
FEBRUARY 2018

Junior Faculty Interest Group

Please send your comments and feedback to the JFIG media coordinator:

Chrysafis Vogiatzis
Industrial and Systems Engineering
North Carolina A&T State University
B cvogiatzis@ncat.edu

Contents

President’s Column 2

President Elect’s Column 3

Paper Competition 2017 3
First Place: Optimal Signaling Mechanisms in Unobservable Queues . . . . . . . . . . . . . . . . . . 4
Second Place: Optimization of Tree Ensembles . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 5
Third Place: Joint Pricing and Inventory Management with Strategic Customers . . . . . . . . . . . 6
Honorable Mention: Ambiguous Risk Constraints with Moment and Unimodality Information . . . . 7
Honorable Mention: Posterior Sampling for Markov Decision Processes: Worst-Case Regret Bounds . 8

Officer Positions Available 9

Survey 9

Sponsors 10

The JFIG Leadership Team 11

Junior Faculty Interest Group
Page 1

mailto:cvogiatzis@ncat.edu


President’s Column

by J.L. WALTEROS

josewalt@buffalo.edu

State University of New York at Buffalo

Dear members,

It is with great pleasure and excitement that the
Junior Faculty Interest Group (JFIG) announces the
first edition of the JFIG annual newsletter. This pub-
lication is viewed by many of us as a much-needed
outlet to increase the reach and visibility of our
group across INFORMS. The main purpose of these
publications will be to showcase the different activi-
ties organized by the group and highlight the many
achievements of its members.

JFIG was created in 2001 in an effort to promote
the career development of tenure-track faculty in IN-
FORMS. JFIG has the concrete mission of establish-
ing a forum that supports the interaction between
its members, promoting opportunities for network-
ing and collaborative research.

Over the last decade, JFIG has seen a steady in-
crease in its membership, as well as in the number
of activities organized. Naturally, the idea of creating
this newsletter has been in the mix for a few years
to serve as a tool to further consolidate and promote
our support group. Many thanks to the JFIG Media
Coordinator Chrysafis Vogiatzis, and other members
of the board for leading this fantastic endeavor and
making this newsletter a reality!

Since its inception, JFIG has been responsible for
organizing several activities, including an annual pa-
per competition, a selection of career development
panel sessions, and a member luncheon, all tradi-
tionally held during the INFORMS annual meetings.
This first edition of the newsletter is only one of the
new set of activities that will be sponsored by JFIG
starting this year. We are delighted for the exciting
events that 2018 will bring.

2017 Activities: In 2017, JFIG sponsored the an-
nual paper competition, which we discuss in detail
below. I would like to thank Marina Epelman and
Joseph Geunes for graciously accepting our invita-
tion to chair the competition, as well as the referees
who helped us with the reviewing process.

In addition to the paper competition, JFIG spon-
sored the following four panel sessions held at the

Annual Meeting in Houston.

• Tips for Successful Publication from Journal
Editors

Panelists: Sheldon H. Jacobson, Maria E. May-
orga, Christopher S. Tang, and Alan Scheller-
Wolf.

• Tips for Writing CAREER Proposals

Panelists: Changhyun Kwon, Esra Büyüktah-
takın, and Alejandro Toriello

• Best Practices in Reviewing Papers

Panelists: Laurens Debo, Jennifer Ryan, Jay Si-
mon, and James R. Wilson.

• (co-sponsored) Strengthening the Profes-
sion Through Diversity, Inclusion and Eq-
uity: Best Practices and Distinguished Prac-
titioners (organized by the Diversity, Equity,
and Inclusion Committee)

Panelists: Michael P. Johnson, Deborah H. Ur-
banski, Jeffrey Lowe, Texas Southern Univer-
sity.

We would like to thank all the panelists and organiz-
ers for putting together these amazing sessions.

2017 JFIG officers and future transitions: The
current officer board of JFIG is listed below. New
officer elections will be held in March for the po-
sitions of Vice-president/President-elect, Treasurer,
and Secretary, as Canan, Ehsan, and myself reached
the end of our terms. We will be sending the nomi-
nation information in the following weeks, so please
stay tuned.
• Jose L. Walteros, President

• Anahita Khojandi, VP/President-Elect

• Canan Gunes Corlu, Treasurer

• Ehsan Salari, Secretary

• Chrysafis Vogiatzis, Media Coordinator
Please join me in thanking Canan and Ehsan for

their service over the last two years.
I would also like to thank the board and other

JFIG members for the great experiences I had as a
JFIG officer, and to congratulate Anahita who will
take over as the new president. I wish her and
Chrysafis the best of luck with the new endeavors
of the group.
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President Elect’s Column

by A. KHOJANDI

khojandi@utk.edu

University of Tennessee, Knoxville

It is my pleasure to serve as the incoming JFIG
president. I hope we can have another successful
year at JFIG and continue to help you advance your
careers. Every year, JFIG plans an array of events
and activities during the INFORMS Annual Meeting,
including organizing sessions, holding a paper com-
petition, and hosting a luncheon. Based on your in-
formal feedback and attendance, we believe we are
on the right track and hence, we plan to continue
holding these events and activities in the upcoming
Annual Meeting. However, we hope to expand these
activities and we need your input to guide our ef-
forts. We plan to send out a survey in February to
seek out your interests and suggestions about new
session themes and possibly adding a new award
category. Please look out for the survey and give
us your feedback. Once you fill out the survey, you
will be entered to win one of five free admissions to
the JFIG luncheon in the 2018 Annual Meeting, so
please stay tuned!

Paper Competition 2017

by JFIG LEADERSHIP TEAM

The paper competition is organized by JFIG with
the goal of promoting and encouraging research
among junior faculty. The competition serves to in-
crease the visibility of research conducted by ju-
nior faculty and the graduate students working with
them within the fields of operations research and
management science.

This year, we received 40 manuscripts that met
all of our requirements. The papers were then eval-
uated based on the importance of the topic, appro-
priateness of the research approach, and the signif-
icance of research contribution. The review process
was overseen by two competition co-chairs:

• Marina Epelman, University of Michigan

• Joseph Geunes, University of Arkansas

From left to right: Chrysafis Vogiatzis (Media Coor-
dinator), Anahita Khojandi (Vice President/President-
Elect), Marina Epelman (Paper Competition Co-
Chair), Ehsan Salari (Secretary), Jose L. Walteros
(President).

We are thankful to them for their service and
help. This competition would be impossible were it
not for their efforts.

We would also like to thank the 24 reviewers
from a variety of areas who volunteered their time
to evaluate the submissions.

Aydin Alptekinoglu Lihui Bai
Doug Bish Sergiy Butenko
Constantine Caramanis Xin Chen
Leon Chu Stanko Dimitrov
Burak Eksioglu Vivek Farias
Xiuli He Dan Iancu
Burcu Keskin Pavlo Krokhmal
George Lan Andrea Lodi
Hari Natarajan Anand Paul
JP Richard Christopher Ryan
Nicoleta Serban Effie Stavrulaki
Peng Sun Halit Uster

The papers submitted this year focused on top-
ics that spanned theory, application, and algorithms.
The areas of the contributions included Bayesian op-
timization, public health analysis, machine learning,
discrete nonlinear optimization, among many oth-
ers. Without further ado, let us get to the winners.
Congratulations to everyone!
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First Place: Optimal Signaling Mechanisms in
Unobservable Queues

by DAVID LINGENBRINK

and KRISHNAMURTHY IYER

kriyer@cornell.edu

Cornell University

From left to right: Krishnamurthy Iyer, Marina Epel-
man, and David Lingenbrink.

In many services systems, where resources to
serve users are often costly and limited, the user ex-
perience often depends on the system state, namely
the resource availability, wait times, the level of con-
gestion, etc. As an example, in a ride-hailing ser-
vice, the availability of drivers in a ride-requester’s
neighborhood directly influences the time until the
requester begins her ride, thereby affecting her util-
ity. However, as compared to the service providers,
the users of such services typically have far less in-
formation about the system state. In a ride-hailing
service, the platform has access to the number of
drivers and their location around a ride-requester’s
neighborhood, whereas the requester a priori does
not, unless informed by the platform. Without the
current state information, a user may choose to ob-
tain service when the system is in a poor state, and
experience a low quality of service.

In order to minimize such occurrences, one com-
mon approach is to price the service based on the
current system state. However, in some settings,
practical considerations may render such state- de-
pendent pricing infeasible or undesirable. This may
be because there is no explicit price for the service
being offered, or in other cases, the variability of

prices may itself act as a source of user dissatisfac-
tion.

When state-dependent pricing is infeasible or un-
desirable, a service provider may instead choose to
share information about the system state directly to
the users to help them decide whether or not to
avail service. For example, a ride-hailing service may
choose to provide information about wait-times to
help ride-requesters decide whether to hail rides. A
natural question that arises then is how to effectively
share information with users to reliably ensure they
are satisfied with the service quality, while achieving
revenue or profit goals.

We study this problem of information sharing in
the context of a service system offering service at a
fixed price. Customers arriving at the system must
decide whether to leave without obtaining service,
or to possibly join a queue to obtain service. The
queue length is observable to the service provider,
but unobservable to the customers. Each customer
is strategic and incurs a cost of waiting until ser-
vice completion. Furthermore, the customers are
Bayesian and incorporate any information shared by
the service provider into their beliefs prior to making
their decision. We consider a service provider inter-
ested in maximizing her expected revenue. We pose
the following question in this setting: how should
the service provider share information about the
queue to incentivize participation, and maximize the
expected revenue in the resulting customer equilib-
rium?

A central assumption in our model is that the ser-
vice provider can commit to an information sharing
mechanism. By committing to a prespecified mecha-
nism, the service provider can credibly convey infor-
mation about the system state. Note that between
the two extremes of full information and no infor-
mation, there exists a multitude of signaling mech-
anisms where the service provider sends a signal
correlated with queue length. Each such choice of
the signaling mechanism leads to the customers re-
sponding according to an equilibrium, and one must
identify their equilibrium strategies in order to de-
termine the resulting expected revenue. This task
further exacerbates the complexity of identifying the
optimal signaling mechanism.

The main contribution of our work is the rig-
orous formulation of the service providers’ decision
problem, and identifying the structure of the optimal
signaling mechanism. In particular, we show that
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the service provider’s decision problem can be for-
mulated as an infinite linear program, whose vari-
ables correspond to the steady-state distribution of
the queue under a feasible signaling mechanism. By
analyzing the linear program, we show that for any
given fixed-price, there exists an optimal signaling
mechanism that uses binary signals and has a thresh-
old structure. For the special case of linear waiting
costs, we obtain analytical expressions for the op-
timal threshold. This structure establishes that the
optimal amount of information sharing requires the
service provider to strategically provide ambiguous
information about the queue, where the same sig-
nal is provided over a range of values of the queue
length.

Our work paves the way to study information
sharing in other dynamic models in operations, and
the methodology we develop can be used to charac-
terize optimal information sharing schemes in such
settings.

(The paper is available at https://
papers.ssrn.com/sol3/papers.cfm?abstract_
id=2964093)

Second Place: Optimization of Tree Ensem-
bles

by VELIBOR MIŠIĆ

velibor.misic@anderson.ucla.edu

University of California at Los Angeles

From left to right: Velibor Mišíc and Marina Epelman.

A decision tree is a form of predictive model used
for predicting a dependent variable y using a collec-
tion of independent variables. To make a prediction,

we start at the root of the tree, and check a query
(e.g., “Is X3 ≤ 5.6?”) at the root of the tree; de-
pending on the answer to the query (true/false) we
proceed to another node. We then check the new
node’s query; the process continues until we reach
a leaf node, where the tree outputs a prediction. A
generalization of this type of model, called a tree
ensemble model, involves making this type of pre-
diction from each of a collection of trees, weighting
each prediction by the corresponding tree’s weight
and summing the weighted predictions. Popular ex-
amples of tree ensemble methods include random
forests and boosted trees. Decision trees and tree
ensemble methods like random forests are powerful
because of their flexibility to learn different types of
relationships, and have gained wide popularity for
numerous applications arising in computational bi-
ology, chemistry, economics and operations manage-
ment.

In many applications of tree ensemble methods
and predictive modeling in general, the independent
variables that are used for prediction are exogenous
and beyond our control as the decision maker. For
example, one might build a random forest model to
predict whether a patient is at risk of developing a
disease based on the patient’s age, blood pressure,
family history of the disease and so on; clearly, fea-
tures like age and family history are not amenable to
intervention. However, there are many other cases
where the independent variables in our predictive
model are, in fact, also decision variables. For exam-
ple, in pricing, we may build a model to predict de-
mand as a function of price decisions and then em-
bed the resulting model within an optimization for-
mulation to find the price that maximizes predicted
revenue.

In this paper, we study the problem of tree en-
semble optimization: given a tree ensemble that pre-
dicts some dependent variable using controllable in-
dependent variables, how should we set these vari-
ables so as to maximize the predicted value? We for-
mulate the problem as a mixed-integer optimization
problem. We theoretically examine the strength of
our formulation and provide a hierarchy of approx-
imate formulations with bounds on approximation
quality. We also exploit the structure of the prob-
lem to develop two solution methods for solving the
problem at scale: one based on Benders decompo-
sition, and one that generates constraints through a
tree traversal process that resembles how tree en-
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semble models are used to make prediction.
We test our methodology on real data sets, in-

cluding two case studies in drug design and cus-
tomized pricing. Our methodology can efficiently
solve large-scale instances to near or full optimal-
ity, and outperforms solutions obtained by heuris-
tic approaches. In our drug design case, we show
how our approach can identify compounds that ef-
ficiently trade-off predicted performance and nov-
elty with respect to existing, known compounds. In
our customized pricing case, we show how our ap-
proach can efficiently determine optimal store- level
prices under a random forest model that delivers ex-
cellent predictive accuracy. Given the prevalence of
tree models in predictive modeling, we believe that
the methodology presented here will become an im-
portant asset in the modern business analytics tool-
box, and is an exciting starting point for future re-
search at the intersection of optimization and ma-
chine learning.

Third Place: Joint Pricing and Inventory
Management with Strategic Customers

by YIWEI CHEN

yiwei_chen@sutd.edu.sg

Singapore University of Technology and Design

and CONG SHI

shicong@umich.edu

University of Michigan

From left to right: Yiwei Chen, Cong Shi, and Marina
Epelman.

We consider a model wherein the seller sells a
single divisible product to customers over an infi-
nite horizon. At each time, the seller decides a set
of purchase options offered to customers and the in-
ventory replenishment quantity. Each purchase op-

tion specifies the price and the product delivery
time. Customer arrival process is deterministic. Cus-
tomers are endowed with heterogeneous product
valuations. A customer’s arrival time and product
valuation are his private information. Customers are
forward-looking, i.e., they strategize their purchas-
ing times. A customer incurs delay disutility from
postponing to make the purchasing decision and
waiting for the product delivery. A customer’s delay
disutility rate is perfectly and positively correlated
with his valuation. The seller has zero replenishment
lead time. The seller incurs fixed ordering cost and
inventory holding cost. The seller seeks a joint pric-
ing, delivery, and inventory policy that maximizes
her long-run average expected profit.

We propose a simple policy that is proven to be
optimal. This policy is cyclic, i.e., the seller repeats
the same decisions over cycles with the equal cycle
length. The seller makes inventory replenishment at
the beginning of each cycle with the constant order-
up-to level. Each cycle consists of three phases. In
the first phase, the seller offers a single purchase op-
tion with an instantaneous product delivery. In the
second phase, the seller offers two purchase options,
wherein one purchase option consists of a higher
price and an instantaneous product delivery and the
other purchase option consists of a lower price and
a delayed product delivery. In the third phase, the
seller offers a single purchase option with a delayed
product delivery. Under this optimal policy, the dom-
inant equilibrium is that every customer makes his
purchasing decision at his arrival time.

We use the following approach to prove the opti-
mality of our proposed policy. First, we reformulate
the seller’s joint pricing and inventory management
problem as a special class of dynamic mechanism
design problem. We show that the optimal value
of our dynamic mechanism design problem serves
as an upper bound of the seller’s optimal profit in
the joint pricing and inventory management prob-
lem. Second, we obtain a closed-form upper bound
of the dynamic mechanism design problem. Third,
we leverage the structural properties of this closed-
form upper bound to propose the aforementioned
joint pricing and inventory policy, and we show that
the seller’s profit under our proposed policy achieves
the closed-form upper bound. Fourth, we also ex-
tend our model and results to the stochastic setting
with Poisson arrival processes.
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Honorable Mention: Ambiguous Risk Con-
straints with Moment and Unimodality Infor-
mation

by BOWEN LI
and RUIWEI JIANG

ruiwei@umich.edu
and JOHANNA MATHIEU

jlmath@umich.edu

University of Michigan

From left to right: Ruiwei Jiang and Marina Epelman.

In an uncertain environment, one often has to
make decisions before observing the realization of
uncertain parameters (denoted as a random vec-
tor ξ). Chance constraints [3] are a convenient ap-
proach for managing risk. In chance constrained op-
timization, constraints with uncertainty are guar-
anteed to be satisfied with at least a pre-specified
probability (e.g., 90% or 95%). As an alternative,
the conditional Value-at-Risk (CVaR) [5] can be em-
ployed if the decision maker also wants to restrict
the violation magnitude. When solving optimization
problems with either of these two risk constraints,
a basic challenge is to obtain complete information
of the probability distribution Pξ. However, in prac-
tice, we may only have structural knowledge of Pξ
(e.g., symmetry, unimodality, etc.) and/or historical
data of ξ. As a result, the estimated Pξ might not
be accurate and the solutions we obtain from solv-
ing risk-constrained problems can be biased and per-
form poorly in out-of-sample tests. To mitigate this
issue, we employ a set of plausible probability distri-
butions, termed the ambiguity set Dξ, rather than a
single estimate of Pξ. In this work, we assume that
Dξ consists of all distributions that match the given
first two moments of ξ and are unimodal (specifi-
cally, α-unimodal [1], where α models the degree of
unimodality). Then, we require the risk constraints

(chance or CVaR constraints) to be satisfied for all
probability distributions in Dξ.

In this paper, we first derive equivalent refor-
mulations of both chance and CVaR constraints un-
der Dξ. Both reformulations incorporate an infinite
number of second-order cone (SOC) constraints. For
the numerical implementation of both constraints,
we use the separation approach [4] and derive effi-
cient ways to either find violated SOC constraints
by a given incumbent solution, or decide no vio-
lations and claim optimality. In particular, for both
risk constraints, each iteration of the separation ap-
proach is accomplished by a line search. In addition,
we derive conservative and relaxed approximations
of both risk constraints that are asymptotically tight
and based on SOC constraints and semidefinite pro-
grams (SDPs), respectively.

To evaluate the theoretical results, we conduct
case studies on risk-constrained optimal power flow
problems with wind uncertainty. We also compare
our SOC-based reformulation of the chance con-
straints with an SDP- based reformulation [2]. The
key observations are summarized as follows. First,
we find that including unimodality in chance con-
straints results in solutions that are less conservative
(i.e., leading to lower objective values) than those
obtained when we include unimodality in CVaR con-
straints. Both approaches are less conservative than
solutions obtained without the unimodality informa-
tion. Second, when the mode moves further from
the mean, the discrepancy between the solutions ob-
tained with and without unimodality gets larger. As
α increases, such discrepancy reduces and all three
objective values tend to converge, i.e., the impact
of unimodality weakens. Third, the conservative and
relaxed approximations of the chance and CVaR con-
straints provide high-quality bounds for the optimal
objective values. Finally, our approach exhibits bet-
ter scalability when the uncertainty dimension in-
creases than the approach of [2].
References
[1] S.W. Dharmadhikari and K. Joag-Dev. Unimodal-
ity, convexity, and applications. Academic Press,
1988.
[2] G.A. Hanasusanto. Decision Making under Un-
certainty: Robust and Data-Driven Approaches. PhD
thesis, Imperial College London, 2015.
[3] B. Miller and H. Wagner. Chance constrained
programming with joint constraints. Operations Re-
search, 13(6):930–945, 1965.
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[4] G.L. Nemhauser and L.A. Wolsey. Integer and
Combinatorial Optimization. John Wiley & Sons,
1999.
[5] R.T. Rockafellar and S. Uryasev. Optimization of
conditional Value-at-Risk. Journal of Risk, 2:21–42,
2000.

Honorable Mention: Posterior Sampling for
Markov Decision Processes: Worst-Case Regret
Bounds

by SHIPRA AGRAWAL

sa3305@columbia.edu

and RANDY JIA

Columbia University

From left to right: Shipra Agrawal and Marina Epel-
man.

Reinforcement Learning (RL) refers to the prob-
lem of learning and planning in sequential decision
making systems when the underlying system dynam-
ics are unknown. A typical model for the sequential
decision making problem is a Markov Decision Pro-
cess (MDP). A Markov decision process proceeds in
discrete time steps; at each time step, the system is
in some state s, and the decision maker may take
any available action a to obtain a (possibly stochas-
tic) reward. The system then transitions to the next
state according to a fixed state-transition distribu-
tion. The reward and the next state depend on the
current state s and the action a, but are indepen-
dent of all the previous states and actions. In the re-
inforcement learning problem, the underlying state-
transition distributions and/or reward distributions

are unknown, and need to be learned using the ob-
served rewards and state transitions, while aiming to
maximize the cumulative reward. This requires the
algorithm to manage the tradeoff between explo-
ration vs. exploitation, i.e., exploring different ac-
tions in different states in order to learn the model
more accurately vs. taking actions that currently
seem to be reward maximizing. In the recent years,
Bayesian posterior sampling, aka Thompson Sam-
pling [1] has emerged as a popular algorithm design
principle for managing the exploration-exploitation
tradeoff, due to its simple and extendible algorith-
mic structure, as well as an attractive empirical per-
formance [2, 3]. In this work, we propose a posterior
sampling based algorithm for reinforcement learn-
ing, with strong worst-case guarantees on its perfor-
mance in terms of regret.

Specifically, we consider the reinforcement
learning problem with finite states S and finite ac-
tions A. The regret of an RL algorithm is defined as
the difference between the total reward of the al-
gorithm and the total expected reward achieved by
a benchmark policy, over a time horizon T . In our
setting, a natural benchmark policy is the infinite-
horizon undiscounted average reward optimal policy
for the underlying MDP. For this benchmark policy
to be well defined, we make a further assumption
that the MDP is communicating with (unknown) fi-
nite diameter D. The diameter of an MDP is an up-
per bound on the expected number of steps to reach
a state s from another state s′, using an appropri-
ate policy for every pair s, s′. A finite diameter is
understood to be necessary for obtaining non-trivial
performance bounds for any algorithm in this setting
[4].

Our main contribution is a posterior sampling
based algorithm with a high probability worst-case
regret upper bound of 1

Õ
(
D
√
SAT +DS7/4A3/4T 1/4

)
,

which is Õ
(
D
√
SAT

)
, when T ≥ S5A. This re-

sult improves over the best previously known upper
bound of Õ

(
DS
√
AT

)
in this setting, and matches

the dependence on S in the established lower bound
of Ω

(√
DSAT

)
for this problem.

References
[1] William R Thompson. On the likelihood that one

1Here, the Õ-notation hides poly-logarithmic factors in T .
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unknown probability exceeds another in view of the
evidence of two samples. Biometrika, 25(3/4):285–
294, 1933.
[2] Olivier Chapelle and Lihong Li. An empirical
evaluation of Thompson sampling. In Advances in
neural information processing systems, pages 2249–
2257, 2011.
[3] Emilie Kaufmann, Nathaniel Korda, and Rémi

Munos. Thompson Sampling: An Optimal Finite
Time Analysis. In International Conference on Algo-
rithmic Learning Theory (ALT), 2012.
[4] Thomas Jaksch, Ronald Ortner, and Peter
Auer. Near-optimal regret bounds for reinforcement
learning. Journal of Machine Learning Research,
11(Apr):1563–1600, 2010.

Officer Positions Available

JFIG wants you! This is a call for officer nominations for JFIG with term positions effective April 1, 2018.
We have openings for the following positions:

• Vice President/President-Elect.

• Secretary (two year term).

• Treasurer (two year term).

If you know of a JFIG member who is interested for either of the above positions, please email us at
jfig.informs@gmail.com their name and email address. If you are interested in a position, then please ask
a JFIG member to nominate you, providing us with the same information.

After you are nominated, JFIG will reach out to you for a brief biographical note to be used during the
voting period. The deadline for nominations is February 28, 2018.

Survey

Help us serve you (and know you) better! Please stay tuned for a survey announcement in the next weeks.
We look forward to receiving your comments.
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Sponsors

We would like to thank our sponsors for their generous support and help. The activities of this group could
never take place without your sponsorship.

• Clemson University

• Georgia Institute of Technology

• State University of New York at Buffalo

• University of Michigan

• University of Tennessee at Knoxville

• Wichita State University

Thank you!

Would you like to sponsor us and help JFIG with our activities? If so, please contact our treasurer, Canan
Gunes Corlu at canan@bu.edu.
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The JFIG Leadership Team

INFORMS has been supporting junior faculty through JFIG since 2001. Our mission is to create a forum to
increase junior faculty interaction with each other, with senior faculty, and with industry, and to provide
opportunities for networking and collaborative research. Currently, our leadership team is as follows:

President: Jose Luis Walteros,
B josewalt@buffalo.edu

Vice President/President-Elect:
Anahita Khojandi, B khojandi@utk.edu

Treasurer: Canan Gunes Corlu,
B canan@bu.edu

Secretary: Ehsan Salari,
B ehsan.salari@wichita.edu

Media Coordinator: Chrysafis Vo-
giatzis, B cvogiatzis@ncat.edu
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