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* Three Railroads Operate in Shared Corridor

SHARED * Owner Railroad is a Freight Railroad — Five
CORRIDOR Trains per Day

EXAMPLE

* Passenger Railroad — Six Trains per Day
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CONDITIONAL

P RO B A B I L I TY pIEVA ] Topic | Topic2 Topic3 Topic4 Topic5 Topicé Topic7 Topic8 Topic9 10
ESTIMATES OF 265 206 ok s34 om  om o oo oss o7
T R A I N D E L AYS -2.15 -1.62 -0.77 0.52 -0.44 -1.25 0.38 0.19 -0.26 -0.48
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CONCLUSIONS
AND FUTURE
RESEARCH
DIRECTIONS

Maintenance log LDA text mining can yield
meaningful insights into service delays

Conditional probability estimates derived from
text mining can be used to better inform capital
track maintenance scheduling decisions and timing
to minimize service delays

Understanding differing risk appetites for freight vs
passenger service delays can assist in coordinating
capital track maintenance

There are significant data cleaning challenges to
develop appropriate topic categories but once
SME input has been captured, then topics can be
used in automated analytics

Next steps are integrating these tools into
dashboard visualizations that can be utilized in the
planning and scheduling processes for owner and
tenant railroads



