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Motivation
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Multi-well plate experiments are fundamental to modern biochemistry,
pharmacology, and molecular biology

They enabling high-throughput screening and systematic investigation of
multiple experimental interventions

Challenge: Spatial Bias
Measurements are often systematically affected by spatial bias across the
plate

Potential sources

* Evaporation

* Cell or reagent degradation

* Pipette malfunctioning

* Variation in incubation time

* Temporal drift during measurement

* Thermal gradients (incubation or readout)

» Lighting or optical non-uniformity in plate readers

How Bias Manifests
* Over- or under-estimation of true signals
* Characteristic patterns:

* Bowl-shaped distortions

* Linear gradients

Consequence
* Increased false positive and false negative rates
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Most screening technologies are prone to spatial bias BATH

Mazoure at al. 2017

—— Assay-specific bias Setting
@ oo High-throughput » 12 experimental assays from the
s screening ChemBank
g o0% + All wells same experiment
% 50%1 » Compare each well location with the
2 400 remaining plate
S - High-content Small-molecule . R it 9p i fwells sianifi "
S 30%] screening microarrays .epo proportion of wells significantly
B different
8_ 20% 1
£ 100
a 10%) Results
0% » All screening technologies are prone to
o o & @ c,°°° & & K & M spatial bias
(\ . ' . .
& ,\.\\Q\Q‘Q_@«“ ‘5,\“‘ *oe>\ & ,\°+°° ?&\'\(\ ‘?g\ec,e‘ Oé“‘ V\‘,p‘° « Particularly strong in HTS assays
?},‘,@ g 6\)\\0‘ & ‘&\0" o W @ + Use additive or multiplicative model to
W g ¢ 3° correct for the bias
&
/&ﬂk Mazoure at al. 2017: Mazoure, Bogdan, Robert Nadon, and Vladimir Makarenkov. "Identification and correction of spatial bias are essential
t%‘vw for obtaining quality data in high-throughput screening technologies." Scientific reports 7.1 (2017): 11921.
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Structural random assignments capture most % B Q TH
accurately the assay variation )

A Protein Microarray Slide (SM5)
Best CV (B24) Best SNR (B20) PBS

~N

Normandeau at al. 2021 12.8%
» Spatial bias in antibody microarrays
» Varying glass slides, buffer and antibodies

Coefficient of variation:
4.6% - 50%
Spatial effects across plate

Comparing assignment of positive control
* Local (i —iii)

* Random (iv)

+ Structured random (v)

Structural random best estimates of assay

. . il
variation Structured random replicates ii) Local replicates
o.o...i.o.ooo iii)
®ooo@eo o000 iv) Random replicates
( AEXEEXHEEXEXXE]
I IO C I Structured random
LI BN N I N I AOX )replicates
N W YOI N NN W)
4},"174‘&
A [ vw& Normandeau at al. 2021: Normandeau, Frédéric, et al. "Spatial bias in antibody microarrays may be an underappreciated source of
FJ » L" “ variability." ACS sensors 6.5 (2021): 1796-1806.
4
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accuracy & reduces errors BATH

Spatial balance in randomisation improves

Plate effects Placement of negative control
Bowl shaped Linear Border Random Effective
. S SRR L g Rodriguez 2023
. . L [ i, ® e °© Simulation study:
- il .. % i =y T * 20 negative controls
' : " - ET w7 + 384 well plate

Results

More accurate dose-response curves For drug screening: increased precision

Border Random Effective (f) 1% hits (g) 5% hits
120 . 1201 120 L L0041 1009
;\; 100 s 100 4 s 100 4 g 0.75 S 0.75
3 80 4 1 80 1 y 3 80 4 2 050 &
§ 604 § 60 ) § 60 b © %7
o a @ a ~—— Border (AUC = 0.35) a ~—— Border (AUC = 0.58)
& 404 g & 404 — Original & 40 — onginal 02519 — Random (AUC = 0.78) 0.25 1 — Random (AUC = 0.83)
201 — Estimated 20 —— Estimated 204 —— Estimated i —— Effective (AUC = 0.84) —— Effective (AUC = 0.89)
0 Contiole 0 gonbols 04 gontols ) o.;)o o.'zs o.'so o.'75 1.60 o.bo o.'zs o.lso o.'75 1.'00
2 a4 6 8 2 a4 6 8 2 a4 6 8 Recall Recall
Log(Concentration) Log(Concentration) Log(Concentration)
> Spatial balance in randomisation as a great potential
,, Rodriguez 2023: Rodriguez, Maria Andreina Francisco, Jordi Carreras Puigvert, and Ola Spjuth. "Designing microplate layouts
’ using artificial intelligence." Artificial Intelligence in the Life Sciences 3 (2023): 100073.
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Solution for spatial bias
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Downstream correction (standard practice) Naive Random

* Normalisation methods(B-score, LOESS, robust Z-scores, additive or e T ‘
multiplicative models) SR -

» Plate corrections(min—max scaling, fold change) : .

» Key assumption: approximately balanced plate layout _@ @ ‘

Experimental design (statistical best practice)
* Randomisation of controls and treatments [1-3]
» Evidence: spatial balance in randomisation reduces bias

Practical limitations
» Existing approaches often incompatible with lab constraints
« Cannot exclude edge wells
» Do not support column-wise treatments
» Naive randomisation — local clustering — poor spatial coverage

1: Normandeau, Frédéric, et al. "Spatial bias in antibody microarrays may be an underappreciated source of variability." ACS sensors 6.5
(2021): 1796-1806.
2: Mazoure, Bogdan, Robert Nadon, and Vladimir Makarenkov. "ldentification and correction of spatial bias are essential for obtaining quality
)& data in high-throughput screening technologies." Scientific reports 7.1 (2017): 11921.
‘VT 3: Malo, Nathalie, et al. "Statistical practice in high-throughput screening data analysis." Nature biotechnology 24.2 (2006): 167-175.
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New methodology: Controlled randomisation B ATH

Method

* Understand the experimental needs
+ Formalise as design constraints

* Integrate into randomisation

Generate layouts satisfying
* Randomisation

» Spatial balance

» Feasibility in practice

Relationship to existing methods

*  Same optimality criterion as Rodriguez (2023) S pat|a| Iy Awa re Plate

* Reduces repeats in rows, columns and 3 x 3 areas
*  Much broader range of experimental constraints LayO u tS
Results

* Improves dose—response estimation
* Increases precision in drug screening
» Practically feasible designs across diverse experimental settings

]— compared to naive randomisation

1: Normandeau, Frédéric, et al. "Spatial bias in antibody microarrays may be an underappreciated source of variability." ACS sensors 6.5
(2021): 1796-1806.
2: Mazoure, Bogdan, Robert Nadon, and Vladimir Makarenkov. "ldentification and correction of spatial bias are essential for obtaining quality
data in high-throughput screening technologies." Scientific reports 7.1 (2017): 11921.
’,’ \ 3: Malo, Nathalie, et al. "Statistical practice in high-throughput screening data analysis." Nature biotechnology 24.2 (2006): 167-175.
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Spatially Aware Plate Layouts
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Primary Variable

R shiny app designed to support robust experimental S
design and reduce spatial bias in nonclinical high- R o feselced
throughput assays.

Load Settings (JSON)

«  SAPL explicitly manages spatial balance (e.g., B

control dispersion, edge buffering, row/column

balance), Manual Entry & Plate Information
Enter primary e
* while assigning wells at random leading an ;;;;;ﬂg;;e's‘
unbiased plate map. anather row. ight
and add a row. Plate size
» SAPL reduces time to generate a plate map from 1 9
day to 2 min (for 384 We” plate), ; Edge well excluded? Mumber of cols excluded

3 Yes
OnNo

o

* Reduces bias and improves reproducibility

» Controls

* Empowers scientists (no coding expertise -
req u i red ) . MNumber of levels for primary variable
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Key features

Validation: Extensively beta-tested with functional genomics scientists at
AstraZeneca across diverse experimental settings

Input
* Plate formats: 24-, 96-, and 384-well

* Flexible inclusion of multiple positive, neutral, and lethal controls
* Accommodates multiple treatments, assigned freely or by column
» Generates multiple plates with shared or varying design features

» Customisation options:
» Exclude outer rows/columns
* Neutral controls in corners
» Pair neutral and positive controls

Output
* Quality control: repetitions in rows, columns, and local 3x3 areas

» Visual feedback: Displays plate layout by treatment and well type

* Multiple export options: E.g. excepts echo pick list as an input and
generates a plate map file compatible with echo dispensing system

» Reproducibility: Downloadable and reloadable input configurations for
» transparency,
» record-keeping,
& » ease for repeated use

,\‘
!’ 10
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Visualisation

empty treatment . empty . DMSO
. Neutral control .

AZDO.1uM

. AZD1UM ‘

well_type

. Positive control Additional control

. Lethal control

Multiple export formats, e.g., compatible with echo
dispensing system

1 |Source Plate Name Source Well Transfer Volume GenelD Destination | Destination Well
2 Source Plate[2] Al 480 KO1 Destination | D4

3 Source Plate[2] Al 480 KO1 Destination | K10

4 Source Plate[2] Al 480 KO1 Destination K12

5 |Source Plate[2] Al 480 KO1 Destination |L16

6 Source Plate[2] Al 480 KO1 Destination 1016

7 Source Plate([2] Al 480 KO1 Destination |C18

8 Source Plate[2] Bl 480 KO2 Destination | K4

9 Source Plate[2] Bl 480 KO2 Destination |E7




W‘ UNIVERSITY OF
Background BATH

 Originally designed for functional genomics in R&D in
AstraZenecain 2023

The team

» Conceptional development with a broad team:

e Scientists
* Bioinformaticians
» Statisticians

+ Beta testing
* Integrated into standard workflow

* In 2025: raise awareness & improve usability

« Open access version

» Since May 2026: Generalize tool
* AstraZeneca
* Functional Genomics Screening Lab, Cambridge, UK
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Long-term plan

BATH
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Until now: 2023-2025 Short term: 2025-2026 Medium term: 2026-2030 Long term: 2030-2035
AstraZeneca consultancy + |MI small grant covering 6.5 weeks of Daniel IAA Open Call, deadline Something like Better methods, better research by
project: 1 year of 2*FEC Burrows (MIRA), 10 Nov 2025 MRC
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M l/ \\ I/ \\ Impact
This approach enhances
Novel controlled Web-based tool Generalize reproducibility and
e . - DRIVER L )
randomization SAPL Raise awareness Facilitate usage methodology and Sustainability . translatability of preclinical
. Recommendations ) N
methodology (AZ internal) tool results, potentially reducing
drug development costs and
: : . reliance on animal testing.
ACtsT e hold Acgor; flecting methodol Action Action Action Action o
¢ Stakeholder ¢ Code reftecting methodology « Extensive simulation * Create an open access . < . . * DRIVER- Designing and Reporting In
engagement + Web-based tool for Engage AZ, FCEL, For collaborators:

study for performance  version of SAPL Vitro Experiments Responsibly

. N . . Bath internal integrate SAPL into N
Mec_atlng series AstraZeneca (AZ) internal use comparison + Web-based tool rosearchers standard workflows (as » NatrlonalCentre for th,e Replacgment,
to find consent * _TEStEd on AZ use cases Evidence + user-friendlyand robust .+ Understand the at AZ since 1/7/25) Refinement & Reduction od Animal Use
Evidence Evidence + 1 publication Evidence . . . . . * Collaborate with DRIVER team
- Joint report - Monthly count data from ) - experimental needs Provide tailored on-site Evi
B . . L vidence
2 presentations Will collectdata onusers  gyidence training to collaborators
AstraZeneca: May: 8 users, . . + Inclusion into DRIVER guidelines
June: 21, July: 13, average + Generalized tool Evidence
usage time: 60min + Reflectinuserdata + Letter bycollaborators

Q 9 A Q 9 Nc Q Q University
Legend -impact m AstraZeneca =~ w 3 Rs % of Bath

Functional
~ Genomics Screening expertise I:I objectives funding

Laboratory
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1.Define plate
* Plate size: 24, 96, 384

« Discarded wells due to edge
effects: #rows, #columns

Deterministic:
. Random . rule-based

allocation

5. Quality control
assessment

Report repetitions

in columns and rows and

in local 3x3 area by
variable of interest
neutral control
positive control

2.Position controls

» Place neutral, positive, lethal 4. Spatial variance
controls, (and additional) minimization

» by controlled randomisation Repeat 100 times

Compute spatial
variance

Choose best plate

lethal control
other controls

3.Position variable of interest
 |dentify available wells

» Assign by controlled
randomisation

4
‘gl)‘!\v’y 14



2. Position controls: controlled randomisation

W/& UNIVERSITY OF
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Draw at
random
without Ve
replacement fa

random
without

» Reduces the repetition of the
— controls in rows and columns

N""“‘V}Y 15
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Split into number
of technical
replicates

N=3

|dentify
available wells
» Here in Place all levels
black of variable of
interest
at random
without

replacement

> Reduces the repetition of the levels of
the variable of interest in columns
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4. Spatial variance minimization |

1. Define
plate &Q Count repetitions
U J4. Repeat 100 times * inlocal 3*3 areas

for positive control,
2. Position
controls

neutral, and lethal

Identify best

 Compute
variance

Add variances

Chooses plate
with least total

and others

2
6

N - variance
3. Position @©
variable of - i
- N _|
interest - - N L
. 1234 1234 123
Create 100 different Positive Neutral Lethal
control control control

plate maps

> Reduces the repetition of controls
in 3x3 area
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4. Spatial variance minimization | ﬁﬁ%ﬁ

For every local 3x3 area, how many wells are filled with control type Cj :

p+2 g+2
‘;bz(pa Q) — Z Z lf(u,u}:(j,,;
u=p v=q

Compute the variance of these counts for each control type:

o? = Var({¢i(p,q) : (p,q) € P})

Define the spatial variance as the weighted sum of variances, including a penalty
term for the highest count. For a plate map I

k

J(f) = Zwiaf + Amax ¢;(p, q)

P,
1=1 P

I Choose the plate map f with the lowest .J

7
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Final step: quality control assessment BATH

1.Define plate
» Plate size: 24, 96, 384
« Discarded wells due to edge

. Random Deterministic:
rule-based

allocation

effects: #rows, #columns

5. Quality control
assessment
2.Position controls Report repetitions

Place neutral, positive, lethal 4. Spatial variance in columns and rows and
controls, (and additional) minimization

by controlled randomisation Repeat 100 times
Compute spatial

in local 3x3 area by
variable of interest
neutral control
positive control

3.Position variable of . lethal control

interest other controls
Identify available wells

Assign by controlled
randomisation
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Final step: quality control assessment BATH

1.Define plate
» Plate size: 24, 96, 384

« Discarded wells due to edge Random . Deterministic:

effects: #rows, #cClammia

y control

4 Scenario 1: no treatment ! ment

2.Position cor tions

. Place noutral e OCENACO 2 & 3: treatment o ows and
controls, (and add area by

* by controlled rand e dISpensable at random le of interest

Il control

® |n CO|umnS /e control

control
e otner controls

3.Position variable of interest
» |dentify available wells

» Assign by controlled
randomisation
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Live demo
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Accessing the tool & support BATH

Tool (public): hitps://sapl.cs.bath.ac.uk

For questions, advice, or feedback: be323@bath.ac.uk

Training videos: hitps://sapl.cs.bath.ac.uk/video-guides

Company internal version

» With license agreement/ collaboration agreement

» Forfree

* Source code

« Cannot share the tool

» Agree to track the usage (how many users, which countries)

« Agree to give feedback/ write letter of reference

7
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https://sapl.cs.bath.ac.uk/
mailto:be323@bath.ac.uk
https://sapl.cs.bath.ac.uk/video-guides
https://sapl.cs.bath.ac.uk/video-guides
https://sapl.cs.bath.ac.uk/video-guides

Live demo:

https://sapl.cs.bath.ac.uk
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https://sapl.cs.bath.ac.uk/
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Enter data I: primary variable

Enter primary variable — gene p Introduction & Instructions Prepare Plate & Quality Control  Display/Save Plate  Further Information
knockout (gKO) Primary Variable

Select file (csv)

A: Load in an existing list as csv file

& Download Example Variables CSV

choose the column with gkOs C

ry variable:

+ other columns will be ignored S _

Manual Entry & Plate Information
« For primary variable of interest: variablelevels

here. To add

avoid spaces in the column name another row. right

click on the table
and add a row. Plate size

* avoid columns with no name

. 384
B: Enter manually ot
1 KkNO1 B
2 KNO2 Edge well excluded? Numberof colsexcluded ~ Number of rows excluded
. 3 KNO3 Oves
C: Load settings (JSON) o N 1 ‘
" 5  KNOS
6 KNO&
7 KNO7
R » Controls
9 KNO?
10 KNO10 » Treatments
11 KNO11
12 KNO12 ) ) ! )
S o Number of levels for primary variable Number of technical replicates for each level
i5 kots “ ’
16 |KNO16 Number of iterations: Select 10 for a test
R KNO L7 run, and 100 for the final run.
18 KNO18

19 KNO19 10
20 KNOZ20
KNO21
KNO22
KNO23
“ 24 KNO24 & Download Settings (JSON)

N
)

i
e
X

v
»

!
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=
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Enter data Il: Plate Information & Controls

D: Plate Information
* You need to specify a project name

o Plate size: 24-, 96-, and 384-well
plates

» Edge well excluded? (optional)

* Specify how many rows and
« How many columns

* New option: “exclude only the corner
wells”

E: Enter Controls

« Multiple positive controls: Each with
name and number of replicates

* Multiple neutral controls:

« Each with name and
number of replicates

’/A

V..JLn'y

Project name

FeedbackEvent

Plate size

384 -

Edge well excluded?
D Yes
No

¥ Controls
Number of different positive controls

2

Number of different neutral controls

2

Place neutral control in the corners?
Yes
DNo

Number of different lethal controls

1

Number of different additional controls

1

&

D

Number of cols excluded

1

name no_reps
1 P 6
2 P2 4

name no_reps
1 N1 7
2 N2 3

Pair positive and neutral control?

Yes
ONo

name no_reps
1 Leth 2

UNIVERSITY OF

BATH

Number of rows ¢

1

name no_reps
1 Neg 2

26
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Enter data Il BATH

D: Plate Information

* You need to specify a project name
« Plate size: 24-, 96-, and 384-well plates
» Edge well excluded? (optional)
* Specify how many rows and k=l
« How many columns o
* New option: “exclude only the corner
wells”

E: Enter Controls

. Mul‘“ple positive controls: Each with empty . Positive control Additional control

well_type
. Neutral control . Genelist . Lethal control

name and number of replicates
* Multiple neutral controls:

« Each with name and number of replicates
47 + Place neutral controls in the corners
I aail o
| i+ Pair positive and neutral control

IMi
o/

27




Enter data lll: Treatment “}% ﬁﬁ%ﬁ

J: Number of treatments et
Multlple treatments Number of different Combine control(s) with
treatments name treatment?
Same treatment different concentration . . 1  AZDO.1uM @ neutral
« . . . v 2 AZD1uM o i
Intervention”, like different serum S oscium B posiive
. additional
concentrations J  — K
K: Combine with controls
Vehicle present? Vehicle Name Treatment dispensed in
Do you want to treat the neutral controls? O Yes v columns?
" Y
Do you want to treat the positive L ONZS
controls? M
Do you want to treat the additional
controls?
L: Is there a vehicle present
P T
C
Ly 28
=4
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Enter data Ill: Treatment a5 BATH

J: Number of treatments

Multiple treatments S
. ] Number of different Combine control(s) with
Same treatment different concentration treatments name treatment?
“Intervention”, e.g. varying serum 3 . R~ 2L 0-AuM @ neutral
concentrations 2 AZD Rapositiye
J : 8 |GSK1uM _ additional K
K: Combine with controls
Do you want to treat the neutral controls? Vehicle present? Vehicle Name Treatment dispensed in
ags ?
Do you want to treat the positive controls? 0:‘*5 v g"\‘:mns'
(o] es
Do you want to treat the additional L . M
controls?

L: Is there a vehicle present

M: Treatment dispensed in columns freely

treatment . None . AZD 0.1uM . AZD 1uM . v

)

s

29

o
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Enter data IV: Multiple plates a BATH

N: Number Of |eve|S Of primary Variable Number of levels for primary variable Number of technical replicates for each level
. 140 2
* How many genes from the list shall be N O
Used’? ¥ Multiple plates
' Number of plates Assign levels to plates Variable distribution
. . O Inorder of list OFill each plate, then move to
O: Number of technical replicates for each level 2 P At random next
Minimum plates need 2100 Asequal as possible
* How many wells with the exact same filling primary-variable wells; 280 free Custom
. wells per plate after controls). At 2
Wou |d you Ilke per gene? plates: 616 wells used of 616.
Positive controls Neutral controls Lethal controls Additional controls
. © Random per plate © Random per plate © Random per plate © Random per plate
P' Choose the number Of plates Same as first plate Same as first plate Same as first plate Same as first plate

Q [[reatments

+ Take gene names in the order of the list OR _
Current/random behavior
at random Same as first plate

Number of iterations: Select 10 for a test

* Fill each plate then move to next OR as run, and 100 for the final run.
equal as possible

Combine user input

Q: How would you like the controls and the & Download Settings (JSON)
treatment to be added?

I [y
I |

* Same as on the first plate OR randomly

&

f’f
%J’ Fv 30




W UNIVERSITY OF
Enter data V: final section BATH

R: Number of iterations

S: Combine user input
When you press this button all data above will be joint to one input file.
If you make changes above you need to press the button again.
T: For the final figures, press “Download Settings” and save file with your protocol.

Transparency
Speed up the process for next experiment if similar

Number of iterations: Select 10 for a test
run, and 100 for the final run. R

10 v

Combine user input
& Download Settings (JSON) T

PN
fewvr

it

AN
—

31
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Enter data V: final section BATH

R: Number of iterations

Number of iterations: Select 10 for a test
run, and 100 for the final run.

10
Combine user input
& Download Settings (JSON)

=[N A]

1ML
NL:% 32
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Enter data V: final section % BATH

R: Number of iterations

S: Combine user input

When you press this button all data above will be joint to one input file.
If you make changes above you need to press the button again.

T: For the final figures, press “Download Settings” and save file with your protocol.

Transparency
Speed up the process for next experiment if similar

Well Information S
Number of iterations: Select 10 for a test
,and 100 for the final run. . .
ran.an ornennaTrn R There are 308 wells available in total.
10 ) You have 28 wells filled with controls leaving 280 wells free for
gRNAs.

Combine user input

& Download Settings (JSON)

You have 280 wells filled with gRNAs.
You have used 308 wells of the available 308 wells.

i;’(‘?@\ m Go to Prepare & Run Prepare Plate
g DA
M1, -




Prepare Plate & Quality Control

UNIVERSITY OF
Al

BATH

m SAPL Home  Learn More Account
N: Table of counts of wells by
+ well type Prepare Plate Content
. name
Finished!
* Treatment
N Search:
0_ uallt ContrOI ell_type count_name treatment n
q y g 1 Genelist Genelist 1 134
» Tables of counts for repetitions e o , .
enelist enelist 134
by 3 Neutral control N 4F 10
* ROWS 4 Neutral control N \Y 10
* COI u m ns 5 Positive control P T 10
* 3X3 areas 6 Positive control P \" 10
7 empty None 76
Showing 1 to 7 of 7 entries
No. wells with the same level of primary variable within the same No. rows with that
row frequency
2 0 126
4 4
DE RN
AN,

V)
=3
X

P

>

ga
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Display & Save Plate

Visualisation

Primary Variable Map Treatment Map

treatment . empty . DMSO

. AZD1uM . AZDO0.1uM

Additional control

. Lethal control

UNIVERSITY OF

x) BATH

Save plate

Xk Save Plate as .xlsx

A B © D E F G

1 row column ‘well ‘Genelist treatment  gene_treatm well_type

0 C 2C2 KNO62 T KNO62_T  Genelist

11 D 2D2 KNO58 T KNO58_ T  Genelist

2 E 2E2 KNO61 T KNO61_T  Genelist

213 F 2F2 N T N_T Neutral control
4 G 2G2 KNO65 T KNO65 T  Genelist

Ao - n RIS - wRIAS T P aealiae

& Attach plate to original data and save as .xIsx

Compatible with echo dispensing system

j 1 2 I 3 a > )
1 Source Plate Name Source Well Transfer Volume GenelD

2 |Source Plate[2] Al 480 KO1 Destination | D4

3 Source Plate[2] Al 480 KO1 Destination |K10

4 Source Plate[2] Al 480 KO1 Destination | K12

5 |Source Plate[2] Al 480 KO1 Destination IL16

6 |Source Plate[2] Al 480 KO1 Destination 1016

7 |Source Plate[2] Al 480 KO1 Destination 1C18

8 Source Plate[2] Bl 480 KO2 Destination |K4

9 |Source Plate[2] B1 480 KO2 Destinahon IE7

/

Destination | Destination Well Treatment

DMSO
AZD1uM
AZDO0.1uM
AZDO0.1uM
AZD1uM
DMSO
AZD0.1uM
AZD1uM

35
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Accessing the tool & support BATH

Tool (public): https://sapl.cs.bath.ac.uk

For questions, advice, or feedback: be323@bath.ac.uk

Training videos: https://sapl.cs.bath.ac.uk/video-guides

Company internal version

» With license agreement/ collaboration agreement

* Forfree

« Source code

« Cannot share the tool

» Agree to track the usage (how many users, which countries)

« Agree to give feedback/ write letter of reference

e Coming in summer on our website: Q&A
o
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