
How to get started PRt 2l O e, ©.318
prerequisites

* Learn from your peers and

common use cases, proof of :

. P Review Al vendor landscape
concept first
» Tools, approaches
e Put customers first (buy/build/rent)

« Human-centric design and

leadership in the loop




What Al Really Is



Source: Cyberoro ORO — Cropped
video still

from https://www.youtube.com/
watch?v=wu8HB_buraA&t=42



https://www.youtube.com/channel/UCdvjxan9YSsLn0e9Bm8wzTg
https://www.youtube.com/watch?v=wu8HB_buraA&t=42

“We propose that a 2-month, 10-man study
of artificial intelligence be carried out...”

“[...] on the basis of the conjecture that every aspect of
learning or any other feature of intelligence can in
principle be so precisely described that a machine can
be made to simulate it.

An attempt will be made to find how to make machines
use language, form abstractions and concepts, solve
kinds of problems now reserved for humans, and
improve themselves. \We think that a significant advance
can be made in one or more of these problems if a
carefully selected group of scientists work on it together
for a summer.”

Image: Computer History Museum Source: A Proposal for the Dartmouth Summer
Research Project on Artificial Intelligence, John
McCarthy 1955



http://www-formal.stanford.edu/jmc/history/dartmouth/dartmouth.html
https://www.computerhistory.org/fellowawards/hall/john-mccarthy/

What Is (Human) Intelligence?



- Lol . &
Sl -
o
“P',__ |

The ability to© & >
understand language.™




Navigate in the
visual world...







Learning

Reasoning

Understanding

Grasping truths

Seeing relationships
Considering meaning

Separating facts from
belief


https://www.wiley.com/en-us/Artificial+Intelligence+For+Dummies-p-9781119467656

What's taking the world by storm is AAI (ANI)

Artificial General Intelligence (AGI) Applied Artificial Intelligence (ANI)

Deduction and Motion and Object
Reasoning Manipulation

Machine
Learning

Knowledge

; Learning
Representation

Planning Perception

Computer
Vision
Language Processing

ANI = Artificial Narrow Intelligence
NLP = Natural Language Processing
RPA = Robotic Process Automation

14



Machine
learning (ML)

IS the scientific study of algorithms

and statistical models that computer
systems use to effectively perform a specific
task without using explicit instructions,
relying on patterns and inference instead.

Source: Wikipedia



https://en.wikipedia.org/wiki/Machine_learning
https://en.wikipedia.org/wiki/Machine_learning
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What's a supervised learning model?

v, TER)

1) Find a proxy (P) for something
hard to know (C).

2)  Find a function that defines a
correlation between P and C.

3) Use this function (=model) to
mMake guesses about C.

Regression

Use square footage (P) to predict ,"o.
housing prices (C).

Source: Kathryn Hume


https://www.slideshare.net/KathrynHume1/ethical-algorithms-bias-in-machine-learning-for-nextai

Another example: classification

1) Find a proxy (P) for something
hard to know (C).

2) Find a function that defines a
correlation between P and C.

3) Use this function to make
guesses about C.

Classification

e R +
Use “free money” or “out of debt” (P) to P fg’. s
predict if emails are spam (C) o .o® : .
e o

Source: Kathryn Hume


https://www.slideshare.net/KathrynHume1/ethical-algorithms-bias-in-machine-learning-for-nextai

What should we do here?

Source:; Kathryn Hume

1) Find a proxy (P) for something
hard to know (C).

2) Find a function that defines a
correlation between P and C.

3)  Use this function to make
guesses about C.

What (P) should we pick to decide if it's
a cat or dog?


https://www.slideshare.net/KathrynHume1/ethical-algorithms-bias-in-machine-learning-for-nextai

Enter deep learning aka neural nets

Use layers to transform complex input into mathematical expressions and
remove the need for humans to select which features matter.

Convolution Pooling Convolution Pooling Fully Fully Output Predictions
Connected Connected

1
A

dog (0.01)
cat (0.04)
boat (0.94)
bird (0.02)

-

Source: Kathryn Hume


https://www.slideshare.net/KathrynHume1/ethical-algorithms-bias-in-machine-learning-for-nextai

Supervised learning flow

| *
Training l
Data Feature
1 Ih‘ ) ‘l‘iﬂl ' ’.'_;'_f
.
Predicting
New Feature
Data Extraction
—y

Image: Hortonworks


https://www.slideshare.net/hortonworks/data-science-workshop

“Any sufficiently
advanced technology is
indistinguishable

from magic."
s Kk A Arthur C. Clarke



Machine learning is not magic!
It is mathematics that predicts something we'd
like to know by using correlations in historical data



“We propose that a 2-month, 10-man study
of artificial intelligence be carried out...”

Image: Computer History Museum

“[..] on the basis of the conjecture that every aspect
of learning or any other feature of intelligence can

in principle be so precisely described that a machine
can be made to simulate it.

An attempt will be made to find how to make

machines use language, form abstractions and
concepts, solve kinds of problems now reserved for
humans, and improve themselves. We think that a
significant advance can be made in one or more of these
problems if a carefully selected group of scientists work
on it together for a summer.”

Source: A Proposal for the Dartmouth Summer
Research Project on Artificial Intelligence, 1955



http://www-formal.stanford.edu/jmc/history/dartmouth/dartmouth.html
https://www.computerhistory.org/fellowawards/hall/john-mccarthy/

Image: Library of Congress



https://monovisions.com/vintage-the-wright-brothers-first-flight-in-1903/







What we want from Al

“Airplanes don't flap
their wings; why
should computers
think?”

What we've got Actually, this

Info-Tech Research Group



https://www.theatlantic.com/magazine/archive/2013/11/the-man-who-would-teach-machines-to-think/309529/




How to Get Started

Avoid a cold start. Learn from the early adopters



Your peers and early
adopters in other industries
have already answered the
R-W-W questions:

e ‘Isitreal?”
« “Canwewin?"

« “Isit worth doing?”

Learn from their experiences
to avoid a cold start.

Learn about Al tech

Especially machine learning. Informed is
forearmed.

Avoid a cold start

Learn what your peers and early adopters
across industries are doing with Al.

Contextualize

Adopt peer use cases to your organization’s
strategic goals and the needs of your customers.



What do these things
have in common?




Think outside your industry’s box

Has the patient confirmed identity? Ll:l Confirm all team members have introduced
yes hemselves.
I5 the site marked? _EI_EFnﬁrr!i patient's name, procedurs, and where
incision will be made,
[]¥es S : N
Has antibiotic prophylaxis been given within the last 60
= the anesthesia machine and medication complete? . -
minutes?
[IYes J¥es
s the pulse oximeter on the patient and functioning? [IMot applicable
Clves Anticipated Critical Events
Does the patient have a:
To Surgeon:
[nown allergy? [ What are the critical or non-routine steps?
COMa CIHow ling will the case take?
Lves Olwhat is the anticipated blood loss?
Difficult airway or aspiration risk? To Anzesthetist:
[OMa [ Are there any patient-specific concerns?
[¥es, and aszistance availzabla

Risk of >500ml blood loss?

OMe
CJ¥es, and twa IVs/central access and fluids planned

Source: WHO


https://www.who.int/patientsafety/safesurgery/checklist/en/

How to Get Started

Common use cases



Chatbots: Beyond
information gateways

n Bot! , Let's look for ticket!

@ How can | help you . From New York (Any)
© 1o Seattle (SEA]
tﬂdﬂ""? v.écz‘ei;a:(w: (m 2)5!h December

returning on 29th December
for 2 Adults

-

How much did | spend
on groceries this month?

You spent $510 on
groceries this month.




of consumers would
rather use live chat
than any other means
of contact

— Ubisend, "The Chatbot
Statistics Cheatsheet"

“If you are customer-
facing, Al technology is no
longer a differentiating

factor, it's a necessity.”

— Zahra Zahid, Slalom Consulting



https://blog.ubisend.com/hubfs/white-papers/ubisend_chatbot_statistics_cheatsheet_v2_1.pdf?utm_campaign=Inbound launch&utm_source=hs_automation&utm_medium=email&utm_content=67918239&_hsenc=p2ANqtz-88nun0d5Bf7oPKngHJ-G_3oaEJWhaiCIm86HVTCSZQ4npao6yBQ0xKrFyftzjxUDzEd2JaNTmrCtrKqD9386Y7fbFt1A&_hsmi=67918239

IBM artificial
intelligence can
predict with 95%
accuracy which
workers are about
to quit their jobs.



https://www.cnbc.com/2019/04/03/ibm-ai-can-predict-with-95-percent-accuracy-which-employees-will-quit.html

Al in HR: Hiring the right people fast,
effectively, and without bias

plum RECRUITING COMPANY MY ACCOUNT

My Approach ES
Would Be.. Overall fit

91%

€ Sales Hunter Anika Aga rwal SHORTLIST v
SUMMARY MANAGING OTHERS EMBRACING DIVERSITY

1 SHORTLIST ~ HIGHLIGHTS
Anika Agarwal

s ago Extraordin Dility t

bility to persuade
20 IN REVIEW ~

>cision making skills
Alexander Donos

Extraordinary ability to innovate

Allison MacPherson 3 5 Average ability to adapt
Collaboration o1 '
Jasmine Reyes
( ‘ Resume
Direct Communication 97 et A med

\ Cover Letter

Sarah Dvir

Enthusiasm 88

> Johan Pilay

Empathy 85

Adiliah Khan

Oliver Cider

Source: Knockri Source: Plum


https://www.knockri.com/
https://www.plum.io/how-it-works
https://www.plum.io/how-it-works

Al in Accounting & Finance:
Back-office automation

« Automated data entry, categorization, and
transaction processing

« Automated expenses

« Automatic reconciliation and closure of financial
ledgers

« Audit and compliance

* Intelligent checking of invoices and automated
payment of invoices to specified terms

 Corporate budgeting, planning, and forecasting

“The back office support
system is being
dismantled to make way
for the new conception
that is made possible by
the advent of artificial
Intelligence disruptive

technologies which
together promise speed
and significant cost
reduction.”

— Shankar Balasubramanian,

Hexaware

Source:



https://www.aiia.net/artificial-intelligence/reports/209-key-takeaways-from-ai-live-americas?ty-s

Al in Corporate Legal: Freeing people for
higher value-add tasks

ARTIFIGIAL INTELLKGENGE

An Al Completed 360,000 Hours of Finance
Work in Just Seconds

Pack it up, folks. The machines will take it from here.
« Document classification for

knowledge transfer, retention,
and regulatory compliance

DomGalean |  March 8th 2017

A New COIN .
Document review

JP Morgan Chasc & Co. is the biggest bank in the United States. Itis one of the

Contract review and contract
management

largest employers in the American banking sector, with more than 240,000

employees serving millions of customers. Some of those employees are lawyers and
loan officers who spend a total of 360,000 hours cach year tackling a slew of rather Leg al research / discove ry

mundane tasks, such as interpreting commercial-loan agreements. Now, the

Due diligence

company has managed to cut the time spent on this work down to a matter

of seconds using machine learning.

Source: Dom Galeon, Futuris


https://futurism.com/an-ai-completed-360000-hours-of-finance-work-in-just-seconds

How to Get Started

Contextualize Al



“Stay true to who you
are as a business and
then innovate on top of
that with new
technologies and new
things.”

— Justin Reilly, former head of
customer experience

iInnovation, Verizon

Source:


https://www.aiia.net/artificial-intelligence/reports/209-key-takeaways-from-ai-live-americas?ty-s
https://www.aiia.net/artificial-intelligence/reports/209-key-takeaways-from-ai-live-americas?ty-s

Give your Al a purpose: Link it to strategy

Drivers to Establish Competitive Advantage

Customer .
. . Product/Service .
Intimacy/Service . Operational Excellence
InNnovation
Excellence

Risk & Compliance



Contextualize selected peer use cases
for your organization

1. What #1 business opportunity do you wish to see realized with Al? (Hope) or

2. What #1 risk will Al help you to alleviate? (Fear) or

3. What #1 annoying pet peeve can you scratch with Al? (Frustration)

4. What are your challenges in performing this activity or process today?

5. What does amazing look like if we solve this perfectly?

6. What other business activities or processes will be impacted or improved if we solve this?
7. What compliance/regulatory/policy concerns do we need to consider in any solution?

8. What are the benefits of the new solution and who will benefit from it?

9. What measures of success/change should we use to prove value of the effort (KPIs/ROI)?
10. What are the steps in the process/activity?

1. What are the applications/systems used at each step and from step to step?

12. What data elements are either created, used, or transformed at each step (high level)?



Customer-Centric Al



“Speak to the reality
of what is your
mission and what do
human beings need
from you to be happy
with you as a brand.”

— Justin Reilly, former head
of customer experience

innovation, Verizon

Source:

Image: Changwon Fire Station



https://www.aiia.net/artificial-intelligence/reports/209-key-takeaways-from-ai-live-americas?ty-s
https://www.cbsnews.com/news/south-korea-woman-hair-stuck-in-robotic-vacuum-cleaner/




Trust isn't something that can
be given out piecemeal.

You either have it or you don't,




Prioritize the human benefits

Human Benefits Business Benefits
Experience Scale
Trust Efficiency

Resilience Intelligence

Info-Tech Research Group

47









A



https://www.youtube.com/watch?v=8pLZkbN9h_s

Chart Your Al Path

Start with a POC and decision design

Use-case prioritization and MVBC



Start with a POC to test the technology
and your organization’s readiness

Scope

Production
Full system

Full system for
a subset of the
audience

Simulate
the whole
system

Prototype

Days  Weeks Months Years Time

Isolated
exercise

Image: Valdas Blo


https://www.valdas.blog/2017/05/29/proof-of-concept-vs-prototype-vs-pilot/

Thoughtful POC considerations

« Decision design

« Work backwards

« Keep the human in the loop

« Machine vs. human: 80-20

« Don't leave decisions to data scientists and coders



When documenting ideas, don't strive
for perfection

Problem Statement

What #1 business opportunity do you wish to see realized with Al?
or What #1 risk will Al help you to alleviate? or What #1 annoying
pet peeve can you scratch with Al?

Current challenges What does amazing look like?

Related

Compliance Benefits and KPlIs
processes/Impact

Current process Applications & Data elements
& systems systems involved




Create an MVBC to improve speed to
value

Collaboration Platform Pilot ==
To spread a culture of

S collaboration across the
ITISA 277707 THAT : organization facilitated
o= DOES : by technology that
i y enables all employees to

work smarter, more
UNLIKE - efficcently, and create
better outcomes.
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Prioritize your use cases: 2x2 and vote

Benefit

High
A
L
Al
project 5
Effort
Al
project
3

Low

o

Al
project 1

®
Al
project 6
®

Al
project 7

*®

Al
project 2

—
Low

o

Al
project 4

ldea List:

E I e TN - I
L — v !
X B ! e ! . @9 e.
e CTe &0 0e e
Ce @ | 00 0T & oe?
8 | 2 | 5 1 4 | 3 10
_#




Chart Your Al Path

People



Assemble an integrated, cross-functional,
business-led team to explore possibilities

« Business Sponsor(s) « Tech Team:
o E.g. Data Owners o Enterprise Architect

« Executive Sponsor Director/VP of Applications

; Data Scientist/Data Analyst
* Project Lead Bl/Analytics Developer
 Data Stewards

DWH Architect
Data Integration Lead
 External Partners

Senior BA

O O O O O O






And to avoid
“Shadow Al” "
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Engage Apps to deploy POC in production
Real Time Predictions

Model

Data
&

Predictions

~ |




Product owners are your secret weapon

‘ »

. .

“The first follower is
transforms a lone nut
into a leader.”

v

‘New followers
emulate the followers
-- not the leader.”

— Derek Sivers
“First Follower: Leadership
Lessons from a Dancing Guy”

~

> »l o) 0:22/257


https://sivers.org/ff

No data scientist? No problem! You can
still get your feet wet with Al.

« |Leverage an Al vendor
o Collaborate on a series of projects. to build-internal capabilities

« Crowdsource

« Host a Kaggle competition

« Host a hackathon

 Leverage REIl process and host af-=industry day”



Al Technologies Landscape
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ENTERPRISE INTELLIGENCE

shivonzilis.com/MACHINEINTELLIGENCE - Bloomberg BETA

VISUAL - AUDID SENSOR 1 INTERNAL DATA MARKET
) orbital Insight | planet @Grhbpm TolklQ PREDIX C'SlOT 4 PRMER & [FWATSON 22 mattermark Quid
O:ﬁ A:”"m‘ Mﬂ’ Swillo /9 Sentenai @ PLANET 08 = Oycorp  QPalantir ARIMO™ ¥ Datafox & PREMISE
‘ APIC Obpectlabs | or e Pmmn SRESH | S<Alstion Osapho Outlier |  Botfienose 5 <5 nsGHTS
SPACE_KNOW  Chorcy EbClover ) Motvol € thingworx @KONUX Allvim enigma @Tracxn predata
“rnetra  deepomatic QUAOUSAI 1 o @ Dgtai Reasoning gma QO p
ENTERPRISE FUNCTIONS
CUSTOMER SUPPORT SALES MARKETING SECURITY RECRUITING
DigitalGenius Kasisto = collectiveli]l dsense  minTiGo “Lattice RAC! .5 Woviance WoARRAE | (Otextio enielo
LELOQUENT Wiséio fuse|machines A Litigniter AP A MOTIVA T ZIMPERIUM W:':; .w;wm hitJ
ACTIONIG Wlzendesk | salesforce INSIDE clafj | ¥ brtumset Qmaga () retention J-graphistry ::::.m unitive @ SpringRole
o+ Proact @ CLARABRIDGE © zamaight PERSADO () cosNicon SignatSense A AppZen | 'GIGSTER #‘U%
AUTONOMOUS SYSTEMS AGENTS
GROUND NAVIGATION AERIAL INDUSTRIAL PERSONAL PROFESSIONAL
drive o1 © Adosworks SKYDIO .- SHIELD Al JAYBRIDGE OSARO amazonlexa D butter ai e',ogo SKIPFLAG
ZOOX mosneve | Airyare clpp BELiLY | @cLeareatH o fetch © Cortana Allo
O UBER A Googh Trasca _ (7 roneDeploy KINDED ® facebook 44 Qclara [x]x.al ﬂ#;d
@nvmromy  AumRobotis | piloPai /. SKYCATCH (1] HARvEST Sii®  Repika | talla® ZoomiY gydo
INDUSTRIES
AGRICULTURE EDUCATION —— INVESTMENT LEGAL LOGISTICS
BLUE@RIVER Mavrz L/ KNEWTON ¥ volley Bloomberg ¢} sentient blue. | ' BEAGLE 98 NnauTo Acer@
tule JOTRACE (Pt + gradescope SENTIUM KENSHC | @Everlaw RAVEL | ) ereteckT [pm]
BIerrAvion  ACEI-DATA WCTI coursera 4+ alphasense ®IDataminr @seol R@®SS %% Routific ﬁ
$pz e Ol Uvoacrry [cnoor G Quandl LEGAL R030T MARBLE PITSTOP
—— INDUSTRIES CONT'D —— It
MATERIALS — RETAIL FINANCE ——  "A1iEn] IMAGE BIOLOGICAL
zymergen &Citrine {ITALA @m PNSE WaCoreSkore | ugaunemy (J3scan iCarbonX color GRAIL
) Eigen Innovations Lendo cornedt 7 zErnya @m S ArTirys @enlitic | deepgenomics ) RECURSION
o'?mu.‘:‘;,m Affirm  ABMRADOR OnclIm asgn'rman ¥ BAYLABS 9‘"“9“’ © ot
CALCULARIO S wealthfront #7 Betrerment A\ Atomwise 1o © Google DeepMind L Atomwise oy @Y NSLE

—— TECHNOLOGY STACK ——

AGENT ENABLERS

©OCTANE.AI howdy. MaluubA < < KITT Al

@ OpenAl Gym  Kasisto nUTomnT
“\' semantic

DATA SCIENCE
{IoomNO 7 SPARKEEYOND G rapidminer
kaggle Datarionot Yhat AYASDI
Qdataiku seldon yseop big@)

MACHINE LEARNING
> CognitiveScale @ GoogleML “m.m‘?ct.levam
-m;enmce < sparkcognition loocp @ SEMITE
deepserseio reactive »skymind ™ bonsai

NATURAL LANGUAGE
Qlogolo ®AYLIEN LexatyTics
Narrative g (@ spaCy @LUMNOSO
Science Scoticilic. @ etkatsnn

DEVELOPMENT
[1SIGOPT HyperOpt fuzzy® pkite
Orainforest @lobe  # Anodot

Signifai LAYERE* “™ bonsai

DATA CAPTURE
¢ CrowdFlower % diffbot Crowda! import
#®Paxata DATASFT amazonmechanicalturk €NIgMA
@WorkFusion [DATALOGUE] {0 TRIFACTA (@ parsehub

OPEN SOURCE LIBRARIES
Keras Chainer CNTK

H20 DEEPLEARNING4)
DSSTNE Scikit-learn
MX et DMTK

® TensorFlow
*I'torch
A AzureML [f]neon
PaddlePaddle WEKA

t+h 1870
tNneant

HARDWARE

"/ KNUPATH W@ TENSTORRENT & Cirrascale

emm“ ,\u;:_,»v«'nervana Muvtchm“

tensilica GoogleTPU (5110 Labs [[& ualcomm
Cerebras Isosemi

RESEARCH -

Openfll @ = ELEMENT

KNOGGIN A\Numentz "KnmeraSystems QCOUQOI

Image:

ShivonZilis.com


http://www.shivonzilis.com/machineintelligence

BIG DATA & Al LANDSCAPE 2018

INFRASTRUCTURE ANALYTICS APPLICATIONS - ENTERPRISE
HADOOP ON-PREMISE HADOOP IN THE CLOUD —————— STREAMING / IN-MEMORY ———— - - —]
DOOP M H ‘ R ING / IN-MEM: DATA ANALYST PLATFORMS DATA SCIENCE PLATFORMS MARKETING - B2B MARKETING - B2C CUSTOMER SERVICE
cloudera M aWs  Microsoft Azure AWS  gdatabricks strim B2 Microsoft ‘@ penteho  alteryx YT data e eprus | RADIUS  Aop Awis Ze'a @ bloomreach M SendGrid @ MEDALLIA zendesk
~— ~ S ; :
B ﬁ"""s"““' e - ——gom,. QUAVUS AYASDI N iku SIDESALESCO [peversaine ) oapiee | BlueYonder [persaDo) (RIS G:c<u“:::fi.
U Insights - l XDOMING insight’ ATA
IEM InfoSphere racasors [Moole € altiscale dataArtisans 13 hazelcast ATTIV/O Datameer Quid Icorta | =/ @rapidmlnef @ conversica [l | [B]nco Soense (=] S o DigitalGenius ~ afiniti
Te DATA. ole - h .
A TERRACOTTA EEEEE | | interjana. Cleartloy Origorni . CONTINUUM' g atcomirhmia clarl Aavso tactal | .4 tubular Yot patie | @ oo 22 e Amplero. | o romoT Kfameal A
leuedata Jethro SASENS 4. Wallaroousss ENDOR MHoDE  Bodiisnsse § 7 AWAT SS& fuse/machices [racors | =ncacio ini M@ | & amperity [XINEE) ®@ Simon Jz}ﬂa @mega [ mrencem CakOesk
HUMAN CAPITAL LEGAL FINANCE ENTERPRISE BACK OFFICE | SECURITY
HoSOL DATARASES - RSB ] O | o ut [T VISUALIZATION ————— MACHINE LEARNING —— | i3 ongefp | RAVEL | oo | PRODUCTIVIIY | AUTOMATION | @Tanmm i CYLANCE @zscaler
O Coopaciow 25, | § g ¢ Oreod | vermen | 28 Evicoolt  aws | 4 tableas  ETY A 0@ -2 3 slack LIO0h | Smadenn; Eiueslo L2500z @t
ORACLE 1 e Pivotal Amazon Neptune P ~— =) hil) &) ewsree ' F w ANOMALI @ &
l-.\v:v:‘.nohﬁ-.mP ¥ o e : 1M ota © Google Cloud - R o a6 ol g 0ms © Google Cloud Hoo _,P" JUDICATA . DARK TS X B CoiMes g ECTRA
I i ftextic IO Ganrsin Sift
®mongon 'Mll“tllvg.u' MAErsal O influxiot oRACLE | menon Microoit Azare lo?')ker [ p— k@ @z & vataRobot e fEl. = D?ll’l:lol %siftscience
EEEEEREES onasTAX: > @  vours | b m Kpgnitio | Pivotal ATSCALE L ELEMENT Buisiettiods stella ¢ o iy Wsenas e Yam
" e & A-:unnm Wsemation %2 stn ~ m U VERSIVE . s R pymetrics <4 BheTakn EIQ,?;';" feedzai .~
s nongoos @) Couchbase | (@ citusdata splice | awmsen | Exasol | 3% G o L o piotiy VISENZE ReSS ol Kassto ; il YT & :
redislobs SCYLLA. feparadigmt Tfie: (KD PR S ¢ aremio Micrastratogy FOITSt | CHARTIO Flovcus roco $owse  Dbonsai mya @ casetext butte @WorkFusion 3 sperk G et
APPLICATIONS - INDUSTRY
I COMPUTER VISION HORIZONTAL Al —————— SPEECH & NLP
DATA — -] DATAINTEGRATION ——— DATAGOVERNANCE 4 MGMT/MONITORING TR : G Ao S ADVERTISING EDUCATION 7 GOVERNMENT— REALESTATE 7 FINANCE- — FINANCE - LENDING INSURANCE
TRANSFORMATION SAPDMaSevicos (B Wormitcs aws O NewRelic actifio | | Microsoft Azure @ watson Cortana EERE N . @ ik ©oPENGOV REDFIN INVESTING | ondeck ffirm
stalend ‘@) pentaho | MM ;-vuuum O whiik ) APPOYNAMICS - @ serent ) Voager.. its Ad Fxsewron | markd3 Opendoor | KENSHC | samis oianpu.al fomonadl
® snaploglc iome: &2 pedum 2 1 WAVEFRONT 1) Affectiva " @ .. T a—— o:l?AgLva 0=zl | Ciover S S VTS | Boomonar (Kreditech AVANT
alteryx @ rieacra | % Segment ? i odyratrace R ncn  CABH 3 ipesle e PRIMER MOAT “Openx razeams | @eclara ® . : A svocsas Lhrun @emance AUpstart | CYEN
alooma J,, ZALSN! splunk- SignalFx @ druua Vi e Hevumenta /reroum ] ;"“;"“M“ X . me KidaptiVé! H:’"“"‘“ — INSIKT § worose 100Cradit | sur
Stitch Import.io 5 Moogecer Q) urvanel ® ‘CW NOMIogiss ~WRIBAL 05 A x O gnips -Yd‘m;xu - i éc"uﬂs‘u: G @ "“‘é":::::‘ } v
Infoworks & ATTUNITY pageruty  Numerlty s s twantybn fowe [vsion] - @ b P e STREETLCHTDNA c;pe L g )
Gppier o v = o A aties  Qire
STORAGE | CLUSTERSVCS — APPDEV - CROWD HARDWARE GPu DBs — [ SEARCH LOGANALYIICS - SOCIAL ANALYTICS =) WEB/MOBLE/ HEALTHCARE —————————— LIFE SCIENCES TRANSPORTATION —] AGRICULTURE | COMMERCE -1 INDUSTRIAL —
aws SOURCING GoogleTPU rm | Kinsitico & omsce | splunk> GHootsuite: .-, | COMMERCEANALYTICS T . lor e | UBER TESLA | (Zeammens | #lmstocort | AVEVA SIEMENS
st Rl one | NV datoseach WS | gsumologic | nzTaASE Al Google Anaiytics Py flaticon Clover kTRUUS Heotriog® | Moo i| @ @ . | STITCH FIX PREDIX
----- = RAPHO Maso Aexaen COVEO | v ; o Beiivikins o Benevalenta) VORI | (57 \GCLEARPATH D ko GyloT UPTAKE
upwork - MyYTHIC| J2TERY A Lucdwons ATTIVIO | L@GGLY $ vnibeclo uﬁ. En.l)_tponel Faoumos fnunson Gingerio Giow @bayon WuXiNextcODE ZEPHYR . drivear E:n:: * il 03 ®
3PP | SHrwioin - st O switype  Baiglia ereach sumal 5 aatie | | 30Med Faebra @ 2 O @omom | (1o M | pemever | ol | G
scale | Movidius™e _ @BLAZINGDB i aphasemse panna | HDGAG bitly predata [ RESCl @sicort TEMPUS sescrslcme @AICUre . Ceorlets | 5 prora EXTEY OTHER
HIVE WAVE  taee | bt peseom | | omnitus sincoun % logzio SimilarWeb @) granify custora @revmen pognos @enthe ) ,;:T:L gypriiys ®moovit | FarmlLogs | wenarmony stem ).
i o] it P L et |
< - Quentus Wesie: Mo @ e | CITRINES t & =) cm::x::r R ()“T Wm
0 e cuons s v I PaGE BN |, e o A netradyne ® , U vt @ s i
~ o 2
AWS A Google Cloud 5= Microsoft lsap it Howenmacrs §SAS 1OTODATA vmware TIBCO [evonin ORACLE Mllnotapy § syncsott cloudera | T 1 Blancuaccer Wi T Bhowon Mty i | Qprospero | <remesh ASAPP
OPEN SOURCE
FRAMEWORK —————  QUERY /DATAFLOW — DATAACCESS ——————  COORDINATION - STREAMING ——— STATTOOLS 7  Al/ MACHINE LEARNING / DEEP LEARNING ————  SEARCH — LOGGING& ———  VISUALIZATION 1  COLLABORATION -  SECURITY —
P MONITORING 2
Spak’ SQL % _/_,g,?’ (@ nifi .mongo )l stalend spaﬁ @ ¥ Tensorfiow  theano - mlﬂl- .‘,, - - — é Apache Ranger
! " hpche i elasticsearch kib BeakerX Jupyter ‘ i '
casiandra s ®R Caffe BMcoct @ A ™~ wm=n | KNOX
aor | B | B e | W, @ | | (0BT R SOl | pmmmn 4 igsesn | Fodeo| :
YARN "SLAMDATA +Sci Apache @ SINGA s logstas| ¢ :
@ran " Tih = e | @20 forone o | R ross N BN e Don | s
@ vesos [Gecge Cloua arallov TN i orermon QN Gl [SEE neon™ DIMSUM Mucens O rometneas ANACONDA
QCORP % @ oraswem  BCCUTILLO xmmm 25> storm m m - #2 manout  Acrosolve e
DATA SOURCES & APIs DATA RESOURCES
HEALTH FINANCIAL & ECONOMIC DATA AIR / SPACE / SEA PEOPLE / ENTITIES LOCATION INTELLIGENCE OTHER DATA SERVICES INCUBATORS & SCHOOLS RESEARCH
.’ Y ovatioic @ 6€ Digita Bloomberg  riowsonseures [ | oow sowes | O v (sonet A | cxiem  siperion | FOURSQUARE O i QOpdlantic @ 9. @ sbanze M-
= AREaaTicE : ¢ W EATA GOV OFERA 5 [ siumacsians SetveRl=t | gpenAx MIRI
- e Y . Sianita Quandl | TrAlwere 5 von concanso NI i vesoon | g QPERA %, MIRI
{o Practicefusios S thingworx | TP ERpmaLiy  ERCBrecu:  Xignite ASPITe kesprys® #insideView o ¥
“ T T— 3 itz Poced @esri % fectual e B eaancions Postacamp M4 Datatite
e £7 s A eliur semsaro ENVESTHET EAN Pmcwrie - 3
#fitbit garmIf @ helivm ' SN "I PREMISE (Hestimize oo / » s Cuantiadi fractob k230l
o W ~ | WINOWARD'  temusto= | [ BASIS BN Awopiry £ | 07 CRUX " oataking | INSIGHT, &2 thebua vasbuer o
Okinsa | L | AR Stockois. @ ET ©2MNESE | () ponuconc, (NN Gsamanart | @ cuebi X Ten mmoncs
Final 2018 version, updated 07/15/2018 © Matt Turck (@mattturck), Demi Obayomi (@demi_obayomi), & FirstMark (@firstmarkcap) mattturck.com/bigdata2018 ﬁl Bt §LT rM A R K




AWS Machine Learning Services Stack

Vision Speech Language Chatbots Forecasting Recommendations
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Pre-built algorithms & notebooks
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When working with
vendors, ask:

« Hasthistechnology solved a similar problems?
« Isanyone using it?

«  Will this technology fit in my technology
environment?

« Can asingle technology platform solve my
problem end to end?

e Can | build a flexible, scalable solution that is
responsive and adaptive to change?
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Putting it together

RS -+ [ -+ I -+ I -+ I =
S -+ [ -+ N -+ N -+ . =
RS -+ I -+ N -+ S + I =
R -+ [ -+ I -+ S -+ I =
R -+ N -+ S -+ I -+ I =
R -+ [ -+~ I+ ) -+ I =

Change
Confusion
Anxiety

Resistance

Frustration

False Starts

Stephanie Blackburn Freeth



Key takeaways

« Al=AN| =ML t's... ¥Y)agic! No, it's mathematics.
« Data-enabled, automated, adaptive decision support

« Avoid cold start

« Contextualize

« “Love people,” MVBC

. POC
. MVBC
. Team

« Getyour organization ready



Thank you!

and for more information please contact:
Andy Neill

aneill@infotech.com
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Best-Practice
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Manage and Improve

Core IT Processes

Faster & More Effectively Complete Your

Technology Projects

Train & Develop Your

IT Leadership Team

Build a Data-Driven

IT Strategy
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