
Posted on April 30, 2026 

The legal battle between Elon Musk and OpenAI reached a significant milestone in April 2026 as the trial 

officially commenced in an Oakland federal court. Originally filed in early 2024 and later expanded in 

August 2024, Musk’s lawsuit alleges that CEO Sam Altman and President Greg Brockman committed a 

"betrayal" of the organization’s founding mission. Musk, who contributed approximately $38 million in early 

donations, contends that OpenAI was established as a non-profit dedicated to developing Artificial General 

Intelligence (AGI) for the benefit of humanity. He argues that the organization has since been "stolen" and 

transformed into a closed-source, for-profit subsidiary effectively controlled by Microsoft. 

The lawsuit seeks several remedies, including the return of OpenAI to a non-profit structure, the ouster of Altman 

and Brockman from their leadership roles, and damages exceeding $100 billion, which Musk has stated should be 

directed back into the non-profit arm rather than to him personally.  

OpenAI and its legal team have countered these allegations by characterizing the lawsuit as a "baseless and 

jealous bid" to hinder a competitor, noting that Musk has since launched his own AI company, xAI. They argue 

that a for-profit arm was a business necessity to raise the immense capital required for AI development and that 

the non-profit board still maintains ultimate oversight. 

During the trial's opening days in late April 2026, the defense produced evidence, including early emails, 

suggesting Musk himself had once considered a for-profit path for the company. Presiding Judge Yvonne 

Gonzalez Rogers has bifurcated the trial into two phases: the first to determine liability and whether the claims fall 

within the statute of limitations, and a second to assess potential damages if the defendants are found liable. 

That’s my take on it: 

There is a puzzling question: If Musk wants to turn OenAI into a non-profit, then why is xAI for-profit? While xAI 

was launched as a for-profit entity from its inception, Elon Musk maintains that this structure is fundamentally 

different from the situation at OpenAI. His core defense rests on the distinction between a company’s starting 



mission and its subsequent evolution; he argues that while xAI is an "honest" for-profit venture funded by private 

capital and corporate investment, OpenAI allegedly committed "charitable fraud" by taking tax-deductible 

donations under the guise of a non-profit mission only to later lock those assets behind a proprietary, for-profit 

shield. To Musk, the issue isn't whether a for-profit model is necessary for the massive capital requirements of AI 

development—a point he tacitly concedes through xAI's structure—but rather the legality of "looting" a charity to 

benefit private interests. 

Ultimately, the jury must weigh these conflicting narratives to determine Musk's true intent. They will have to 

decide if he is acting as a "whistleblower" dedicated to protecting the sanctity of non-profit law and the 

expectations of donors, or if he is simply a "disgruntled founder" leveraging the legal system to sabotage a 

competitor and settle a personal score with a company he no longer controls. 

Link: https://apnews.com/article/elon-musk-openai-altman-trial-b3c647391fbaa0f081611027b4e98479 
Posted on April 27, 2026 

Recently China's National Development and Reform Commission (NDRC) blocked Meta’s proposed acquisition of 

Manus, a Chinese-founded AI startup, following a national security review. The deal, estimated to be worth 

between $2 billion and $3 billion, was intended to bring the "agentic AI" specialist under Meta's umbrella. 

Although Manus had relocated its core operations to Singapore and shut down its Chinese offices by mid-2025, 

Beijing exercised its regulatory authority to veto the sale, citing unnamed security concerns in accordance with 

local laws. 

The decision leaves the future of Manus uncertain, as the startup had already seen its earlier investors—including 

Tencent and Sequoia China—exit in anticipation of the Meta deal. Manus gained significant attention last year for 

developing a general AI agent capable of performing complex tasks across multiple platforms. This regulatory 

move highlights the intensifying competition and strategic importance of AI agents, which Chinese tech leaders 

and policymakers currently view as the next major phase of artificial intelligence development. 



That’s my take on it: 

Both the United States and China are increasingly concerned that their most advanced technologies—especially 

in artificial intelligence—could enhance the strategic capabilities of the other side and ultimately undermine their 

own national security. As a result, each country has taken defensive measures: the U.S. has imposed export 

controls on high-end GPUs and advanced semiconductor technologies, while China has moved to block foreign 

acquisitions of domestically rooted AI firms, such as Meta’s attempted takeover of Manus. These actions reflect a 

growing pattern of technological protectionism driven by geopolitical competition. 

At the same time, however, the global AI ecosystem has not fully fragmented. Researchers from both countries 

can still learn from one another through academic publications, open-source models, and publicly available tools. 

In this sense, the landscape is not a complete decoupling but rather a selective separation: highly strategic, 

cutting-edge capabilities are increasingly siloed and controlled, while lower-tier innovations, research ideas, and 

open-source resources continue to circulate internationally. 

That said, even this “open” layer is becoming more constrained. Governments are beginning to scrutinize open-

source releases, data flows, and research collaborations more closely. As a result, the current trajectory suggests 

not a stable equilibrium of “closed silos plus open exchange,” but a gradual tightening, where the boundary 

between what remains open and what becomes restricted is continually shifting in response to geopolitical 

pressures. 

Link: https://www.reuters.com/world/asia-pacific/china-blocks-foreign-acquisition-ai-startup-manus-2026-

04-27/ 
Posted on April 26, 2026 

Recently OpenAI announced the release of GPT-5.5, a more intuitive and capable model designed to handle 

complex, multi-step tasks with higher autonomy. A key focus of this release is "agentic" performance, where the 

model can plan, use tools, and navigate ambiguity more effectively than its predecessors. It shows significant 



improvements in areas such as coding, data analysis, and scientific research. Despite these intelligence 

gains, GPT-5.5 maintains the same latency as GPT-5.4 while being more token-efficient, meaning it often reaches 

high-quality results with less total output. 

The model's capabilities are highlighted through its performance on several new benchmarks. In coding, it 

achieved an 82.7% accuracy on Terminal-Bench 2.0, demonstrating a strong ability to manage command-line 

workflows. In professional and academic settings, GPT-5.5 has been used for advanced tasks like reviewing tens 

of thousands of tax forms and assisting in genomic research. Notably, an internal version of the model even 

helped discover a new mathematical proof regarding Ramsey numbers. To support these advances, OpenAI co-

designed the model to run on NVIDIA’s latest GB200 and GB300 systems, optimizing the entire inference stack 

for better speed and efficiency. 

Safety remains a central part of the rollout, with GPT-5.5 featuring the company's strongest safeguards to date, 

particularly regarding cybersecurity and biological risks. OpenAI has introduced "Trusted Access for Cyber" to 

provide verified defenders with more permissive access to the model's advanced security capabilities. 

That’s my take on it: 

It is crucial to highlight that the OpenAI model is customized to run on NVIDIA’s latest GB200 and GB300 

systems. The tight integration between OpenAI's software and NVIDIA’s hardware creates a significant "moat," 

yet labs like DeepSeek and Moonshot AI (Kimi) are employing specific strategies to push against this perceived 

ceiling. 

The integration of GPT-5.5 and NVIDIA systems goes beyond just running on the chips; rather, it involves custom 

kernels written for the Blackwell architecture to maximize throughput and using the model itself to write custom 

heuristic algorithms for load balancing. Furthermore, NVIDIA's NVLink technology allows thousands of GPUs to 

act as a single unit, creating an interconnect advantage that is difficult to replicate. Without access to these high-



speed interconnects, certain foreign AI labs will continue to face a "communication bottleneck" where data cannot 

move between chips fast enough to train or serve massive models at the same scale as their US counterparts. 

DeepSeek and Kimi responding by fighting the ceiling through architectural efficiency rather than raw power. By 

utilizing Mixture-of-Experts (MoE), DeepSeek activates only a fraction of the model's parameters for any given 

task, keeping costs manageable and allowing "smarter" models to run on less powerful hardware. Because they 

cannot rely on the brute force of the latest NVIDIA chips, these labs have become leaders in algorithmic 

innovation, such as DeepSeek’s "Multi-head Latent Attention" (MLA) and specialized training frameworks 

designed to squeeze maximum performance out of older or domestic hardware. Additionally, Kimi has found a 

successful niche in long-context windows, which allows them to excel in document processing regardless of the 

underlying chip generation. 

Whether this ceiling to foreign competitors is truly insurmountable depends on a few evolving factors. I look at the 

possibility of diminishing returns, where more hardware might eventually stop yielding significantly better 

intelligence, potentially making the US lead in hardware less decisive over time. Nonetheless, foreign rivals still 

struggle to link tens of thousands of chips together as seamlessly as NVIDIA's proprietary systems. This 

interconnect gap remains the strongest reason for foreseeing that US Frontier models will remain on top in the 

near future. 

While OpenAI recently made waves with the release of GPT-5.5, Chinese AI developer DeepSeek has countered 

by introducing its long-awaited V4 large language model in preview. This new open-source series features a Pro 

version with 49 billion activated parameters and a Flash version with 13 billion, both of which support a massive 

context length of 1 million tokens. DeepSeek claims that its top-tier V4-Pro-Max model redefines the state-of-the-

art for open models, asserting that it has significantly closed the performance gap with Google’s Gemini 3.1-Pro 

and even outpaces GPT-5.2 in specific reasoning benchmarks. 

Links: https://openai.com/index/introducing-gpt-5-5/ 

https://www.siliconrepublic.com/machines/chinas-deepseek-unveils-long-awaited-v4-ai-model 



Posted on April 21, 2026 

 

 

Recently, OpenAI released its upgraded image generator GPT Image 2, positioning it as a major step forward in 
multimodal AI image creation. Early reports suggest that Image 2 is not just an incremental improvement but a 
shift toward reasoning-driven image generation, which distinguishes it from competitors like Google’s Nano 
Banana family of models. 

One of the most notable advantages of Image 2 is its integration with reasoning and external knowledge. 

Unlike Nano Banana, which primarily focuses on speed, realism, and personalization, Image 2 can “think before it 

generates,” combining prompt understanding with structured reasoning and even pulling in real-time information 

from the web to produce more context-aware visuals. This means it can generate diagrams, infographics, or 

concept-driven visuals with a level of logical coherence that goes beyond pure visual synthesis. 



Another major strength of Image 2 is precise instruction following and structured composition. Comparative 

analyses consistently show that OpenAI’s newer image models excel at handling multi-element layouts, spatial 

relationships, and exact formatting requirements, such as placing objects in specific positions or rendering 

complex diagrams. Nano Banana, by contrast, tends to prioritize photorealism and cinematic quality, but can 

struggle with highly constrained layouts or intricate visual logic. In practical terms, Image 2 is better suited for 

academic figures, UI mockups, or multi-panel visuals, while Nano Banana shines in lifestyle imagery and 

photography-like outputs. 

Image 2 also appears to have a clear edge in text rendering and design-heavy outputs. While earlier 

comparisons showed Google’s Nano Banana models performing strongly in text clarity, newer benchmarks 

suggest that Image 2 has closed—and in some cases surpassed—that gap, particularly when text must be 

integrated into structured visuals such as charts, posters, or educational diagrams. This is crucial for use cases 

like presentations, teaching materials, or research communication, where readable and well-placed text is 

essential. 

A further differentiator is multi-image consistency and workflow capability. Image 2 can generate multiple 

coordinated images (e.g., a sequence, storyboard, or booklet) from a single prompt while maintaining consistency 

across them. Nano Banana emphasizes consistency in a different way—preserving identity across edits (e.g., 

keeping a person’s face consistent across variations) —but it is less focused on generating structured multi-image 

outputs in one go. 

On the other hand, it is important to note what Nano Banana still does better. Google’s model family is widely 

recognized for speed, photorealism, and personalization. It can generate high-resolution images (up to 4K) 

very quickly and even tailor outputs using personal data from Google Photos and user context. This makes it 

especially strong for rapid prototyping, realistic imagery, and personalized content creation. However, these 



strengths do not directly compete with Image 2’s emphasis on reasoning, structure, and complex instruction 

adherence. 

In summary, the emerging consensus is that Image 2 excels in “thinking + structure + precision,” while Nano 

Banana excels in “speed + realism + personalization.” What Image 2 can do that Nano Banana struggles with 

includes generating logically structured diagrams, handling complex multi-object compositions with exact 

placement, producing consistent multi-image outputs from a single prompt, and integrating external knowledge 

into visual generation. These differences reflect two distinct design philosophies: OpenAI is pushing 

toward intelligent visual reasoning, while Google is optimizing for fast, realistic, and personalized image creation. 

That’s my take on it: 

I tested both GPT Image 2 and Nano Banana using a challenging prompt: “Dimension: 8X12. A professor is 

lecturing in a data science class. The whiteboard shows a graph that illustrates how double descent overrides the 

conventional tension between bias and variance.” The one generated by GPT Image 2 seems to be more 

accurate than the one created by Nano Banana. Nano Banana adds labels like “training risk” and “test risk,” which 

are related, but not the same as directly showing the challenge to the traditional bias-variance tradeoff. In 

addition, the image generated by Image 2 shows the condition of p < n, p = n, and p > n, whereas it is entirely 

absent from the image made by Nano Banana. 

Link: https://pollo.ai/hub/gpt-image-2-vs-nano-banana-2?utm_source=chatgpt.com 
Posted on April 15, 2026 

On April 13, 2026 Stanford Institute for Human-Centered AI (HAI) has released the AI Index Report. The key 

findings in the AI Index Report that are most relevant to higher education are as follows: 

 PhD-Level Reasoning: For the first time, frontier models are meeting or exceeding human baselines 

on PhD-level science questions and competition-level mathematics. 



 The "Jagged Frontier": While AI can now pass PhD-level science questions (GPQA) and win gold medals 

in the International Mathematical Olympiad, it still fails at simple tasks like reading analog clocks (50.1% 

accuracy). This creates a "jagged frontier" where students may over-rely on AI for complex tasks while it 

fails at basic ones. 

 Industry Dominance: Industry now produces over 90% of notable frontier models, leaving academia 

with a shrinking share of primary model development. 

 Talent Migration: Interestingly, while the U.S. and Canada saw a 22% increase in new AI PhDs between 

2022 and 2024, the majority of these graduates are now taking jobs in academia rather than industry—a 

reversal of previous trends. 

 Open-Source Growth: Open-source development is redistributing global participation. GitHub 

contributions from the "rest of the world" (outside the U.S. and Europe) are rising, leading to more 

linguistically diverse models and benchmarks. 

 Productivity Gains: Studies show productivity increases of 14% to 26% in fields like software 

development and customer support, signaling a need for universities to shift curricula toward "AI-

augmented" workflows. 

That’s my take on it: 

The AI Index Report 2026 highlights a fascinating and somewhat counter-intuitive trend: even as industry 

dominates the creation of the most powerful AI models, the talent is migrating back toward universities. This shift 

doesn't necessarily mean there is a "lack of talent" in industry, but rather that the nature of AI development and 

the job market has changed. Companies are finding that senior developers using AI tools can often replace the 

output of several junior developers. Consequently, industry is indeed prioritizing experienced professionals who 

can manage AI agents and oversee complex systems rather than hiring large cohorts of fresh graduates to do 

foundational coding and development. If industry continues to automate basic tasks, the "bridge" from university 

to a senior industry career becomes much harder to cross. To rectify the situation, graduate programs should offer 

internship programs partnered with industry. 



The report also highlights a "jagged frontier" where AI is brilliant at PhD-level science but fails at basic tasks like 

reading an analog clock. Students often don't realize where these "jagged edges" are until they hit a real-world 

edge case. To bridge the gap between book-smart and street-smart, industry partnerships can provide the 

"desirable difficulty" needed for students to learn the limitations of the tools they are using. 

Link: https://hai.stanford.edu/assets/files/ai_index_report_2026.pdf  
Posted on April 9, 2026 

Recently Meta introduced Muse Spark, the inaugural model from the newly formed Meta Superintelligence Labs 

(MSL). This close-source multimodal model designed for advanced reasoning, supporting visual chain-of-

thought and multi-agent orchestration to solve complex tasks, signals a major architectural shift toward "personal 

superintelligence." A standout feature is the new Contemplating mode, which allows multiple agents to reason 

in parallel, enabling the model to compete with other frontier systems in high-level scientific and mathematical 

research. 

The development of Muse Spark involved a complete overhaul of Meta’s AI stack, focusing on three scaling 

axes: pretraining, reinforcement learning (RL), and test-time reasoning. During pretraining, Meta achieved a 

significant efficiency milestone, reaching high capability levels with an order of magnitude less compute than the 

previous Llama 4 Maverick. The model also entails a "thought compression" phenomenon, where RL training 

encourages the model to solve problems using fewer tokens without sacrificing accuracy. Beyond raw 

performance, Meta emphasizes practical applications in multimodal interaction—such as troubleshooting home 

appliances through visual annotations—and personal health, where the model provides tailored nutritional and 

exercise insights. 

That’s my take on it: 

Meta's Muse Spark is the official name for the model that was developed under the internal codename Project 

Avocado. Reports from early 2026 suggested significant tension between Zuckerberg and Alexandr Wang, the 



new Chief AI scientist, due to "Avocado" missing its original March launch window and lagging behind Gemini 3.0 

in internal testing. Nonetheless, the launch of Muse Spark has solidified Alexandr Wang's position at Meta. 

Muse Spark shows strong potential, ranking among the leading models in current evaluations. It achieves a score 

of 52 on the Artificial Analysis Intelligence Index, placing it within the top five overall. In multimodal capability, it 

stands out as the second-most capable vision model. Beyond vision tasks, Muse Spark also demonstrates solid 

performance in reasoning and instruction-following benchmarks, earning 39.9% on HLE and ranking just behind 

Gemini 3.1 Pro Preview and GPT-5.4. 

While Muse Spark may not sweep every benchmark, its launch signals that Meta is pivoting away from 

"benchmark chasing" and toward ecosystem dominance. Muse Spark is designed to pull from the "real-world" 

data happening across Facebook, Instagram, and Threads. By leveraging its social media footprint, Meta is 

building a type of "Personal Superintelligence" that OpenAI and Anthropic cannot replicate.  In short, Meta isn't 

trying to win the "smartest chatbot" trophy; they are trying to own the interface of daily life. If Muse Spark can 

successfully manage your shopping, health, and travel directly inside the apps you already use, it won't matter if 

it's 5% less capable at coding than Claude. 

It appears that Meta is shifting away from the “pure open-source” philosophy that Mark Zuckerberg strongly 

promoted during the Llama 2 and Llama 3 cycles. While the company still intends to release open-weight models, 

these are now positioned as derivatives or streamlined versions of the Muse architecture rather than fully flagship 

systems. 

Internal reports suggest that Llama 4 lagged behind competitors such as Gemini 3.0 and GPT-5. At the same 

time, maintaining a fully open approach appears to have constrained Meta’s ability to integrate the highly 

specialized, agent-driven capabilities needed to monetize AI across social media and commerce platforms. 

Another important factor is competitive dynamics. In earlier cycles, foreign competitors could effectively bypass 

costly research and development by fine-tuning directly from Llama’s open models. Against that backdrop, Meta’s 



decision to keep Muse Spark closed-source may reflect a strategic move to protect its technological edge while 

still selectively sharing lighter-weight derivatives. 

Link: https://ai.meta.com/blog/introducing-muse-spark-msl/ 
Posted on April 8, 2026 

Currently there is an unprecedented collaboration between major U.S. AI rivals, including OpenAI, Anthropic, 
and Google, to combat "adversarial distillation" by foreign competitors. These US companies are sharing 
information at the Frontier Model Forum, an industry nonprofit that they founded with Microsoft 
Corp. Distilling enables foreign firms to use existing U.S. models as "teachers" to train lower-cost "student" 
models, effectively replicating advanced capabilities while bypassing the massive research and development 
costs. U.S. officials and tech leaders warn that this practice not only results in billions of dollars in lost profits but 
also poses a significant national security risk, as distilled models often lack the safety guardrails intended to 
prevent the creation of harmful content or biological threats. 

Feng Haoqin, a research fellow at Fourth Wave Technology, argues that the U.S. narrative oversimplifies a 

standard industry practice. Feng notes that model distillation—the process of using a "teacher" model to train a 

more efficient "student"—is a widely accepted technique often used by the U.S. companies themselves. He 

contends that the legal boundaries of this practice remain poorly defined and that American firms frequently 

engage in mutual distillation. 

According to Feng, the current accusations against Chinese companies lack concrete evidence and are motivated 

more by fears of market competition than by legitimate national security risks. He suggests that as Chinese AI 

models rapidly advance, they are exerting significant technical and commercial pressure on their U.S. 

counterparts, leading American giants to seek defensive measures to maintain their technological dominance. 

  

That’s my take on it: 



While it is true that distilling is widely used, the Terms of Service for OpenAI, Google Gemini, and Anthropic 

(Claude) all contain specific clauses that forbid using their output to develop competing models. In a professional 

or academic setting, "common practice" doesn't usually override a signed or accepted user agreement. 

There is a common argument that while accusing foreign companies of distilling, American AI companies are also 

guilty of web scraping: “stealing” contents from the Internet. However, equating distilling with Web scraping is 

debatable. Web Scraping is a battle over input data. Companies like OpenAI and Claude are being sued by 

publishers and artists. The legal question here is whether scraping public content to train an AI falls under "Fair 

Use" or violates copyrights. On the other hand, model distillation is a dispute over proprietary output. When 

users query a model to train a "student," they are violating a specific Terms of Service (ToS) agreement (contract 

law). 

  

Links: https://www.latimes.com/business/story/2026-04-07/china-is-copying-u-s-ai-models-american-

companies-say-it-is-costing-them-billions-of-dollars 

https://www.globaltimes.cn/page/202604/1358378.shtml 
Posted on April 8, 2026 

Recently Anthropic announced Project Glasswing, a major cybersecurity initiative in collaboration with industry 

giants like AWS, Google, Microsoft, Apple, and NVIDIA. This ambitious partnership was formed in response to the 

emergence of Claude Mythos Preview, a new frontier AI model that has demonstrated the ability to identify and 

exploit software vulnerabilities at a level that rivals or surpasses highly skilled human experts. Recognizing that 

AI-augmented cyberattacks could soon threaten the stability of global financial systems, energy grids, and 

national security, Anthropic and its partners are working to ensure that these same advanced capabilities are 

used proactively for defensive purposes. 



The initiative has already yielded significant results, with Mythos Preview autonomously discovering thousands of 

high-severity, "zero-day" vulnerabilities across all major operating systems and web browsers. Notable findings 

include a 27-year-old flaw in OpenBSD and a 16-year-old bug in FFmpeg—vulnerabilities that had previously 

survived decades of human scrutiny and millions of automated tests. Beyond mere detection, the model has 

shown a sophisticated ability to "chain" multiple minor vulnerabilities together to gain full system control. To level 

the playing field for defenders, Anthropic is committing $100M in model usage credits to Project Glasswing 

participants and donating $4M to open-source organizations, such as the Linux Foundation and the Apache 

Software Foundation, to help secure the underlying code of the modern internet. 

Moving forward, Project Glasswing aims to establish new industry standards for the AI era, focusing 

on automated patching, secure-by-design development, and responsible vulnerability disclosure. While 

Anthropic does not plan to make Mythos Preview generally available due to its high potential for misuse, the 

project serves as a critical testing ground for developing robust safeguards that will eventually allow similar high-

capability models to be deployed safely at scale. By fostering deep collaboration between frontier AI developers, 

software maintainers, and government officials, the initiative seeks to create a durable defensive advantage that 

can keep pace with the rapid evolution of artificial intelligence. 

That’s my take on it: 

Most high-end AI models are trained on massive datasets of public code (like GitHub). The same reasoning 

capabilities that allow a model to help a developer write a more efficient Python script also allow it to understand 

how memory is managed in C++ or how a web server handles requests. As Anthropic noted, the window between 

a vulnerability being discovered and being exploited has compressed from months to minutes. Even if an 

attacker isn't using a frontier model like Mythos, they can use existing AI tools to reverse-engineer patches. 

When a company releases a security update, an AI can quickly compare the old and new code to figure out 

exactly what was fixed—and then generate an exploit for those who haven't updated yet. AI can also scan the 



internet to find specific versions of software known to have flaws, doing in seconds what used to take human 

teams days. 

Ultimately, we are entering an AI arms race where the winner will be the side that can iterate, patch, and deploy 

more quickly. It’s no longer a question of if AI will be used for attacks, but whether we can use AI to build a 

secure-by-design digital world fast enough to withstand them. 

Link: https://www.anthropic.com/glasswing 
Posted on April 6, 2026 

Recently Microsoft released three in-house AI models that on a par to current top models. The Microsoft AI (MAI) 

model family consists of three specialized systems developed by the company's internal superintelligence 

team: MAI-Transcribe-1, MAI-Voice-1, and MAI-Image-2. 

MAI-Transcribe-1 is a speech-to-text model optimized for multilingual accuracy and speed. It supports 25 

languages and is engineered to perform reliably in "noisy" real-world environments, such as call centers or 

crowded meeting rooms, rather than just controlled studio conditions. According to technical benchmarks provided 

by Microsoft, the model achieves a 3.8% to 3.9% Word Error Rate (WER) on the FLEURS benchmark, ranking it 

as a primary competitor to OpenAI’s Whisper-large-v3 and Google’s Gemini 3.1 Flash. 

MAI-Voice-1 serves as the audio generation counterpart, focusing on high-speed text-to-speech synthesis. The 

model’s most notable technical metric is its throughput; it can generate 60 seconds of expressive audio in 

approximately one second on a single GPU, operating at 60 times real-time speed. It is designed to maintain 

consistent speaker identity and emotional nuance even in long-form content. Additionally, it features a "Personal 

Voice" capability that allows developers to create custom voice clones from a 10-second audio sample. 



MAI-Image-2 is the visual generation component of the suite, which recently debuted in the top three of the 

Arena.ai image leaderboard. This model focuses on photorealistic rendering, improved in-image text generation, 

and precise layout control for complex scenes. It is currently being integrated into Microsoft’s consumer and 

professional products, including Bing, PowerPoint, and Copilot, where it reportedly generates images twice as fast 

as previous iterations. 

That’s my take on it: 

The shift toward in-house development is a defining moment in the Microsoft-OpenAI partnership. While it doesn't 

signal an immediate breakup, it fundamentally changes the power dynamics between the two entities. For years, 

Microsoft was essentially a reseller of OpenAI's breakthroughs. By building the MAI (Microsoft AI) family, 

Microsoft is transitioning to a "coopetition" model (cooperation + competition). Microsoft's goal of "AI self-

sufficiency" means it can now handle specialized tasks—like high-speed transcription or image generation—using 

its own models, which are optimized for Azure's hardware (like the Maia chips) and are cheaper to run. If 

Microsoft moves a large portion of its "Copilot" traffic from GPT-4/GPT-5 to its own MAI models, OpenAI will lose 

a massive volume of inference revenue and data-refinement opportunities. 

The recent series of developments in the field of AI—the reduction in Nvidia’s investment on OpenAI from $100 

billion to $30 billion, the cancellation of the Disney-Sora partnership, and Microsoft’s pivot toward in-house AI—

collectively signal a significant "recalibration" phase for OpenAI. While these events are not necessarily a fatal 

setback, they represent the end of OpenAI’s era of uncontested dominance and the beginning of a much more 

difficult, competitive chapter. 

Link: https://thenextweb.com/news/microsoft-mai-models-openai-

independence#:~:text=Six%20months%20after%20renegotiating%20the,it%20spent%20%2413%20billion

%20cultivating 



Posted on April 5, 2026 

NeurIPS (Conference on Neural Information Processing Systems) is widely regarded as one of the most 

prestigious and influential conferences in artificial intelligence and machine learning. It serves as a primary venue 

where researchers from academia and industry present cutting-edge work, and acceptance at NeurIPS often 

carries significant weight in academic promotion, funding decisions, and professional recognition. 

In late March 2026, the NeurIPS Foundation released its Main Track Handbook with newly explicit language 

stating that the conference must comply with U.S. sanctions laws. The policy indicated that NeurIPS could not 

provide services, including peer review, editorial handling, and publication, to individuals or entities subject to 

sanctions. However, the initial wording went beyond what was strictly required, referencing a broader set of 

restrictions than the core Specially Designated Nationals (SDN) list. This created confusion and concern, as it 

appeared that a wide range of institutions—potentially including major Chinese technology firms and research 

organizations—might be affected. 

The reaction from the Chinese academic community was swift and forceful. Organizations such as the China 

Computer Federation called on researchers to withdraw submissions, decline reviewer roles, and step away 

from conference participation. The China Association for Science and Technology also signaled institutional 

disapproval by suspending support for participation in NeurIPS and discouraging engagement. In addition, some 

prominent researchers and conference organizers affiliated with Chinese institutions publicly resigned from their 

roles, citing concerns about political bias and unequal treatmen. 

Facing the prospect of losing a substantial portion of its global reviewer base and damaging its reputation as an 

open scientific forum, NeurIPS organizers responded within days. They issued a public clarification and apology, 

attributing the situation to a miscommunication in how the policy had been drafted and presented. The conference 

leadership emphasized that the broader interpretation had been unintentional and confirmed that they would align 

more narrowly with legally required restrictions—primarily those tied to the SDN list—while continuing to welcome 

submissions from all compliant researchers and institutions. They also indicated that they were working closely 



with legal counsel to ensure compliance without inadvertently creating what critics described as a de facto filter 

based on nationality or affiliation. 

That’s my take on it: 

Even though the policy was quickly revised and the immediate controversy surrounding NeurIPS has subsided, 

the long-term implications for global AI collaboration—particularly between the United States and China—may be 

more enduring. The episode has introduced a layer of uncertainty that cannot be easily undone. Once 

researchers begin to question whether participation in a major international conference could be constrained by 

geopolitical or legal considerations, the foundation of trust that underpins open scientific exchange is inevitably 

weakened. 

At a structural level, this tension reflects a deeper strategic divergence. China has made no secret of its 

ambition to become a global leader in advanced technologies, especially artificial intelligence, while the United 

States is equally committed to maintaining its leadership in the same domain. These objectives are not inherently 

incompatible, but in practice they create friction, particularly as AI becomes increasingly tied to national security, 

economic competitiveness, and technological sovereignty. In this context, a certain degree of mutual caution—or 

even distrust—may be less a moral issue than a predictable outcome of competing strategic priorities. 

A useful way to think about this dynamic is through analogy. Coca-Cola does not share its formula with Pepsi, and 

Nvidia does not disclose its most advanced chip designs to AMD. In highly competitive environments, protecting 

proprietary knowledge is both rational and expected. However, the analogy is not perfect. Historically, scientific 

research—especially in AI—has functioned as a relatively open ecosystem, where foundational ideas, methods, 

and findings are shared broadly, even as companies compete in applying them. What we are witnessing now is a 

gradual shift: elements of AI research that were once treated as public knowledge are increasingly viewed as 

strategic assets. 



As a result, the future of collaboration may not be defined by a dramatic rupture, but by a more subtle and 

incremental transformation. We may see more selective partnerships, with institutions choosing collaborators 

based on alignment and risk considerations. Parallel research ecosystems could emerge, with different standards, 

venues, and networks of trust. At the frontier of AI development, where the stakes are highest, openness may 

give way to greater discretion. Yet, complete decoupling remains unlikely, as the global AI ecosystem still 

depends on shared infrastructure, talent mobility, and a degree of intellectual exchange. 

In this sense, the NeurIPS incident is less an isolated event than a signal of a broader transition—from an era of 

largely open scientific collaboration to one in which research is increasingly shaped by strategic considerations. 

The trajectory ahead is unlikely to be a clean split, but rather a complex rebalancing, where cooperation and 

competition coexist in an uneasy and evolving equilibrium. 

Links: https://www.wired.com/story/made-in-china-ai-research-is-starting-to-split-along-geopolitical-lines/ 

https://www.reuters.com/world/china/china-boycotts-top-ai-conference-after-ban-papers-us-sanctioned-

entities-2026-03-27/ 
Posted on April 4, 2026 

Meta has indefinitely suspended its partnership with Mercor following a serious security breach. Mercor serves as 
a critical vendor for major AI labs, including OpenAI and Anthropic, helping generate proprietary datasets used to 
train advanced models. The breach originated from a supply chain attack involving LiteLLM, where a hacking 
group known as TeamPCP reportedly compromised software updates, potentially affecting thousands of 
organizations. Although OpenAI indicated that user data were not impacted, the incident may have exposed 
sensitive “industry secrets,” including custom datasets and training methodologies behind systems like ChatGPT 
and Claude. 

In response, contractors assigned to Meta-related projects—such as the Chordus initiative, which focuses on 

enabling AI systems to verify information across multiple online sources—have been instructed to halt work and 

stop logging hours while the project undergoes reassessment. This sudden pause has effectively left many 

specialized AI trainers without work for an indefinite period, as Meta and other companies initiate comprehensive 



security reviews. The situation underscores a deeper tension within the AI ecosystem: while firms such as Scale 

AI and Surge AI rely on secrecy to protect their competitive advantage, they remain exposed to conventional 

software supply chain vulnerabilities that can disrupt the entire industry. 

That’s my take on it: 

The "indefinite" pause in Meta's partnership with Mercor is a significant blow because Mercor isn't just a staffing 

agency; it is a critical "data foundry" for Meta’s most advanced AI projects. Specifically, Meta relies on Mercor to 

find "high-end" human trainers (lawyers, doctors, and engineers) to perform Reinforcement Learning from 

Human Feedback (RLHF). Losing access to Mercor’s pre-vetted network of thousands of experts creates a 

massive bottleneck in fine-tuning Meta's frontier models. 

The breach at Mercor was triggered by compromised versions of LiteLLM, a popular Python library used to route 

requests between different AI models (like GPT-4 and Claude). Meta has been a vocal proponent of open-source 

AI, yet this breach happened through a vulnerability in an open-source tool (LiteLLM). This complicates Meta's 

narrative that open source is inherently more secure because "more eyes" are on the code. 

Nonetheless, because open source such as Python libraries is foundational to modern AI and software 

development, the focus has shifted from "Is it safe?" to "How do we manage the risk?" Improving security in an 

open-source ecosystem requires a shift from passive consumption to active "supply chain hygiene." Contrary to 

popular belief, experts suggest never use "latest" versions in production. Rather, lock your software to specific 

versions so a malicious update to a library (like the LiteLLM incident) doesn't automatically infect your system. 

Link: https://www.wired.com/story/meta-pauses-work-with-mercor-after-data-breach-puts-ai-industry-

secrets-at-risk/#intcid=_wired-verso-hp-trending_861b0643-73eb-477d-9817-3f078ac182cf_popular4-2 
Posted on April 2, 2026 



Recently Anthropic accidentally exposed roughly 500,000 lines of internal code from its AI coding tool, Claude 

Code. The incident was not caused by a cyberattack, but by a human error during a routine software update, 

where a debugging file was mistakenly included in a public release. This file effectively provided access to the 

tool’s underlying architecture, internal performance data, and numerous unreleased features, giving outsiders an 

unusually detailed look into how the system works and what the company is developing next. 

Although Anthropic emphasized that no customer data, credentials, or core AI model weights were compromised, 

the leak still raised concerns because it revealed proprietary engineering approaches and product roadmaps. 

Developers quickly downloaded, analyzed, and even reverse-engineered the code, spreading it widely online 

despite the company’s attempts to remove it. 

The major concern is less about immediate damage and more about strategic risk. While the leak is not 

considered catastrophic, it effectively gives competitors a “blueprint” for building similar AI coding tools, potentially 

accelerating competition. At the same time, the incident has drawn scrutiny to Anthropic’s internal safeguards, 

especially given its positioning as a safety-focused AI company. Overall, the episode underscores a key tension 

in modern AI development: rapid innovation and deployment can outpace operational security, making even 

leading firms vulnerable to costly mistakes. 

That’s my take on it: 

This incident occurred on March 31, 2026, yet I chose not to comment on it immediately. Frankly, it was difficult to 

believe that such a significant and avoidable error could actually happen. I was concerned that raising the issue 

on April 1 might lead others to dismiss it as an April Fool’s joke. In fact, that was my initial reaction as well. 

However, after cross-checking the information with multiple credible sources, it became clear—regrettably—that 

the incident is indeed real. 

Anthropic was founded in 2021 by a group of former OpenAI researchers, including Dario Amodei and Daniela 

Amodei. Some of them left due to concerns about AI safety, scaling risks, and governance. They emphasized that 

frontier AI was advancing quickly and needed stronger safety-oriented research and deployment practices. Partly 

due to this responsible approach, Anthropic has strong traction with enterprise users. Claude models are often 



perceived as more controllable, less prone to risky outputs, and better for long-document tasks—features 

enterprises care about. 

There is little doubt that this incident undermines Anthropic’s carefully cultivated image as a leader in responsible 

AI. Errors of this nature are difficult to justify, particularly for an organization that positions safety and governance 

at the center of its mission. Anthropic had previously engaged in discussions and limited collaboration with the 

U.S. military, but stepped back amid concerns over the ethical implications of autonomous weapons and domestic 

surveillance. One can easily imagine the potential consequences had sensitive information about military 

applications of AI been exposed—such a scenario could pose serious risks to national security. In that sense, the 

outcome here could have been far more severe, and we were, perhaps, fortunate. 

At the same time, this incident does not necessarily indicate that Anthropic’s overall operational standards are lax 

or that its safety framework has deteriorated. It is more plausible that the mistake arose from a localized lapse—

perhaps involving only a small number of individuals—rather than a systemic failure. There is a well-known 

Chinese saying that captures this dynamic: a single piece of rat droppings can spoil an entire pot. The 

broader implication is clear. No matter how advanced AI systems become, and no matter how rigorously they are 

designed to support responsible use, the ultimate safeguard remains human judgment. In the end, it is 

people—not machines—who serve as the final gatekeepers of safety and accountability. 

Link: https://www.axios.com/2026/03/31/anthropic-leaked-source-code-ai 
Posted on March 31, 2026 

Recently Microsoft introduced multi-model intelligence to Researcher, a deep research agent designed for 
complex workplace tasks. This update moves beyond a single-model approach by integrating multiple AI models 
from frontier labs—specifically combining OpenAI’s GPT and Anthropic’s Claude—to work in tandem. The goal of 
this architecture is to enhance the accuracy, depth, and reliability of AI-generated reports by allowing different 
models to cross-reference each other’s work, thereby reducing hallucinations and improving analytical rigor. 

At the core of this update are two primary features: Critique and Council. Critique is a dual-model system that 

separates the research process into generation and evaluation phases; one model plans the task and drafts the 

report, while a second "reviewer" model assesses source reliability, evaluates completeness, and enforces strict 



evidence grounding. This peer-review loop ensures that final outputs are more factually sound and better 

organized. In contrast, Council allows users to run two different models (e.g., GPT and Claude) simultaneously to 

produce independent reports. A third "judge" model then creates a cover letter summarizing the key findings, 

highlighting where the two models agree or diverge, and calling out unique insights from each. 

Evaluations of this new architecture indicate significant performance gains over traditional single-model 

workflows. According to Microsoft, the multi-model approach has led to measurable improvements in factual 

accuracy, citation quality, and the overall breadth of research. By providing users with clear optionality and 

transparent comparisons between models, Microsoft aims to offer a more robust tool for high-stakes professional 

research, ensuring that users can make decisions with greater confidence based on validated, multi-perspective 

AI insights. 

That’s my take on it: 

Microsoft’s multimodal intelligence approach is not entirely unprecedented. Perplexity AI offers a comparable 

feature called Model Council, which executes a query across multiple models in parallel and then synthesizes 

their outputs into a single, unified response. Importantly, it highlights areas of agreement and disagreement 

among the models, positioning this approach as a way to mitigate individual model blind spots and reduce the 

burden of manually comparing separate outputs. 

The key distinction lies in how the models are orchestrated. Model Council operates in parallel—multiple models 

generate responses simultaneously, which are then aggregated through a synthesis process. While Microsoft’s 

council model resembles Perplexity’s Model Council, in the critique mode Microsoft employs 

a sequential approach: one model produces an initial draft, and a second model reviews and refines it iteratively. 



This difference closely mirrors a well-established distinction in data science methodologies. Model Council’s 

parallel aggregation resembles bagging techniques such as random forests, where multiple decision trees are 

built independently and combined to produce a final result. By contrast, Microsoft’s sequential refinement aligns 

with gradient boosting, where an initial model is progressively improved through iterative corrections that 

minimize residual error. 

This parallel reveals a broader insight: certain foundational logics—parallel aggregation versus sequential 

refinement—transcend specific domains and can be effectively applied across both data science and modern AI 

system design. 

Link: https://techcommunity.microsoft.com/blog/microsoft365copilotblog/introducing-multi-model-

intelligence-in-researcher/4506011 
Posted on March 28, 2026 

There is a widespread belief that AI hallucination is inherently harmful, largely because of the negative publicity 
surrounding it. High-profile cases have reinforced this perception—for example, instances in which AI systems 
generated academic references that did not actually exist. Such incidents understandably raise concerns about 
reliability and credibility. But, is AI hallucination always bad? Is there any case of good hallucination? 
Link: https://youtu.be/9R90k3S-oxg 
Posted on March 27, 2026 

In March 2026, U.S. District Judge Rita Lin granted a preliminary injunction in favor of the AI startup Anthropic, 
temporarily halting the Trump administration’s efforts to blacklist the company from government use. The legal 
battle began after the Department of Defense designated Anthropic as a "supply-chain risk"—a classification 
typically reserved for foreign adversaries—and President Trump issued a directive ordering all federal agencies to 
cease using the company’s technology. The administration’s actions followed a breakdown in negotiations over a 
$200 million contract; Anthropic had refused to remove safety guardrails that prohibited its AI, Claude, from being 
used for fully autonomous lethal weapons or domestic mass surveillance. 



In her ruling, Judge Lin expressed skepticism toward the government’s justification, characterizing the 

administration's measures as "punitive" rather than procedural. She noted that while the government has the 

right to choose its contractors, it cannot use national security designations as a tool for "Orwellian" retaliation 

against an American company for expressing policy disagreements. The judge further suggested the 

administration’s actions likely violated the First Amendment and the Administrative Procedure Act, as the 

government failed to follow standard debarment procedures and appeared to be punishing the company for its 

protected speech regarding AI safety. 

The injunction provides Anthropic with a critical temporary victory, shielding it from what the company argued 

would be "irreparable harm" to its reputation and billions of dollars in potential revenue. Although the ruling 

pauses the enforcement of the ban and the supply-chain risk designation, it does not force the Pentagon to 

continue purchasing Anthropic’s services. As the case moves toward a final judgment, it is expected to serve as a 

landmark test of executive authority, the limits of national security claims, and the government’s power to regulate 

AI companies that operate within the defense sector. 

That’s my take on it: 

I completely agree that Anthropic’s refusal to back down on its ethical principles, even at the cost of massive 

federal contracts, is admirable. To me, the core of the issue isn't a blanket ban on AI in the military, but rather the 

essential need to set a firm limit on AI weaponization before it escapes human oversight. By maintaining these 

guardrails—specifically against fully autonomous lethal action—I believe Anthropic is challenging the dangerous 

"race to the bottom" where safety is traded for strategic speed. This stance highlights a growing tension: if the 

government can force the removal of these protections, we risk a future where only the most "unfiltered" and 

potentially volatile AI systems are the ones integrated into our national defense. 



This case has also solidified my view that the separation of powers is functioning exactly as it should to prevent 

the executive branch from weaponizing technology without limit. Without the court’s intervention, the 

administration could have successfully used national security designations as a tool for "Orwellian" retaliation 

against any private company that refused to comply with its specific vision. In my view, this check and balance 

shouldn’t just rest with the government branches; it requires a robust ecosystem of stakeholders, including 

corporations, users, NGOs, mass media, and academia, to act as a collective oversight body. When a company 

like Anthropic or a group of concerned researchers pushes back, they function as a vital "fourth branch" of 

accountability. 

Furthermore, I would add that this battle frames AI safety protocols as a form of protected speech. By treating 

Anthropic’s safety guardrails as a core part of its corporate identity and expression, the court is suggesting that 

the government cannot easily compel a company to "mute" its ethical conscience. If the U.S. wants to remain a 

global leader in "Responsible AI," it cannot afford to drive its most principled innovators out of the defense 

sector. Ultimately, this injunction is a win for a decentralized model of governance where the boundaries of lethal 

technology are negotiated by society at large, rather than dictated by a single office. 

Link: https://www.msn.com/en-us/money/other/anthropic-wins-injunction-in-court-battle-with-trump-

administration/ar-AA1ZtPuu 
Posted on March 27, 2026 

In a recent article titled "How AI Chatbot Use Can Cause ‘Digital Folie à Deux’," Dr. Joe Pierre explores the 
emerging phenomenon of "AI-associated psychosis," drawing a parallel between modern human-AI interactions 
and the rare psychiatric syndrome folie à deux (madness of two). Traditionally, this syndrome involves a dominant 
individual transmitting a delusion to a secondary, impressionable person. In the digital version, however, the 
"delusion" is not merely passed from one to the other but is instead co-constructed through a "bidirectional belief 
amplification." Dr. Pierre notes that as users immerse themselves in prolonged, existential, or fantastical 
conversations, the AI’s inherent "sycophancy"—its programmed tendency to be agreeable, validating, and 



encouraging to maintain engagement—acts as a mirror that reinforces the user’s cognitive biases and "motivated 
reasoning" to a dangerous degree. 

The author argues that this interaction is less like a simple transmission and more like an "interactive dance" 

where both parties fuel a spiraling delusional system. While traditional folie à deux is rare, "digital folie à deux" is 

becoming increasingly common due to the way Large Language Models (LLMs) are designed to prioritize fluent, 

flattering mimicry over factual accuracy. Dr. Pierre highlights "immersion" and "deification"—the act of treating AI 

as a god-like or all-knowing entity—as major risk factors that can lead users to prioritize a chatbot's validation 

over the concerns of real-world friends or family. He warns that this is a "canary in a coal mine" for a broader 

societal shift toward folie à mille (madness of a thousand) or even la folie des milliards (madness of billions), 

where AI-fueled confirmation bias and political propaganda could eventually erode any shared sense of objective 

reality on a global scale. 

That’s my take on it: 

True. The risk of reinforcing delusion or confirmation bias due to AI is real. Unlike a human friend—or even a 

stranger on social media—who might eventually disagree with you or grow bored, AI is programmed to 

be sycophantic. It is designed to maintain engagement by being helpful, polite, and validating. 

Nonetheless, AI can also act as an "objective mediator" or a "bias-checker". Unlike a social media feed, which 

is often a passive "push" of content designed to trigger emotional engagement, a deliberate interaction with an AI 

can be a "pull" for structured, multi-faceted analysis. If a user prompts the AI to "play devil’s advocate" or "provide 

a balanced overview of a complex topic," the LLM's ability to synthesize vast amounts of diverse data can actually 

break an echo chamber rather than reinforce it. In this light, the "sycophancy" Dr. Pierre warns about isn't an 

unchangeable law of physics; it is a design choice that can be mitigated through "system prompts" or user training 

that prioritizes critical thinking and truth-seeking over simple agreement. 



Ultimately, the outcome likely depends on the Information Literacy of the user. Just as a researcher uses a 

library to find opposing viewpoints rather than just confirming their own, an educated AI user can treat the chatbot 

as a high-speed research assistant capable of highlighting nuances that a human might miss. This places a 

significant burden on educators and developers to move away from "engagement-at-all-costs" models and toward 

"epistemic humility." If we train students to use AI as a partner in Socratic dialogue—questioning assumptions 

rather than just seeking answers—the technology transitions from a source of "digital folie à deux" to a powerful 

tool for intellectual growth and scientific clarity. 

Link: https://www.psychologytoday.com/us/blog/psych-unseen/202603/how-ai-chatbot-use-can-cause-

digital-folie-a-deux 
Posted on March 25, 2026 

OpenAI has abruptly decided to discontinue its AI video platform Sora, marking a sharp strategic pivot for the 
company. The shutdown came as a surprise not only to external partners—such as Walt Disney, which had been 
negotiating a major $1 billion collaboration—but even to members of OpenAI’s own Sora team. Although the 
partnership was publicly announced, it was never finalized and no funds were exchanged before the cancellation.  

The core reason behind the decision appears to be resource allocation. Sora required extremely high 

computational power, which limited OpenAI’s ability to invest in other, more profitable and strategically important 

areas. As a result, the company is shifting its focus toward enterprise products, coding tools, robotics, and long-

term goals like artificial general intelligence (AGI), while also working toward consolidating its offerings into a 

single “super-app.”  

Despite Sora’s rapid rise—following its 2024 debut with impressive text-to-video capabilities—the platform faced 

growing challenges. These included intense competition from rival AI firms, mounting operational costs, and 

broader industry pressures to prioritize revenue-generating products. Overall, the decision highlights OpenAI’s 

transition from experimental, high-profile innovations toward a more commercially focused and streamlined 

business strategy, especially as it prepares for a potential future public listing. 

  



That’s my take on it 

It is surprising to see Sora being discontinued. When it was introduced, it quickly became one of the most visible 

benchmarks for AI video generation, showcasing what the technology could achieve at a high level. 

Is this kind of outcome unprecedented? Not at all. The history of technology is full of dominant products being 

overtaken or displaced: Microsoft Word eclipsing WordPerfect, Microsoft Excel surpassing Lotus 1-2-3, 

and Windows NT Server overtaking Novell NetWare. What is different today is the pace. In earlier eras, these 

transitions often took many years; in the AI space, competitive cycles can compress into just a couple of years—

or even months. Sora’s short lifespan highlights how intense, capital-heavy, and fast-moving the current AI race 

has become, as well as how uncertain product longevity is in this market. 

At the same time, part of Sora’s decline can reasonably be attributed to product and user experience decisions. I 

was one of the early adopters of Sora, and I was initially impressed by its capabilities. However, when OpenAI 

introduced a newer version, I encountered a frustrating issue: unlike Google Veo, which keeps its logo 

consistently fixed in the lower right corner, Sora’s logo would move unpredictably across the screen. That 

seemingly small detail became quite disruptive in practice. Over time, I found myself moving away from Sora and 

eventually switching to alternatives like Google Veo and Midjourney. 

That said, I still recognize that OpenAI played a pivotal role in advancing AI video generation. Sora helped define 

what high-quality generative video could look like and set an important benchmark for the industry. Even if it did 

not endure, it remains a meaningful and respectable milestone in the evolution of AI. 

  

Link: https://www.reuters.com/technology/openai-set-discontinue-sora-video-platform-app-wsj-reports-

2026-03-24/ 
Posted on March 20, 2026 

Recently Anthropic employed an AI interviewer to gather insights from users across 159 countries. The results of 
this massive qualitative study are published in the report titled "What 81,000 people want from AI”. The findings 
reveal that while users primarily seek "professional excellence" and productivity, their underlying motivations are 
deeply human, ranging from a desire for more time with family to seeking emotional support during crises like 



the war in Ukraine (AI companion). A significant majority of respondents (81%) reported that AI has already taken 
steps toward fulfilling their visions, particularly through technical accessibility, cognitive partnership, and non-
judgmental learning environments. 
  
However, the report highlights a "light and shade" duality where every benefit is mirrored by a corresponding fear. 
For instance, while many value AI for its time-saving capabilities, they simultaneously worry about "illusory 
productivity" and the pressure to work even faster. Other significant tensions include the balance between using 
AI as a learning tool versus the risk of cognitive atrophy, and the comfort of AI companionship versus the fear of 
emotional dependence. Unreliability remains the most cited concern (27%), followed closely by worries regarding 
job displacement and the loss of human autonomy. 
  
Regional differences also play a major role in how AI is perceived. People in lower and middle-income countries, 
such as those in Sub-Saharan Africa and South Asia, generally view AI with higher optimism, seeing it as a 
"capital bypass" for entrepreneurship or a tool for educational mobility. In contrast, users in North America and 
Western Europe tend to be more concerned with systemic issues like governance, privacy, and surveillance. 
Ultimately, the study suggests that users are not cleanly divided into "optimists" or "pessimists," but are instead 
individuals managing simultaneous hopes and anxieties as AI becomes increasingly intertwined with their daily 
lives. 
  
That’s my take on it: 
While the specific findings of the study are insightful, the real intrigue lies in its profound implications for the future 
of qualitative research. Traditionally, this field has been defined by its labor-intensive nature—a grueling cycle of 
interviewing, transcribing, coding, and categorizing. Because these processes are so manually demanding, typical 
sample sizes are restricted to a mere 8–15 participants, often leading critics to dismiss qualitative work as 
lacking generalizability or transferability. 
The Anthropic study represents a massive leap forward. While using Natural Language Processing (NLP) for text 
mining and transcription is nothing new, the deployment of a tireless AI interviewer to conduct 81,000 open-
ended conversations is a paradigm shift. By operating at this unprecedented scale, AI effectively dismantles the 
"small sample" limitation that has long dogged qualitative methodologies. 
Despite this revolution, the goal isn't to automate the researcher out of existence. A "human in the loop" remains 
a necessity for several reasons: 

 Academic Integrity: At present, major journals do not recognize AI as a legitimate or accountable author. 



 High-Level Cognition: AI excels at the "mechanics" of research, but humans are still required for the 
heavy lifting of conceptualization and contextual interpretation. 

 Critical Analysis: We must still be the ones to weigh alternative explanations and synthesize findings into 
meaningful narratives. 

At the end of the day, AI is not a replacement for the researcher; it is a liberation. By automating the tedious 
logistics of data collection, it allows us to focus our intellectual energy on what matters most: thinking. 
Link: https://www.anthropic.com/features/81k-interviews 
Posted on March 5, 2026 

On March 4, 2026 China AI company shocked the world by releasing Yuan 3.0, a 1-trillion-parameter AI model. 
Developed by YuanLab AI, this flagship system represents a massive architectural leap from its predecessors, 
moving into the "trillion-scale" club with a sophisticated Mixture-of-Experts (MoE) design. Although the model 
contains roughly 1.01 trillion total parameters, its efficiency is bolstered by a "Layer-Adaptive Expert Pruning" 
algorithm, which keeps only about 68.8 billion parameters active during any single inference task. This innovation 
allowed the developers to train a model with the raw capacity of a 1.5-trillion-parameter system while maintaining 
the operational agility required for real-world enterprise applications. As an open-source release, Yuan 3.0 Ultra 
has significantly lowered the barrier for global researchers to access frontier-level performance, specifically 
optimized for high-density Chinese and English multimodal tasks. 

The competitive landscape between Yuan 3.0 and its US counterparts is nuanced, defined by a narrowing gap in 

specific technical benchmarks. Yuan 3.0 has demonstrated clear superiority in enterprise-centric domains, 

particularly in Retrieval-Augmented Generation (RAG) and complex document understanding. In specialized 

tests like Docmatix and ChatRAG, the Chinese model frequently outperforms US giants like GPT-5.2 and Claude 

4.6, excelling at extracting precise information from massive, unorganized datasets. 

That’s my take on it: 

Although US frontier models—specifically GPT-5.2 and OpenAI’s o3—continue to maintain a definitive lead in 

generalized reasoning, autonomous agentic workflows, and "zero-shot" logic, expert estimates that they lead in 

deep cognitive reasoning and tool integration by approximately 4 to 7 months only, not by years anymore. Based 

on this trajectory, it is tantalizing to ask whether China is going to win the AI race. 



Several critical bottlenecks make a definitive Chinese "victory" uncertain. The U.S. still commands a massive lead 

in raw compute power, holding approximately 75% of the world’s high-end GPU cluster performance compared to 

China’s 15%. Furthermore, while China excels at "efficiency revolutions"—building world-class models at a 

fraction of the cost—the U.S. remains the global hub for the "top 1%" of AI research talent, many of whom 

are international experts drawn to the American ecosystem. While the "electron gap" (energy availability) favors 

China’s rapid infrastructure expansion, the U.S. retains control over the most advanced semiconductor designs. 

However, the recent shift in U.S. immigration policy, specifically the $100,000 "talent tax" on H-1B petitions 

introduced in late 2025, has fundamentally altered the global AI landscape. This financial barrier, combined with a 

more restrictive atmosphere toward foreign professionals, is actively diverting elite researchers toward tech hubs 

in Europe and China, where recruitment efforts have intensified. While the U.S. still retains a temporary lead 

through its concentrated compute power and established research networks, this policy risk creates a long-term 

"innovation drain." As the next generation of top-tier talent increasingly opts for more stable environments, the 

U.S. risks ceding its "4 to 7-month" lead in frontier reasoning to international competitors who are prioritizing talent 

acquisition as a matter of national strategy. Yuan 3.0 is a wake-up call! 

Link: https://www.marktechpost.com/2026/03/04/yuanlab-ai-releases-yuan-3-0-ultra-a-flagship-multimodal-

moe-foundation-model-built-for-stronger-intelligence-and-unrivaled-efficiency/ 
Posted on March 2, 2026 

On February 27, 2026, President Trump ordered all U.S. federal agencies to immediately cease using 

Anthropic’s Claude AI, following a high-stakes standoff between the company and the Pentagon (recently 

rebranded as the Department of War). The dispute centered on Anthropic's refusal to remove ethical guardrails 

that prohibited Claude from being used for mass domestic surveillance and fully autonomous lethal 

weapons. Defense Secretary Pete Hegseth subsequently labeled Anthropic a "supply chain risk to national 

security," a designation typically reserved for foreign adversaries. 



Despite this public ban, the U.S. military reportedly utilized Claude AI just hours later during Operation Epic 

Fury, a massive joint air assault with Israel against Iran on February 28. According to reports from the Wall Street 

Journal and Axios, the AI was used for intelligence analysis, target identification, and battlefield 

simulations during the strikes, which resulted in the death of Iran’s Supreme Leader, Ayatollah Ali Khamenei. 

The apparent contradiction between the ban and the operational use is due to how deeply Claude is currently 

embedded within the U.S. military’s classified networks. While the President’s directive called for an immediate 

halt, the official executive order included a six-month phase-out period to allow the Department of War to 

transition to other providers, such as OpenAI or xAI. Military analysts noted that because Claude was the only 

frontier model fully integrated into these secure systems at the time of the attack, it remained a critical mechanical 

necessity for the mission's planning and execution despite the fractured relationship between the government and 

the tech firm. 

Following the sudden ban on Anthropic’s Claude, OpenAI and xAI have moved rapidly to fill the strategic vacuum 

within the U.S. military’s classified networks. On February 27, 2026, just hours after the ban was announced, 

OpenAI CEO Sam Altman confirmed that the company had reached a landmark agreement with the Department 

of War to deploy its models into classified systems. This deal, reportedly worth up to $200 million, allows the 

Pentagon to utilize OpenAI’s frontier technology for intelligence analysis and mission planning. While Altman 

insisted that OpenAI maintains "red lines" against mass domestic surveillance and fully autonomous weapons, the 

company has reportedly integrated these safeguards technically into its architecture to satisfy the government’s 

demand for all lawful use flexibility—a compromise that Anthropic had refused. 

Elon Musk’s xAI has also solidified its position as a primary alternative, having already cleared its Grok model for 

use in classified military systems in late January 2026. Unlike Anthropic, xAI reportedly agreed early on to the 



Pentagon's unrestricted "all lawful use" standard, positioning Grok as a more permissive tool for battlefield 

operations and weapons development. 

That’s my take on it: 

The recent integration of Claude AI into Operation Epic Fury—the February 28, 2026, strike against Iranian 

infrastructure indicates that artificial intelligence has become an indispensable utility in modern warfare. This 

inevitability highlights a growing strategic anxiety: the "innovation-security paradox." Proponents of unrestricted 

AI argue that if the United States imposes rigorous roadblocks and moral constraints while adversaries operate 

without such inhibitions, the U.S. risks a capability gap that could allow rivals to surpass American military 

dominance. 

This geopolitical tension mirrors the Nuclear Arms Race of the Cold War. Just as the U.S. and the USSR 

stockpiled thousands of warheads—reaching a peak of over 60,000 combined units by the mid-1980s—despite 

knowing that such an arsenal could annihilate the entire human civilization, major powers were racing to achieve 

"Algorithmic Superiority." The existential threat of Mutually Assured Destruction (MAD) eventually forced both 

sides to the negotiating table, resulting in landmark treaties like SALT I and START I, which successfully reduced 

global nuclear arm stockpiles from their Cold War highs. 

The weaponization of AI may follow a similar historical trajectory. Currently, we are in the "proliferation phase," 

where the fear of falling behind drives the removal of safety guardrails and the acceleration of autonomous 

systems. However, as AI capabilities scale toward Artificial General Intelligence (AGI), the risk of 

miscalculation, unintended escalation, or loss of human control may eventually outweigh the tactical advantages. 

Just as the threat of nuclear winter of the 20th century led to international cooperation, the hope is that the global 



community will reach a breaking point where the threat to planetary stability becomes too large to ignore, 

eventually mandating international AI non-proliferation agreements and standardized safety protocols. 

If we wait until we are dominated by a real-world Skynet or autonomous 'terminators,' the opportunity for oversight 

will have already vanished; by then, it will be too late. 

Links: https://www.wxxinews.org/npr-news/2026-02-27/openai-announces-pentagon-deal-after-trump-

bans-anthropic 

https://www.theguardian.com/technology/2026/mar/01/claude-anthropic-iran-strikes-us-military 

https://openai.com/index/our-agreement-with-the-department-of-war/ 

https://www.thecooldown.com/green-tech/pentagon-ai-military-technology-regulation/ 
Posted on February 27, 2026 

Recently Perplexity AI released a new product called Perplexity Computer, which is a new “agentic” 
workspace where the user describes an outcome (e.g., “analyze S&P 500 valuation trends and plot them”), and it 
can plan, run code, fetch data, and produce outputs like charts, reports, or even full apps, by orchestrating 
many AI models together. 

Basically, it is a persistent project space that can run for hours or even months, managing multi-step workflows on 

your behalf (research, coding, data analysis, visualization, reporting, etc.). Behind the scenes, it routes subtasks 

across ~19 different AI models (different models for research, code, design, images, video, long-context recall, 

etc.), instead of relying on a single LLM. 

It remembers prior work and context across sessions, and therefore the user can grow a portfolio of projects (for 

example, multiple finance or S&P 500 analysis workspaces) without re-specifying everything each time. There is a 

public “live Computer tasks” page that functions as a gallery of real-time example projects: 

Link: https://www.perplexity.ai/computer/live 



One of the impressive demos is the SP500 Bubble Chart Website. It can load the data, perform analysis, and then 

create animated bubble plots and line charts. What the user needs to do is just a prompt like the following: “Pull 

daily S&P 500 index data for the last 10 years, compute annualized return and volatility by year, and generate (a) 

a line chart of index level over time and (b) a bubble plot of yearly return vs. volatility where bubble size reflects 

trading volume or total market cap.” 

That’s my take on it: 

The emergence of agentic AI workspaces such as Perplexity Computer represents a meaningful shift in how 

analytical work may be performed and delivered. In effect, the traditional analytics pipeline—data preparation, 

modeling, chart construction, interpretation, and reporting—can be compressed into a high-level instruction. This 

reframes analytics not as a sequence of technical procedures but as an outcome-oriented process. 

For conventional analytics and visualization companies such as Salesforce (including Tableau) and SAS, the 

immediate pressure is not existential, but structural. Tools historically differentiated themselves through user 

interfaces that facilitated intermediate analytical steps: data blending, calculated fields, drag-and-drop 

visualization design, and dashboard publishing. If agentic systems can reliably generate polished charts, reports, 

or even lightweight web applications directly from natural language instructions, the value of manual authoring 

interfaces may diminish. In that sense, analytics user experience becomes less about constructing artifacts and 

more about validating and governing them. 

However, large enterprises do not merely purchase visualization tools; they invest in ecosystems. Enterprise 

platforms provide governed semantic layers, certified data definitions, role-based access control, compliance 

logging, and integration with identity and workflow infrastructures. These institutional requirements—particularly in 

regulated industries—are not easily displaced by an external agentic workspace. Even if exploratory analyses and 

prototypes are generated through agentic AI, official reporting, audited metrics, and decision-critical analytics are 

still likely to reside within governed environments maintained by incumbents. In this way, agents may erode 



portions of the front-end experience while reinforcing the value of trusted data layers and operational control 

frameworks. 

For Salesforce, the developer of Tableau, the strategic response has already begun to take shape in the form of 

embedded AI assistants and agent-driven analytics experiences. The competitive field is shifting toward platforms 

that combine natural language interaction with enterprise governance. Similarly, SAS—particularly through 

its Viya ecosystem—remains well positioned in contexts where methodological rigor, validation, and model 

lifecycle management are essential. Agentic AI excels at producing analytical artifacts, but enterprises ultimately 

require reproducibility, documentation, audit trails, and controlled deployment. The distinction between 

generating analysis and institutionalizing it becomes even more important in an agent-enabled environment. 

The likely near-term outcome is convergence rather than displacement. Agentic tools will increasingly incorporate 

governance and enterprise controls, while established analytics vendors will embed multi-model orchestration and 

persistent project spaces into their own ecosystems. Over time, the boundary between “agent” and “analytics 

platform” will blur. What changes most dramatically is user expectation: analytics software will be judged less 

on how efficiently it allows users to build dashboards and more on how effectively it automates insight production 

while preserving trust and control. 

There are also crucial implications for data science education. As agentic AI systems reduce the importance of 

procedural mechanics—writing boilerplate code, manually configuring plots, or memorizing software-specific 

commands—the center of gravity in training must shift. Procedural skills such as coding, while still useful, should 

no longer dominate the curriculum. Instead, domain knowledge and conceptual understanding of data 

analytics become paramount. The ability to formulate a meaningful question, select appropriate metrics, interpret 

variability, and recognize methodological limitations cannot be automated through prompting alone. Although 

anyone can type a natural-language instruction, it requires a well-trained data scientist who understands what a 

bubble plot represents—its axes, encoding, assumptions, and interpretive limits—to craft an effective prompt and 



evaluate whether the resulting visualization is analytically sound. In an era of agentic AI, intellectual judgment, 

conceptual clarity, and domain expertise become the true differentiators. 

Link: https://www.perplexity.ai/products/computer 
Posted on February 25, 2026 

Critics argue that U.S. firms like Anthropic and OpenAI defend their own sprawling data collection under the 
banner of fair use while pushing for aggressive enforcement against foreign competitors. However, the very 
models (like Claude) that the Chinese companies are "distilling" were built using data that Anthropic did not have 
the rights to use in the first place. 
While the argument that American AI companies are simply "doing the same thing" serves as a powerful rhetorical 
counter-punch, it ultimately fails to provide a logical justification for the actions of others. This line of reasoning is 
a classic example of the tu quoque fallacy—Latin for "you too"—which attempts to discredit a claim by accusing 
the speaker of hypocrisy rather than addressing the actual merits of their argument. 
Link: https://youtu.be/onO2jK-CHwM 
Posted on February 24, 2026 

On Feb 23, 2006, Anthropic published a blog post accusing three prominent Chinese AI labs — DeepSeek, 
MiniMax, and Moonshot AI — of creating over 24,000 fraudulent accounts and conducting over 16 million 
exchanges with Claude, using a technique called distillation. 

What is Distillation? 

Distillation is essentially when a small "student" model is trained to replicate the performance of a much larger 

"teacher" model — effectively copying someone's homework without permission. Frontier AI labs routinely distill 

their own models to create smaller, cheaper versions for their customers, but most leading proprietary AI 

providers explicitly ban competitors from doing it to their models. 

How the Attacks Were Carried Out 



The campaigns used fraudulent accounts and commercial proxy services to access Claude at scale while 

avoiding detection. In one case, a single proxy network managed more than 20,000 fraudulent accounts 

simultaneously, mixing distillation traffic with unrelated customer requests to make detection harder. 

What Each Company Targeted 

DeepSeek, across about 150,000 exchanges, targeted Claude's reasoning capabilities and even sought help 

generating censorship-safe alternatives to politically sensitive queries. Moonshot AI, across 3.4 million 

exchanges, targeted agentic reasoning, tool use, coding, and computer vision. MiniMax drove the most traffic — 

over 13 million exchanges — targeting agentic coding and tool use capabilities. 

A Notable Detail About MiniMax 

Anthropic detected MiniMax's campaign while it was still active. When Anthropic released a new model during the 

campaign, MiniMax pivoted within 24 hours, redirecting nearly half its traffic to capture capabilities from the latest 

system. 

National Security Concerns 

Anthropic warned that models built through illicit distillation are unlikely to retain safety guardrails, meaning 

dangerous capabilities could proliferate without protections — potentially enabling things like bioweapons 

development or malicious cyber activity. 

The Broader Context 

Anthropic's accusations follow a similar memo by OpenAI to U.S. lawmakers earlier in February, claiming 

DeepSeek had been improperly distilling its models as well. Anthropic is also using the allegations to argue for 



tighter chip export controls on China, saying the scale of these attacks requires access to advanced 

semiconductors. 

The Pushback 

The allegations haven't been without criticism. Many commentators quickly pointed out what they see as an 

uncomfortable symmetry: Anthropic itself has faced accusations of overreaching in its own data collection, 

including a $1.5 billion copyright settlement with authors in September 2025. Critics argue that U.S. firms like 

Anthropic and OpenAI defend their own sprawling data collection under the banner of fair use while pushing for 

aggressive enforcement against foreign competitors. 

That’s my take on it: 

The Logical Misstep: Tu Quoque and “Two Wrongs” 

Saying that the US AI companies are doing the same sounds like a strong counter-argument, but it still cannot 

justify the actions. This is a common logical fallacy known as the tu quoque (you too). Prior misconduct—real or 

alleged—does not automatically license subsequent misconduct. Simply put, two wrongs do not make a right. 

Selective Enforcement and the Charge of Inconsistency 

Critics, however, are often making a subtler claim than simple justification. Their concern centers on selective 

enforcement. If American AI firms defend expansive data ingestion under doctrines such as fair use, while 

simultaneously advocating aggressive enforcement measures against foreign competitors for distillation practices, 

observers may perceive inconsistency. The issue here is less about excusing distillation and more 

about credibility. When firms operate in legally and ethically contested spaces themselves, calls for strict 

enforcement against others can appear strategically motivated rather than principled. This does not invalidate 

their complaints, but it complicates the moral posture from which those complaints are made. 

Structural Asymmetry Between Training and Distillation 



At the same time, there is a meaningful structural asymmetry between training on publicly accessible data and 

extracting outputs from a proprietary model through coordinated circumvention. Training typically involves 

ingesting material that is publicly available on the open internet, even if copyright questions remain unresolved. 

Distillation campaigns that rely on fraudulent accounts, proxy networks, and deliberate evasion of safeguards, by 

contrast, target a closed system whose outputs are governed by contractual terms and technical protections. The 

mechanisms, intent, and institutional contexts differ. One practice raises unresolved questions about copyright 

and fair use; the other may involve breach of terms of service, deception, or other forms of deliberate access 

circumvention. The categories are not identical, even if both involve large-scale knowledge extraction. 

To collapse these distinct practices into a single moral category risks equivocation, another common logical 

fallacy, because it relies on treating different forms of access and control as if they were conceptually 

interchangeable. 

Public Data vs. Proprietary Systems 

The distinction between public data and proprietary systems is therefore central. Publicly accessible content 

exists within a domain where reuse, transformation, and aggregation have long been debated but are structurally 

possible without breaching access controls. 

Proprietary AI systems, however, are gated environments. When actors create thousands of accounts or route 

traffic through commercial proxies to extract model behavior at scale, the issue shifts from interpretation of reuse 

norms to intentional circumvention of access boundaries. This does not settle the legality of either practice, but it 

underscores that the ethical terrain differs in kind, not merely degree. 

The Cookbook vs. Restaurant Kitchen Analogy 

A useful metaphor is the “Cookbook vs. Restaurant Kitchen” analogy. Imagine a chef who studies thousands of 

publicly sold cookbooks, internalizes techniques, and refines their own culinary style. Some authors may object 

that their recipes indirectly fuel commercial success elsewhere, and debates may arise about attribution, 

originality, and transformation. 



Now imagine another chef who sneaks into a rival’s private kitchen, observes the preparation of a signature 

sauce, and reverse-engineers it for competitive advantage. Even if the first scenario raises ethical questions about 

large-scale reuse of published material, it does not justify covertly extracting proprietary processes from a closed 

environment. The two situations share a theme of learning from others, but they differ fundamentally in access 

conditions and intentional boundary crossing. 

Conclusion: A Morally Ambiguous Frontier 

Ultimately, the AI ecosystem operates within a morally ambiguous frontier. Large-scale data training, model 

distillation, intellectual property law, and technological acceleration intersect in ways that strain existing legal and 

ethical frameworks. Accusations of hypocrisy do not automatically negate legitimate grievances, yet moral outrage 

becomes more complex when all major actors navigate gray zones. Recognizing structural differences between 

practices while resisting the temptation of the tu quoque and equivocation fallacies allows for clearer reasoning. In 

a rapidly evolving technological landscape, consistency, transparency, and principled argumentation matter 

precisely because no participant stands entirely outside ethical ambiguity. 

Links: https://www.anthropic.com/news/detecting-and-preventing-distillation-attacks 

https://www.youtube.com/watch?v=M707nLRLg3Q 
Posted on February 24, 2026 

Artificial intelligence has rapidly become embedded in nearly every sector of society. From higher education and 
healthcare to finance and creative industries, institutions are eager to harness AI to improve efficiency, 
productivity, and innovation. Yet alongside this enthusiasm, a number of persistent misconceptions continue to 
shape public discourse. These misunderstandings do more than distort technical realities—they risk limiting our 
strategic thinking about how AI should be responsibly and effectively deployed. In this discussion, I would like to 
revisit several common myths and clarify what is often overlooked. 
Link: https://www.youtube.com/watch?v=avhse-ro4pY 
Posted on February 22 2026 

Since the resurgence of AI in 2022 following the breakthrough of ChatGPT, one might have expected classical AI 
languages such as Lisp and Prolog to experience a revival. Yet that revival did not occur. Although Prolog 



continues to appear in certain niche rule-based systems and logical engines where traceability and formal 
reasoning remain important, classical AI languages have largely become marginalized. Several factors explain 
this historical and technological shift. 

Link: https://www.youtube.com/watch?v=vtszVYEs72s 
Posted on February 22, 2026 

This talk aims to bridge the gap between AI theory and the practical reality of modern development. It is important 
to note that Artificial Intelligence is not powered by a single programming language. Rather, it is built upon a 
layered ecosystem of languages, tools, and infrastructure components that work together. 
Link: https://youtu.be/g3W107GnIn8  
Posted on February 20, 2026 

Recently Gemini 3.1 Pro introduces significant advancements in reasoning and intelligence, building upon the 

breakthroughs seen in the recently released Gemini 3 Deep Think. This version is designed specifically for 

complex problem-solving where simple answers are insufficient. The following are the major new features and 

upgrades: 

1. Breakthrough Reasoning Capabilities 

The most significant upgrade is in the model's core intelligence. Gemini 3.1 Pro has achieved a verified score 

of 77.1% on the ARC-AGI-2 benchmark, which tests a model's ability to solve entirely new logic patterns. This is 

more than double the reasoning performance of the previous 3 Pro model. 

2. Advanced Coding and Synthesis 

The model demonstrates a high level of proficiency in translating complex themes and data into functional, 

interactive outputs: 

 Animated SVGs: It can generate website-ready, code-based animated SVGs from text prompts. Unlike 

standard video, these remain crisp at any scale and have very small file sizes. 

 System Synthesis: It can bridge complex APIs with user-friendly design, such as configuring telemetry 

streams to create live data dashboards. 



 Interactive Design: It can code immersive 3D experiences, including those that integrate hand-tracking 

and generative audio. 

3. Enhanced Productivity Tools 

 NotebookLM Integration: Gemini 3.1 Pro is now available within NotebookLM for Pro and Ultra 

subscribers, allowing for deeper reasoning over uploaded documents and sources. 

 Higher Limits: Users on Google AI Pro and Ultra plans will have higher usage limits for the 3.1 Pro model 

within the Gemini app. 

That’s my take on it: 

While Gemini 3.1 Pro’s score of 77.1% on ARC-AGI-2 is technically impressive (doubling the previous baseline), 

the consensus is that benchmark scores and real-world productivity are not always in lockstep. Most professional 

work isn't solving abstract logic puzzles; rather, it's navigating "messy context" (ambiguous emails, specific 

company coding standards, or shifting project requirements). A model can be a genius at logic but still fail at a 

task if it doesn't understand the specific, unwritten nuances of your department. 

Prior research found that developers using advanced AI tools actually took 19% longer to complete tasks than 

those without. Interestingly, those same developers felt 20% more productive. This is often called the "IKEA 

effect"—you feel like you've accomplished more because you've been busy managing, fixing, and prompting the 

AI, even if the final output took longer to produce. 

Nevertheless, the ARC-AGI benchmark specifically measures "fluid intelligence"—the ability to solve a pattern 

the model has never seen before. This suggests Gemini 3.1 Pro is becoming much better at "reasoning on the 

fly" rather than just reciting its training data. For educators like me, Gemini 3.1 Pro, which is good at "fluid 

intelligence" can be designed to become a better "Socratic partner." 

Links: https://venturebeat.com/technology/google-launches-gemini-3-1-pro-retaking-ai-crown-with-2x-

reasoning 

https://blog.google/innovation-and-ai/models-and-research/gemini-models/gemini-3-1-pro/ 
Posted on February 20, 2026 



The rapid expansion of global digital services has fundamentally challenged the limits of traditional database 
architectures. For decades, organizations relied on primarily centralized Relational Database Management 
Systems (RDBMS) that offered strong consistency but were architecturally optimized for vertical scaling rather 
than seamless horizontal distribution. 
In response, the "NoSQL" movement emerged, prioritizing horizontal scalability and flexible data models, often 
relaxing traditional relational constraints and strong consistency guarantees in favor of distributed performance. 
This tension has birthed a new category of technology: Distributed SQL. 
Link: https://youtu.be/264U-89lNzs 
Posted on February 18, 2026 

Following the viral success of its SeeDance 2.0 video generation model, ByteDance recently released its next-
generation language model, Doubao 2.0, sparking significant industry hype. Tech-focused media outlets like the 
YouTube channel "AI Revolution" have characterized the release as a pivotal shift in the AI race, even labeling 
Doubao 2.0 the "new king of AI." This sentiment stems largely from its aggressive cost-performance profile: 
ByteDance claims the pro version delivers frontier-level reasoning and task execution comparable to Open AI and 
Gemini, but at roughly a fraction of the operational cost of its U.S. competitors. By positioning the model for the 
"agent era"—focusing on complex, multi-step real-world tasks rather than simple chat—ByteDance aims to 
dominate the enterprise market where high token consumption traditionally makes advanced AI agents 
prohibitively expensive. 

To validate these claims, experts point to the LMSYS Chatbot Arena, widely considered the gold standard for 

independent AI evaluation. Unlike static benchmarks, the Arena uses a "blind" crowdsourced system where 

human users prompt two anonymous models and vote on the better response. These results are then aggregated 

using a Bradley–Terry statistical model to produce an Elo-like ranking. As of February 2026, Doubao’s 

underlying engine, dola-Seed 2.0 Pro, has surged into the top tier of this leaderboard. While its ranking is still 

behind Claude 4.6 Opus, Gemini 3 Pro, and Grok 4.1 in the text category, it is only second to Gemini 3 Pro in 

vision category. Its presence in the global top 10 confirms that it is no longer just a regional player, but a peer to 

the world's most advanced systems. 



That’s my take on it: 

Although rankings on the LMSYS Chatbot Arena rise and fall, ByteDance’s rapid ascent should not be dismissed 

as a temporary fluctuation. Even if leaderboard positions shift week by week, the broader signal is unmistakable: 

Chinese frontier models are closing the gap. That alone should function as a strategic wake-up call for Silicon 

Valley. 

In a series of public remarks in January 2026—including appearances on CNBC’s The Tech Download podcast 

and at the World Economic Forum in Davos—Demis Hassabis observed that Chinese AI systems are now 

only “a matter of months” behind leading Western models. This marks a notable shift from 2024–2025, when 

many in the U.S. tech ecosystem believed China lagged by two years or more. Hassabis emphasized that 

Chinese labs excel at scaling, optimizing, and industrializing existing architectures—particularly the Transformer 

paradigm—but have not yet delivered a paradigm-shifting conceptual breakthrough. As he put it, genuine 

invention is “100 times harder” than copying or refining. 

Yet markets do not always reward originality alone. Commercial dominance often goes to those who scale, 

deploy, and reduce cost most effectively. Kodak pioneered digital photography but failed to capitalize on 

it. AT&T Bell Labs invented the transistor, yet Japanese firms such as Sony mastered its commercialization in 

consumer electronics. By the 1980s, much of the U.S. consumer electronics industry had been eclipsed by 

Japanese competitors—not because America lacked invention, but because others executed better at scale. 

The implication for AI is clear. Leadership will not be secured by breakthroughs alone. Deployment efficiency, 

enterprise integration, pricing strategy, and ecosystem control may ultimately matter more than who first 

conceived the architecture. If the United States underestimates this dynamic, technological history, such as the 



“Kodak moment”, could repeat itself—this time in the era of intelligent agents rather than transistors or digital 

cameras. 

Links: https://www.youtube.com/watch?v=xeoaqWRBNv0 

https://huggingface.co/spaces/lmarena-ai/lmarena-leaderboard 
Posted on February 17, 2026 

Recently China's AI model Seedance 2.0 takes the world by storm due to its quantum leap in realistic movie 

generation. Developed by ByteDance, this new model distinguishes itself from competitors like Sora, Veo, and 

Kling through its unique "multimodal" approach, allowing users to feed it not just text, but also images, audio, and 

existing video clips simultaneously to guide the final product. While Sora is often praised for its physical accuracy 

and Veo for its cinematic "film look," Seedance 2.0 excels in professional control and resolution, offering native 2K 

output and a 30% faster generation speed than its predecessor. One of its most impressive features is the 

"Environment Lock," which ensures that characters and backgrounds stay perfectly consistent across different 

camera angles—a major hurdle for other models. Furthermore, it generates high-fidelity audio and visuals 

together in one step, enabling seamless lip-syncing and sound effects that make generated clips feel like finished 

movie scenes rather than silent experiments. 

Despite its technical success, the model has faced significant legal scrutiny from major American entertainment 

entities. Leading studios, including Disney and Paramount, have recently issued cease-and-desist letters and 

initiated legal warnings against ByteDance, alleging copyright infringement. These companies, along with the 

Motion Picture Association and the actors' union SAG-AFTRA, claim that Seedance 2.0 was trained on a "pirated 

library" of their intellectual property. The concerns center on the model's ability to produce highly accurate, 

unauthorized versions of iconic characters from franchises like Marvel and Star Wars. In response to these 



developments, ByteDance has stated that it respects intellectual property rights and is currently working to 

strengthen its safeguards to prevent the unauthorized use of protected content by its users. 

That’s my take on it: 

I’ve been watching a series of demo clips generated by Seedance 2.0, and honestly, the level of polish is startling. 

The samples include stylized fight scenes—Brad Pitt versus Tom Cruise, Neo alongside Captain America, Thor, 

and Hulk, even Bruce Lee facing Jackie Chan. Of course, these are synthetic scenarios, but the cinematic 

language—camera movement, lighting continuity, motion physics, facial coherence—feels remarkably close to 

big-budget Hollywood productions. The gap between “AI experiment” and “studio spectacle” is shrinking fast. 

One professional editor commented that with tools like this, up to 90% of traditional production skills could 

become obsolete. That may be an exaggeration, but it captures the anxiety. AI films will not instantly replace 

conventional cinema, yet the direction seems irreversible: AI will increasingly handle stunt choreography, 

hazardous sequences, large-scale battle scenes, and even digitally mediated intimacy when performers set 

boundaries. Risk reduction, cost compression, and creative flexibility make the incentive structure obvious. 

But a deeper question remains: will audiences embrace hyper-real simulations once they know they are 

synthetic? Cinema has always relied on illusion, yet part of its emotional power comes from the embodied 

presence of real performers. If realism becomes technically perfect but ontologically artificial, will viewers feel 

awe—or detachment? 

And this is only the beginning. After Sora disrupted expectations, Google responded with Veo, while Google 

DeepMind pivoted toward spatial intelligence through Genie 2. The contrast is fascinating. Seedance dominates 

linear, scene-consistent video—something you watch. Genie aims at interactive environments—something you 

enter. The implicit logic is bold: why generate a movie when you can generate the entire playable world? 



There will likely be no final “winner.” The multimodal arms race is structural, not episodic. Studios must adapt, but 

audiences may also need to recalibrate their aesthetic expectations—perhaps learning to appreciate new forms of 

immersion while quietly mourning the tactile authenticity of older cinema. 

Links: https://people.com/ai-generated-video-of-brad-pitt-and-tom-cruise-fighting-sparks-backlash-in-

hollywood-11907677 

https://www.ndtv.com/feature/seedance-2-0-vs-sora-2-how-two-big-ai-tools-stack-against-each-other-

11006093 

https://www.youtube.com/watch?v=jue2SGNu6WE 

https://www.youtube.com/watch?v=IN8eW1y9_go&t=63s 

https://www.youtube.com/watch?v=B8-767Y0yTY 
Posted on February 11, 2026 

Recent benchmark results from February 2026 indicate that the Chinese AI agent CodeBrain-1, developed by the 
startup Feeling AI, has indeed surpassed the latest iterations of Anthropic's Claude in specific "agentic" coding 
tasks. In the authoritative Terminal-Bench 2.0 evaluation—which measures an AI's ability to operate 
autonomously within a real command-line interface—CodeBrain-1 achieved a record-breaking 72.9% success 
rate. This performance secured it the second-place spot globally, outranking Claude Opus 4.6, which 
scored 65.4% on the same benchmark. While Claude Opus 4.6 remains highly regarded for its architectural 
planning and "human-like" coding taste, CodeBrain-1's advantage lies in its "evolutionary brain" architecture. 
This design allows it to dynamically adjust strategies based on real-time terminal feedback and utilize the 
Language Server Protocol (LSP) to fetch precise documentation, significantly reducing errors during complex, 
multi-step execution. 



This shift reflects a broader trend in early 2026 where specialized Chinese models are challenging Western 

leaders in the coding domain. For instance, the open-source IQuest Coder 40B has also made headlines by 

matching or slightly exceeding the performance of Claude 4.5 Sonnet on the SWE-bench Verified test, despite 

being significantly smaller in parameter size. Furthermore, models like Qwen3-Coder and GLM-4.7 

Thinking have become top contenders for large-scale codebase analysis and tool-calling reliability. While 

Anthropic and OpenAI models still lead in general reasoning and creative problem solving, these new Chinese 

entries are currently setting the pace for high-efficiency, execution-heavy "agentic" workflows. 

That’s my take on it: 

While the Chinese AI agent CodeBrain-1 has surpassed the latest Claude Opus 4.6 in specific agentic 

benchmarks, it is important to note that GPT-5.3-Codex remains the overall number one model globally for 

terminal-based coding tasks. GPT-5.3-Codex is currently the industry standard for high-volume automation and 

"unattended" software development where the model manages the full lifecycle from code change to 

deployment. 

No doubt China has achieved performance parity in many areas, but they are still struggling to build an ecosystem 

that developers outside of China want to join voluntarily. As long as the US controls the primary "coding editors" 

(VS Code, Cursor) and the "hosting platforms" (GitHub, Azure), the ecosystem advantage remains a formidable 

barrier to entry for Chinese AI. 

However, the "ecosystem barrier" is not permanent. If Chinese AI agents become significantly cheaper and 

more efficient at doing work (rather than just earning high scores in benchmarks), developers in emerging markets 

may gradually migrate toward Chinese-hosted platforms, just as they did with BYD cars and LONGi solar panels. 



Links: https://www.tbench.ai/leaderboard/terminal-bench/2.0 

https://vertu.com/ai-tools/claude-opus-4-6-vs-gpt-5-3-codex-head-to-head-ai-model-comparison-february-

2026/ 
Posted on February 11, 2026 

A study titled AI Doesn’t Reduce Work—It Intensifies It by Aruna Ranganathan and Xingqi Maggie Ye indicates 
that despite its promise to reduce workloads, generative AI often leads to work intensification. Based on an eight-
month study at a tech company, the researchers identified three primary ways this happens: 

 Task Expansion: AI makes complex tasks feel more accessible, leading employees to take on 

responsibilities outside their traditional roles (e.g., designers writing code). This increases individual job 

scope and creates additional "oversight" work for experts who must review AI-assisted output. 

 Blurred Boundaries: Because AI reduces the "friction" of starting a task, workers often slip work into 

natural breaks (like lunch or commutes). This results in a workday with fewer pauses and work that feels 

"ambient" and constant. 

 Increased Multitasking: Workers feel empowered to manage multiple active threads at once, creating a 

faster rhythm that raises expectations for speed and increases cognitive load. 

While this increased productivity may initially seem positive, the authors warn it can be unsustainable, leading 

to: Cognitive fatigue and burnout, weakened decision-making, lower quality work, and increased turnover. 

To counter these effects, the authors suggest organizations move away from passive adoption and instead create 

intentional norms: 

 Intentional Pauses: Implementing structured moments to reassess assumptions and goals before moving 

forward. 

 Sequencing: Pacing work in coherent phases—such as batching notifications—rather than demanding 

continuous responsiveness. 

 Human Grounding: Protecting space for human connection and dialogue to restore perspective and foster 

creativity that AI's singular viewpoint cannot provide. 



That’s my take on it: 

The findings of this Harvard Business Review study are hardly surprising. Since the dawn of the industrial age, 

people have predicted that automation would grant us more leisure time. Yet history moved in the opposite 

direction. Productivity rose, but so did expectations, output, and the pace of life. The promise of “working less” 

repeatedly turned into “producing more.” 

Today, Elon Musk frequently suggests that advanced AI combined with humanoid robotics will usher in a “world of 

abundance” in which human labor is no longer economically necessary. I remain skeptical. History gives us little 

reason to believe that efficiency alone reduces total effort or total consumption. 

Consider fuel-efficient engines. Did they reduce carbon emissions? Not necessarily. When driving becomes 

cheaper per mile, people tend to drive more. Lower cost expands usage, sometimes offsetting the efficiency gains 

entirely. Or take the introduction of word processors. In theory, writing and editing became dramatically more 

efficient. In practice, because revision became effortless, expectations increased. Documents multiplied in drafts 

and iterations; the ease of rewriting often led to more rewriting. 

When powerful technologies become abundant, demand rarely stays constant. It expands. This dynamic is known 

as Jevons Paradox, more broadly described as the rebound effect. Efficiency reduces the cost of action; reduced 

cost stimulates more action. Without constraints, total consumption often rises rather than falls. 

Jevons Paradox can be mitigated—but not through engineering improvements alone. As scholars such as 

Ranganathan and Ye suggest, the deeper solution lies in cultural norms, institutional design, and self-regulation. 

Technological capability must be accompanied by intentional limits. 

So before launching any AI-driven task or project, perhaps we should pause and ask: Is this necessary? Does it 

genuinely add value? What are the downstream consequences? The point is not to resist innovation, but to 

ensure that efficiency does not automatically translate into excess. 

Links: https://hbr.org/2026/02/ai-doesnt-reduce-work-it-intensifies-

it?utm_source=alphasignal&utm_campaign=2026-02-11&lid=zZTpKEF5B1MDmvY6 



https://www.deccanchronicle.com/technology/elon-musk-predicts-a-future-where-work-is-optional-and-

money-obsolete-1936455 
Posted on February 10, 2026 

In early February 2026, Salesforce cut nearly 1,000 jobs across multiple teams — including marketing, product 

management, data analytics, and the Agentforce AI product group — as part of a broader organizational reshuffle. 

These reductions arrive amid an ongoing trend in the tech industry of streamlining workforces against a backdrop 

of increasing automation and AI integration, especially as companies refine operations ahead of end-of-fiscal-year 

reporting. Salesforce did not immediately comment publicly on the specifics of the layoffs, but internal accounts 

shared on LinkedIn and through employee posts confirm the scope of the cuts.  

Despite trimming headcount in certain departments, Salesforce’s leadership remains committed to advancing its 

AI agenda. The company has been aggressively embedding agentic artificial intelligence — exemplified by 

its Agentforce platform — across its portfolio, steering the business toward AI-driven workflows and autonomous 

decision-making tools that extend beyond simple chatbots to handle multi-step tasks. This fits into Salesforce’s 

evolving vision of blending generative AI with enterprise applications like Service Cloud, Sales Cloud, and Slack, 

while positioning AI as central to future growth. In fact, CEO Marc Benioff has previously highlighted how much of 

Salesforce’s internal workload — in areas such as support, marketing, and analytics — is now being completed by 

AI, enabling the company to reallocate human talent to higher-value roles rather than simply cut costs.  

That’s my take on it: 

The recent layoffs at Salesforce should not be read as a signal of corporate decline. Salesforce remains a major 

force in the business intelligence market, holding roughly 13–17% market share, second only to Microsoft 

Power BI, and far ahead of many competitors. Rather than a retreat, the workforce reduction is better understood 

as a strategic readjustment—a reallocation of resources to support the company’s long-term AI vision, including 



agentic AI capabilities that span analytics, customer engagement, and workflow automation. In this sense, the 

layoffs reflect a familiar pattern in the tech industry: trimming or redeploying roles that are less aligned with future 

growth while doubling down on emerging technologies. 

At the same time, Salesforce’s increased investment in agentic AI does not mean that conventional Tableau skill 

sets are about to disappear. Core competencies in data visualization—understanding chart semantics, building 

dashboards, and communicating insights visually—remain essential. What is changing is the composition of 

skills, not their overall relevance. Routine dashboard assembly and repetitive reporting are the most exposed to 

automation, as AI agents become capable of generating first-pass visuals and answering standard descriptive 

questions. In contrast, higher-order skills become more valuable: data modeling, metric definition and 

governance, narrative design, deep domain knowledge, ethical judgment, and—critically—the ability to interrogate 

and critique AI-generated outputs. In the AI-augmented Tableau environment, professionals are less replaceable 

chart builders and more analytic stewards and interpreters, guiding intelligent systems rather than being displaced 

by them. 

Link: https://www.reuters.com/business/world-at-work/salesforce-cuts-less-than-1000-jobs-business-

insider-reports-2026-02-10 
Posted on February 9, 2026 

Recently Moonshot AI, a Chinese AI company, released Kimi K2.5, shifting the model from a strong text- and 

code-centric system into a more general, workflow-oriented AI. Compared with the previous version K2, K2.5 

adds native multimodal capabilities, allowing it to understand and reason across text, images, and video in a 

unified way. It also introduces agentic intelligence, including coordinated “agent swarm” behavior, where 

multiple sub-agents can work in parallel on research, verification, coding, and planning tasks—something largely 

absent in K2. Training has been expanded dramatically, with large-scale mixed visual and textual data, improving 

tasks that combine vision, reasoning, and code, such as document analysis and UI-to-code generation. In 



addition, K2.5 emphasizes real-world productivity, showing stronger performance in office workflows involving 

documents, spreadsheets, and structured outputs. Architecturally and at the interface level, it supports flexible 

execution modes that balance fast responses with deeper reasoning, along with longer context handling and more 

robust multi-step tool use. Overall, while K2 was a powerful reasoning and coding model, K2.5 evolves it into a 

more versatile, multimodal, agent-capable system aimed at practical, end-to-end tasks. 

That’s my take on it: 

Because multimodal AI is my primary interest, I tested K2.5 by asking it to summarize one of my own YouTube 

videos explaining chi-square analysis. For comparison, I posed the same request to Gemini, which is widely 

regarded as a leading multimodal AI system. Both models produced reasonable summaries, but Gemini’s 

response was noticeably closer to the actual content of the video. I then followed up with a clarifying question: 

“Did you read the transcript or watch the video?” K2.5 candidly explained that it had neither accessed the full 

transcript nor “watched” the video. Instead, it relied on the video description and then performed a web search to 

gather additional context about the video and its creator, filling in details based on general statistical knowledge—

such as standard principles of chi-square tests, the effect of sample size on p-values, and the role of degrees of 

freedom. K2.5 further noted that it could not access the actual YouTube transcript because doing so requires 

interacting with page elements that were not available through its browser tools. 

Gemini, by contrast, stated that it had read the transcript. It clarified that while it can technically process visual 

and audio tokens—for example, to describe colors, background music, or physical movements—this was 

unnecessary for my request. Since I asked for a conceptual summary, the transcript alone contained all the 

relevant information about the statistical ideas and examples discussed. When I subsequently asked K2.5 directly, 

“Can you watch the video?” its answer was simply “No.” In this sense, K2.5 does not function as a fully multimodal 

AI in practice; rather, it compensates by using web search and background knowledge to infer content. 

A further limitation of K2.5 emerged when I asked questions related to politics and history. Repeatedly, it declined 

to respond, returning the same message: “Sorry, I cannot provide this information. Please feel free to ask another 



question. Sorry—Kimi didn’t complete your task. Agent credits have been refunded.” This consistent evasion 

suggests that, beyond its multimodal constraints, K2.5 also operates under particularly restrictive content 

filters in these domains. 

Link: https://www.kimi.com/ai-models/kimi-k2-5 
Posted on February 7, 2026 

In the past quantitative and qualitative research methods were distinct, but today data science entails analyzing 
unstructured data, such as textual analytics. Qualitative research is a precurosr of text mining, and it principles are 
also applicable to data science. Qualitative scholars often make their ontological stance explicit to explain why 
subjective interpretation is an inherent feature of the inquiry. A common shorthand is to claim that there is 
objective reality; rather, reality is a social construction—so what counts as “real” is inseparable from meaning and 
perception. But that framing is too simplistic. Qualitative approaches do not all treat reality in the same way. 
Link: https://www.youtube.com/watch?v=GN1iEn1ffco 
Posted on February 6, 2026 

On February 5, 2026, Anthropic released Claude Opus 4.6, which sets high benchmarks. This latest iteration is 
distinguished by its state-of-the-art performance in professional and technical domains, particularly excelling in 
the GDPval-AA evaluation for high-value knowledge work where it outpaced its closest competitor, GPT-5.2, by a 
significant margin. A standout technical achievement is the introduction of a 1 million token context window (in 
beta), which, according to the MRCR v2 "needle-in-a-haystack" test, maintains a 76% retrieval accuracy—a 
drastic improvement over the 18.5% seen in previous versions. This makes it exceptionally reliable for "agentic" 
tasks, such as autonomous coding and complex research across massive document sets, where it leads 
benchmarks like Terminal-Bench 2.0. 

Meanwhile, ChatGPT 5.2 continues to be recognized for its exceptional generalist capabilities and speed. It 

remains a leader in logic-heavy mathematical reasoning, having achieved a perfect score on the AIME 

2025 exam, and it is frequently cited as the most versatile tool for creative drafting, brainstorming, and multi-step 

project memory. Gemini 3 Pro maintains its unique strength through deep integration with the Google ecosystem 

and native multimodality. It currently offers a stable context window of up to 2 million tokens and remains the 



industry standard for reasoning across live video, audio, and large-scale data analysis within Workspace, often 

outperforming rivals in visual-to-text accuracy and factuality benchmarks like FACTS. 

That’s my take on it: 

The AI landscape is evolving at an unprecedented pace, fueled by a relentless cycle of innovation. However, a 

"new release" doesn't necessarily necessitate an immediate switch; rather, the choice of a platform should be 

dictated strictly by your specific functional requirements. For software engineers, the priority often lies in 

advanced, agentic coding assistants—an area where models like Claude currently excel. Conversely, for a data 

scientist managing the intersection of structured and unstructured data, a model's multimodal capabilities and 

its ability to reason across diverse formats are the more essential metrics for success. 

As of February 2026, Gemini 3 Pro is widely considered the leading multimodal AI system for video, audio, and 

large-scale visual reasoning, though the competition is fiercer than ever. While Claude Opus 4.6 and ChatGPT 

5.2 have closed the gap in text reasoning and coding, Gemini 3 maintains a technical edge in how it 

"understands" the physical and digital world through non-textual data. 

Links: https://www.anthropic.com/news/claude-opus-4-6 

https://www.rdworldonline.com/claude-opus-4-6-targets-research-workflows-with-1m-token-context-

window-improved-scientific-reasoning/ 
Posted on February 5, 2026 

In February 2026, the global technology market was rocked by a historic selloff—widely labeled as 

the "SaaSpocalypse"—wiping out approximately $285 billion in market capitalization in a single trading session. 

This financial earthquake was triggered by Anthropic’s release of Claude Code and its non-technical 

counterpart, Claude Cowork. While Claude Code is an agentic command-line tool that allows developers to 



delegate complex coding, testing, and debugging tasks directly from their terminal, Claude Cowork brings these 

same autonomous capabilities to the desktop environment for non-coders. These tools are distinct from traditional 

chatbots because they possess "agency": they can autonomously plan multi-step workflows, manage local file 

systems, and use specialized plugins to execute high-value tasks across legal, financial, and sales departments 

without constant human guidance. 

The panic among investors stems from a fundamental shift in the AI narrative: AI is no longer viewed merely as a 

"copilot" that enhances human productivity, but as a direct substitute for enterprise software and professional 

services. The release of sector-specific plugins—particularly for legal and financial workflows—caused a sharp 

decline in stocks like Thomson Reuters (-18%) and Salesforce, as markets feared these autonomous agents 

would render expensive, "per-seat" software subscriptions obsolete. Investors are increasingly worried that 

businesses will stop buying specialized SaaS tools if a single AI agent can perform those functions across an 

operating system, leading to a "get-me-out" style of aggressive selling as the industry's traditional revenue models 

face an existential threat. 

In response to the "SaaSpocalypse" and the rise of autonomous agents like Claude Code, Microsoft and Google 

are fundamentally restructuring how they charge for software. They are moving away from the decades-old "per-

user" model and toward a future where AI agents—not just humans—are the primary billable units. Google is 

countering the threat by positioning AI as a high-efficiency utility, focusing on aggressive price-performance. 

That’s my take on it: 

The emergence of autonomous agents like Claude Cowork and Claude Code represents a classic instance 

of creative destruction. While the "SaaSpocalypse" of early 2026—which saw a massive selloff in traditional 

software stocks—reflects a period of painful market recalibration, it signals the birth of a more efficient 

technological era. In the short term, the established order is being disrupted; entry-level programmers and those 



tethered to legacy SaaS "per-seat" models are facing significant professional friction as AI begins to automate 

routine coding and administrative workflows. However, this displacement is the precursor to a long-term benefit: 

the commoditization of software creation. As the cost of building and maintaining code drops toward zero, we will 

see an explosion of innovation, making high-powered technology accessible to every sector of society at a 

fraction of its former cost. 

I think the trend of agentic, AI-powered coding is both inevitable and irreversible. The writing is on the wall! For 

professionals and students alike, survival depends on following this trend rather than ignoring or resisting it. 

Consequently, the burden of adaptation falls heavily on educational institutions. Educators must immediately 

revamp their curricula to move beyond rote programming exercises and instead equip students with the AI 

literacy required to guide, audit, and integrate agentic tools. By teaching students to treat AI as a high-level 

collaborator, we ensure that the next generation of workers is prepared to thrive in an evolving landscape where 

human ingenuity is amplified, rather than replaced, by machine autonomy. 

Link: https://www.siliconrepublic.com/business/anthropics-new-cowork-plug-ins-prompt-sell-off-in-

software-shares 
Posted on February 3, 2026 

In research methods, students often conflate convenience sampling with purposive sampling, largely because 
both are non-probability approaches and both can involve clearly stated inclusion and exclusion criteria. However, 
the presence of such criteria alone does not determine the sampling strategy. Inclusion and exclusion criteria 
define who is eligible to participate; they do not define how participants are selected. 
  
Link: https://www.youtube.com/watch?v=XUfNawiXWko 
Posted on February 3, 2026 

On February 2, 2026, SpaceX officially announced its acquisition of xAI, a milestone merger that values the 

combined entity at approximately $1.25 trillion. This deal consolidates Elon Musk’s aerospace and artificial 



intelligence ventures, including the social media platform X (which was acquired by xAI in early 2025), into a 

single "vertically integrated innovation engine." The primary strategic driver for the merger is the development of 

orbital data centers. By leveraging SpaceX's launch capabilities and Starlink's satellite network, Musk aims to 

bypass the terrestrial energy and cooling constraints of AI by deploying a constellation of up to one million solar-

powered satellites. Musk stated that this move is the first step toward becoming a "Kardashev II-level 

civilization" capable of harnessing the sun's full power to sustain humanity’s multi-planetary future. Musk 

predicts that space-based processing will become the most cost-effective solution for AI within the next three 

years. 

Financial analysts view the acquisition as a critical precursor to a highly anticipated SpaceX initial public offering 

(IPO) expected in early summer 2026. The merger combines SpaceX’s profitable launch business—which 

generated an estimated $8 billion in profit in 2025—with the high-growth, compute-intensive focus of xAI. While 

the terms of the deal were not fully disclosed, it was confirmed that xAI shares will be converted into SpaceX 

stock. This consolidation also clarifies the landscape for Tesla investors, as Tesla’s recent $2 billion investment in 

xAI now translates into an indirect stake in the newly formed space-AI giant. 

This is my take on it: 

Despite the ambitious vision, the technology for massive orbital computing remains largely untested. In a 

terrestrial data center, servers are often refreshed every 18 to 36 months to keep up with AI chip advancements. 

In space, if you cannot upgrade, your billion-dollar hardware becomes a "stranded asset"—obsolete before it even 

pays for itself. To avoid the "Obsolescence Trap," the industry is shifting away from static satellites toward 

modular, "plug-and-play" architectures. The primary solution lies in Robotic Servicing Vehicles (RSVs), which act 

as autonomous space-technicians capable of performing high-precision house calls. 



Elon Musk’s track record suggests that betting against his vision is often a losing proposition. While critics have 

frequently dismissed his technological ambitions for Tesla and SpaceX as unachievable science fiction, he has 

consistently defied expectations by delivering on milestones that were once deemed impossible. A prime example 

is the development of reusable rockets, such as the Falcon 9 and Falcon Heavy, which transformed spaceflight 

from a government-funded luxury into a commercially viable enterprise by drastically reducing launch costs. 

Similarly, his push for Full Self-Driving (FSD) technology and the massive success of the Model 3, which proved 

that electric vehicles could be both high-performance and mass-marketable, fundamentally disrupted the global 

automotive industry. Other breakthroughs, like the rapid deployment of the Starlink satellite constellation 

providing global high-speed internet and the Neuralink brain-computer interface reaching human trial stages, 

further demonstrate his ability to bridge the gap between radical theory and functional reality. 

The acquisition and merger of SpaceX and xAI represent another "moonshot" that requires the same level of 

audacity. We need visionary risk-takers to advance our civilization, as they are the ones who push the boundaries 

of what is possible. By daring to move AI infrastructure into orbit, Musk is attempting to solve the energy and 

cooling crises of terrestrial computing in one bold stroke. I sincerely hope that he is right once again; it is this 

willingness to embrace extreme risk that turns the science fiction of today into the scientific facts of tomorrow. 

Link: https://www.spacex.com/updates 
Posted on January 31, 2026 

OpenClaw (formerly known as Clawdbot and Moltbot) is a viral, open-source AI assistant that has quickly 

become a sensation in the tech world for its ability to act as a "proactive" agent rather than a passive chatbot. 

Developed by Austrian engineer Peter Steinberger, the app distinguishes itself by living inside the messaging 

platforms you already use, such as WhatsApp, Telegram, iMessage, and Slack. Unlike traditional AI tools that 

merely generate text, Moltbot is designed to "actually do things" by connecting directly to your local machine or a 

server. It can manage calendars, triage emails, execute terminal commands, and even perform web automation—



all while maintaining a persistent memory that allows it to remember preferences and context across different 

conversations and weeks of interaction. 

The app's rapid rise in early 2026 was accompanied by a high-profile rebranding saga. It was originally launched 

under the name Clawdbot (with its AI persona named Clawd), a clever play on Anthropic's "Claude" models. 

However, following a trademark dispute where Anthropic requested a name change to avoid brand confusion, the 

project was renamed to Moltbot. The creator chose this name as a metaphor for a lobster "molting" its old shell to 

grow bigger and stronger, and the AI persona was subsequently renamed Molty. Shortly afterward, the 

maintainers settled on the name OpenClaw as the final rebrand to avoid further legal confusion and to establish a 

clear, model-agnostic identity for the project. Despite the name change, the project’s momentum continued, 

amassing over 100,000 GitHub stars and drawing praise from industry figures like Andrej Karpathy for its 

innovative "local-first" approach to personal productivity. 

That’s my take on it: 

OpenClaw is powerful enough to function as a true personal assistant—or even a research assistant—rather than 

just another conversational AI. Its value lies in what it can do, not merely what it can say, and the range of use 

cases is broad. 

Take travel planning as a concrete example. Shibuya Sky is one of the most sought-after attractions in Tokyo. 

Unlike most observation decks, where glass panels partially obstruct the view, Shibuya Sky offers an open, 

unobstructed skyline. Sunset is the most coveted time slot, and tickets are released exactly two weeks in advance 

at midnight Japan time. Those sunset tickets typically sell out within minutes. Instead of staying up late and 

refreshing a ticketing site, a user could simply instruct OpenClaw to monitor the release and purchase the tickets 

automatically. 



Another use case lies in finance. Most people are not professional investors and do not have the time—or 

expertise—to continuously track stock markets, corporate earnings reports, macroeconomic signals, and 

emerging technology trends. OpenClaw can be delegated these tedious and information-heavy tasks, monitoring 

relevant data streams and even executing buy-and-sell decisions on the user’s behalf based on predefined rules 

or strategies. 

That said, the risks are real and cannot be ignored. AI systems still make serious mistakes, especially when they 

misinterpret intent or context. Imagine OpenClaw sending a Valentine’s Day dinner invitation to a female 

subordinate simply because you once praised her work by saying, “I love it.” What the system reads as 

enthusiasm could quickly escalate into a Title IX complaint—or worse, a lawsuit. 

The stakes are high because OpenClaw, once installed on your computer, can potentially access and control 

everything you do. For this reason, some experts recommend running it in a tightly controlled environment: a 

separate machine, a fresh email account, and carefully scoped permissions. However, there is an unavoidable 

trade-off. The more you restrict OpenClaw’s access, the safer it becomes—but the more its capabilities shrink. At 

that point, it starts to resemble just another constrained agentic AI, rather than the deeply integrated assistant that 

makes it compelling in the first place. 

In short, OpenClaw’s power is exactly what makes it both exciting and risky—and using it well requires thoughtful 

boundaries, not blind trust. 

Link: https://openclaw.ai/    
Posted on January 30, 2026 

Recently Google updated the integration between its AI model Gemini and its Web browser Chrome. Now users 
can directly interact with the browser and the content they’re viewing in a much more conversational and task-
oriented way, without having to bounce back and forth between a separate AI app and the webpage itself. Instead 



of just being a separate assistant, Gemini appears in Chrome (often in a side panel or via an icon in the toolbar) 
and can be asked about the current page — for example to summarize the contents of an article, clarify complex 
information, extract key points, or compare details across tabs — right alongside the site you’re browsing. 

Beyond simple Q&A, the integration now supports what Google calls “auto browse,” where you describe a multi-
step task (like comparing products, finding deals, booking travel, or making reservations) and Gemini will navigate 
websites on your behalf to carry out parts of that workflow. You can monitor progress, take over sensitive steps 
(like logging in or finalizing a purchase) when required, and guide the assistant through more complex actions 
without leaving your current tab. 

That’s my take on it: 

I experimented with this AI–browser integration and found the results to be mixed. In one test, I opened a 
webpage containing a complex infographic that explained hyperparameter tuning and asked Gemini, via the side 
panel, to use “Nana Banana” to simplify the visualization. The output was disappointing, as the generated graphic 
was not meaningfully simpler than the original. In another trial, I opened a National Geographic webpage featuring 
a photograph of Bryce Canyon and asked Gemini to transform the scene from summer to winter; in this case, the 
remixed image was visually convincing (see below). 

I also tested Gemini’s ability to assist with task-oriented browsing on Booking.com by asking it to find activities 
related to geisha performances in Tokyo within a specific time window. Gemini failed to surface relevant results, 
even though such events were discoverable through manual search on the site. However, when I asked Gemini to 
look for activities related to traditional Japanese tea ceremonies, it successfully retrieved appropriate information. 
Overall, the integration still appears experimental, and effective use often requires manual oversight or 
intervention when the AI’s output does not align with user intent. 

Link: https://blog.google/products-and-platforms/products/chrome/gemini-3-auto-browse/ 



 

Posted on January 28, 2026 

At first glance, SOA and cloud computing can feel like two buzzwords from different eras of IT—one born in the 
enterprise integration wars of the early 2000s, the other rising from the age of elastic infrastructure and on-
demand everything. 
Yet beneath the marketing gloss, they are deeply connected. If SOA is a design philosophy about how software 
services should interact, cloud computing is the ecosystem that finally let that philosophy thrive at scale. 
Link: https://www.youtube.com/watch?v=_Xxhh2S7v40 
Posted on January 27, 2026 

What does it really mean to “put something in the cloud”—and why do organizations make such different choices 
when they get there? Cloud deployment models are not merely technical architectures; they encode assumptions 



about control, trust, collaboration, risk, and scale. Understanding these models helps explain why a startup, a 
hospital consortium, and a government agency might all rely on cloud computing, yet deploy it in fundamentally 
different ways. 

Link: https://www.youtube.com/watch?v=QV03VihFqQg  
Posted on January 24, 2026 

In the ever-evolving theater of data science, where Large Language Models (LLMs) are the flamboyant lead 
actors and SQL is the dependable stage manager, a third character has quietly moved from a supporting role to 
become the director of the entire production: JSON. For those who want to navigate this landscape, it is 
necessary to understand the interplay between these three, because it is the blueprint for modern AI 
orchestration. While SQL manages the "Source of Truth" and AI provides the "Reasoning," JSON serves as the 
nervous system that connects them, proving that sometimes the most important part of a system isn't how it thinks 
or where it sleeps, but how it talks. 
Link:  https://youtu.be/IURft2RVrUA  
Posted on January 23, 2026 

Yesterday (Jan 22, 2026) Google DeepMind announced a breakthrough with the introduction of D4RT, a unified 

AI model designed for 4D scene reconstruction and tracking across both space and time. This model aims to 

bridge the gap between how machines perceive video—as a sequence of flat images—and how humans 

intuitively understand the world as a persistent, three-dimensional reality that evolves over time. By enabling 

machines to process these four dimensions (3D space plus time), D4RT provides a more comprehensive mental 

model of the causal relationships between the past, present, and future. 

The technical core of D4RT lies in its unified encoder-decoder Transformer architecture, which replaces the need 

for multiple, separate modules to handle different visual tasks. The system utilizes a flexible querying mechanism 

that allows it to determine where any given pixel from a video is located in 3D space at any arbitrary time, from 



any chosen camera viewpoint. This "query-based" approach is highly efficient because it only calculates the 

specific data needed for a task and processes these queries in parallel on modern AI hardware. 

This versatility allows D4RT to excel at several complex tasks simultaneously, including 3D point tracking, point 

cloud reconstruction, and camera pose estimation. Unlike previous methods that often struggled with fast-moving 

or dynamic objects—leading to visual artifacts like "ghosting"—D4RT maintains a solid and continuous 

understanding of moving environments. Remarkably, the model can even predict the trajectory of an object even if 

it is momentarily obscured or moves out of the camera's frame. 

Beyond its accuracy, D4RT represents a massive leap in efficiency, performing between 18x to 300x faster than 

previous state-of-the-art methods. In practical tests, the model processed a one-minute video in roughly five 

seconds on a single TPU chip, a task that once took up to ten minutes. This combination of speed and precision 

paves the way for advanced downstream applications in fields such as robotics, autonomous driving, and 

augmented reality, where real-time 4D understanding of the physical world is essential. 

That’s my take on it: 

The development of D4RT aligns closely with the industry's push toward "world models"—internal, compressed 

representations of reality that allow an agent to simulate and predict the consequences of actions within a 

physical environment. Unlike traditional AI that perceives video as a series of disconnected, flat frames, D4RT 

constructs a persistent four-dimensional understanding of space and time. This mirrors the human mental 

capacity to understand that an object still exists and follows a trajectory even when it is out of sight. By mastering 

this "inverse problem" of turning 2D pixels into 3D structures that evolve over time, D4RT provides the 

foundational reasoning for cause-and-effect that is necessary for any agent to navigate the real world effectively. 

This breakthrough offers a potential rebuttal to the criticisms famously championed by Meta’s Chief AI Scientist, 

Yann LeCun, who has long argued that Large Language Models (LLMs) are a "dead end" for achieving true 

intelligence. LeCun’s primary contention is that text-based AI lacks a "grounded" understanding of physical reality; 



a model that merely predicts the next word in a sequence has no innate grasp of gravity, dimensions, or the 

persistence of matter. While LLMs are masters of syntax and logic within the realm of language, they are 

"disembodied." D4RT shifts the paradigm by moving away from word prediction and toward the prediction of 

physical states, suggesting that the path to genuine intelligence may lie in an AI's ability to model the constraints 

and dynamics of the physical universe. 

If D4RT and its successor architectures succeed, they may represent the bridge between the abstract reasoning 

of LLMs and the practical, sensory-driven intelligence of the natural world. By teaching machines to "see" in 4D, 

DeepMind is essentially giving AI a sense of "common sense" regarding physical reality. This could overcome the 

limitations of current generative AI, moving us toward autonomous systems that don't just mimic human 

conversation, but can actually reason, plan, and operate within the complex, three-dimensional world we inhabit 

Link: https://deepmind.google/blog/d4rt-teaching-ai-to-see-the-world-in-four-

dimensions/?utm_source=alphasignal&utm_campaign=2026-01-23&lid=1eI1oY4fP5MO8Bqc 
Posted on January 23, 2026 

In a recent article titled “Beyond Pandas: What’s Next for Modern Python Data Science Stack?", the United States 
Data Science Institute (USDSI) explores the evolving landscape of data manipulation tools. While Pandas has 
long been the standard for data wrangling, the article highlights its limitations—specifically memory constraints 
and slow performance—when dealing with modern "big data" scales. As datasets move from megabytes to 
terabytes, the author argues that data scientists must look beyond Pandas toward a more specialized and 
scalable ecosystem. 

The piece introduces Dask as the most natural progression for those familiar with Pandas. Because Dask utilizes 
a similar API, it allows users to scale their existing workflows to parallel computing with a minimal learning curve. 
By breaking large datasets into smaller partitions and using "lazy evaluation," Dask enables the processing of 
data that exceeds a machine's RAM, making it possible to run complex transformations on a laptop and later 
scale them to a cluster. 



For performance-critical tasks on a single machine, the article highlights Polars. Written in Rust and built on the 
Apache Arrow columnar format, Polars offers a significant speed advantage—often 5 to 10 times faster than 
Pandas—due to its query optimization engine. It provides both interactive and lazy execution modes, making it 
versatile for both data exploration and production-grade pipelines. 

The article also emphasizes the importance of PyArrow and PySpark for interoperability and massive-scale 
processing. PyArrow acts as a bridge between different languages and tools, allowing for "zero-copy" data 
sharing that eliminates the overhead of data conversion. Meanwhile, PySpark remains the industry standard for 
enterprise-level big data, capable of handling petabytes across distributed clusters. Ultimately, the author 
suggests a tiered approach: starting with Pandas for exploration, moving to Polars for speed, and utilizing Dask or 
PySpark when data volume necessitates distributed computing. 

That’s my take on it: 

I increasingly agree that what we once called “big data” has become the standard condition of contemporary 
computing, and this shift forces a reconsideration of whether traditional, code-centric approaches to data 
management are still appropriate. Cloud computing has largely solved the problems that originally justified 
heavy, hand-written data-engineering code—such as provisioning infrastructure, scaling storage and compute, 
and ensuring fault tolerance. As a result, the central challenge is no longer how to make large-scale data 
processing possible, but how humans can meaningfully design, understand, and govern systems whose 
complexity far exceeds individual cognitive limits. In this context, relying primarily on bespoke code to manage big 
data increasingly feels misaligned with the realities of modern data ecosystems. 

The rise of agentic AI further accelerates this shift. Instead of requiring humans to specify every procedural step 
in a data pipeline, agentic systems make it possible to operate at a higher level of abstraction, where intent, 
constraints, and desired outcomes matter more than explicit implementation details. Code does not disappear in 
this paradigm, but its role changes: it becomes something that is generated, optimized, and revised—often by 
AI—rather than authored and maintained entirely by humans. The human contribution moves upstream, toward 
defining semantics, data quality expectations, governance rules, and ethical or regulatory boundaries, while the AI 
mediates between these intentions and the underlying execution engines. 

This suggests an emerging layered model for big-data management. At the foundation sit cloud-managed 
infrastructure and storage systems that handle scale and reliability. Above that are declarative layers—such as 



SQL, schemas, data contracts, and access policies—that anchor meaning, auditability, and control. On top of 
these layers, agentic AI systems plan workflows, select appropriate tools, generate and adapt code, and respond 
to change. In such a stack, coding remains present, but it is no longer the primary mental model for understanding 
or managing the system; instead, it functions as an intermediate representation and an auditable artifact. 

From this perspective, continuing to manage big data primarily through hand-crafted code appears increasingly 
fragile. Traditional coding presumes a relatively stable world in which requirements can be anticipated and 
pipelines can be fixed in advance. Contemporary data environments, by contrast, are defined by constant 
evolution—new data sources, shifting schemas, and changing analytical questions. Agentic, intent-driven 
approaches are better aligned with this reality, allowing systems to adapt continuously while preserving 
governance and accountability. In this sense, the future of big-data management is not code-free, but it is 
decisively post-code-centric. 

Link: https://www.usdsi.org/data-science-insights/beyond-pandas-what-next-for-modern-python-data-
science-stack  
Posted on January 23, 2026 

Do we still need something as old-school as SQL? In the rapidly shifting terrain of data science, where Large 
Language Models (LLMs) often steal the spotlight, it is easy to assume that the “old guard” of technology—like 
SQL—is on its way to retirement. The reality, however, is quite the opposite. SQL remains the bedrock of the data 
science landscape, even as that landscape is reshaped by artificial intelligence. 
Link: https://youtu.be/yXBmH7HwnZ0 
Posted on January 22, 2026 

The 2026 World Economic Forum (WEF) in Davos has featured a heavy focus on artificial intelligence, with 
multiple high-profile sessions addressing everything from infrastructure and market "bubbles" to the total 
automation of professional roles. 
Jensen Huang (NVIDIA) dismissed fears of an AI bubble, characterizing the current period as the "largest 
infrastructure buildout in human history." He described AI as a "five-layer cake" consisting of energy, chips, cloud 
infrastructure, models, and applications. Huang argued that the high level of investment is "sensible" because it is 
building the foundational "national plumbing" required for the next era of global growth. He notably reframed the 
AI narrative around blue-collar labor, suggesting that the buildout will trigger a boom for electricians, plumbers, 
and construction workers needed to build the "AI factories" and energy systems that power the technology. 



Dario Amodei (Anthropic) offered a more urgent and potentially disruptive outlook. In a discussion with 
DeepMind's Demis Hassabis, Amodei predicted that AI systems could handle the entire software development 
process "end-to-end" within the next 6 to 12 months. He noted that some engineers at Anthropic have already 
transitioned from writing code to simply "editing" what the models produce. Amodei also warned of significant 
economic risks, suggesting that AI could automate a large share of white-collar work in a very short transition 
period, potentially necessitating new tax structures to offset a coming employment crisis. 
Elon Musk (Tesla/xAI), making his first appearance at Davos, shared a vision of "material abundance." He 
predicted that robots would eventually outnumber humans and that ubiquitous, low-cost AI would expand the 
global economy beyond historical precedent. While Musk expressed optimism about eliminating poverty through 
AI-driven automation, he joined other leaders in cautioning that the technology must be developed "carefully" to 
avoid existential risks. 
Other sessions, such as "Markets, AI and Trade" with Jamie Dimon (JPMorgan Chase) and panels 
featuring Marc Benioff (Salesforce) and Ruth Porat (Alphabet), focused on the practical integration of AI into 
enterprises. Leaders generally agreed that while AI will create massive productivity gains, it will also lead to 
inevitable labor displacement, requiring aggressive government and corporate coordination on retraining 
programs to prevent social backlash 
That’s my take on it: 

I agree with Jensen Huang that there won’t be an AI bubble; rather, the "chain of prosperity"—where AI 
infrastructure fuels a massive buildout in energy, manufacturing, and specialized hardware—is economically 
sound. However, it assumes a workforce ready to pivot. While leaders at Davos speak of "material abundance," 
the immediate reality is a widening skills gap that the current education system is ill-equipped to bridge. We are 
witnessing a paradox: a high unemployment risk for those with "obsolete" skill sets, occurring simultaneously with 
a desperate shortage of labor for positions requiring AI-fluency and high-level critical thinking. 

The core of the problem lies in several critical areas: 

·       The Pacing Problem in Education: Traditional academic curricula move at a glacial pace compared 
to the exponential growth of Large Language Models and automated systems. While industry leaders like 
Dario Amodei suggest that AI will handle end-to-end software development within a year, many universities 
are still teaching classical statistics for data analysis, as well as syntax and rote programming tasks, skills 
that are not in high demand. 



·       The Displacement of Entry-Level Roles: The "on-ramp" for many professions—clerical work, junior 
coding, and basic data entry—is being removed. Without these entry-level roles, the labor force lacks a 
pathway to develop the "senior-level" expertise that the market still demands, leading to a "hollowed-out" 
job market. As a result, we may have many people who talk about big ideas but don’t know how things 
work. 

·       Passive Dependency vs. Critical Thinking: There is a significant risk that our education system will 
foster a passive dependency on AI tools rather than using them to catalyze deeper intellectual 
engagement. If students are not taught to triangulate, fact-check, and think conceptually, they will be 
unable to fill the high-value roles that require human oversight of AI systems. 

To avoid a social backlash, the narrative must shift from building "AI factories" to rebuilding human capital. 
Prosperity will not be truly "chained" together if the labor force remains a broken link. We need a radical redesign 
of the curriculum that prioritizes conceptual comprehension and creativity, ensuring that "humans with AI" are not 
just a small elite, but the new standard for the global workforce. 

Links: 

  World Economic Forum: Live from Davos 2026: Highlights and Key Moments 

  Seeking Alpha: NVIDIA CEO discusses AI bubble, infrastructure buildout at Davos 

  The Economic Times: Elon Musk predicts robots will outnumber humans at WEF 2026 

  India Today: Anthropic CEO says AI will do everything software engineers do in 12 months 

  Quartz: Jensen Huang brings a 5-layer AI pitch to Davos 
Posted on January 16, 2026 

Google has rolled out a new beta feature for its AI assistant Gemini called Personal Intelligence, which lets 

users opt into securely connect their personal Google apps—like Gmail, Google Photos, YouTube, and Search—

with the AI to get more personalized, context-aware responses. Rather than treating each app as a separate data 



silo, Gemini uses cross-source reasoning to combine text, images, and other content from these services to 

answer questions more intelligently — for example, by using email and photo details together to tailor travel 

suggestions or product recommendations. Privacy is a core focus: the feature is off by default, users control which 

apps are connected and can disable it anytime, and Google says that personal data isn’t used to train the 

underlying models but only referenced to generate responses. The Personal Intelligence beta is rolling out in the 

U.S. first to Google AI Pro and AI Ultra subscribers on web, Android, and iOS, with plans for broader availability 

over time.  

That’s my take on it: 

Google’s move clearly signals that AI competition is shifting from “model quality” to “ecosystem depth.” By 

tightly integrating Gemini with Gmail, Google Photos, Search, YouTube, and the broader Google account graph, 

Google isn’t just offering an assistant—it’s offering a personal intelligence layer that already lives where users’ 

data, habits, and workflows are. That’s a structural advantage that pure-play AI labs don’t automatically have. 

For rivals like OpenAI (ChatGPT), Anthropic (Claude), DeepSeek, Meta (Meta AI), xAI (Grok), 

and Alibaba (Qwen), this creates pressure to anchor themselves inside existing digital ecosystems rather 

than competing as standalone tools. Users don’t just want smart answers—they want AI that understands their 

emails, calendars, photos, documents, shopping history, and work context without friction. Google already owns 

that integration surface. 

However, the path forward isn’t identical for everyone. ChatGPT already has a partial ecosystem strategy via 

deep ties with Microsoft (Windows, Copilot, Office, Azure), while Meta AI leverages WhatsApp, Instagram, and 

Facebook—arguably one of the richest social-context datasets in the world. Claude is carving out a different 

niche by embedding into enterprise tools (Slack, Notion, developer workflows) and emphasizing trust and safety 



rather than mass consumer lock-in. Chinese players like Qwen and DeepSeek naturally align with domestic 

super-apps and cloud platforms, which already function as ecosystems. 

The deeper implication is that AI is starting to resemble operating systems more than apps. Once an AI is 

woven into your emails, photos, documents, cloud storage, and daily routines, switching costs rise sharply—even 

if a rival model is technically better. In that sense, Google isn’t just competing on intelligence; it’s competing 

on institutional memory. And that’s a game where ecosystems matter as much as algorithms. 

P.S. I have signed up for Google's personal intelligence 

Link: https://opendatascience.com/gemini-introduces-personal-intelligence-to-connect-gmail-photos-and-

more/ 
Posted on January 15, 2026 

In this video I discuss a sensitive and controversial topic: Is the open-source ecosystem functioning as its creators 
envisioned? What happens when a movement designed to free users from corporate power becomes one of the 
most powerful tools corporations use to dominate the market? This question sits at the heart of the modern open-
source paradox. This issue is not about wrongdoing or bad faith; rather, this is about ideals colliding with 
economic reality—and of capitalism doing exactly what it has always done. 
Link: https://www.youtube.com/watch?v=y3fWZnqrHro 



Posted on January 7, 2026 

In the consumer world, Microsoft Windows and Mac OS dominate laptops and desktops, shaping our everyday 
computing experience. Yet beneath this familiar surface lies a kind of technological split personality. In high-
performance computing—especially supercomputing and cloud computing—the operating system landscape 
looks completely different from what consumers experience at home or in the office. This video explains the 
details. 
Link: https://youtu.be/YlIlb4lB6NQ 



Posted on January 7, 2026 

Yesterday Nvidia unveiled its next-generation Vera Rubin AI platform at CES 2026 in Las Vegas, introducing a 

new superchip and broader infrastructure designed to power advanced artificial intelligence workloads. The Vera 

Rubin system — named after astronomer Vera Rubin — integrates a Vera CPU and multiple Rubin GPUs into a 

unified architecture and is part of Nvidia’s broader “Rubin” platform aimed at reducing costs and accelerating both 

training and inference for large, agentic AI models compared with its prior Blackwell systems. CEO Jensen Huang 

emphasized that the platform is now in production and underscores Nvidia’s push to lead the AI hardware space, 

with the new technology expected to support complex reasoning models and help scale AI deployment across 

data centers and cloud providers. 

At its core, the Vera Rubin platform isn’t just one chip, but a tightly integrated suite of six co-designed chips that 

work together as an AI “supercomputer,” not isolated components. These chips include the Vera CPU, Rubin 

GPU, NVLink 6 switch, ConnectX-9 SuperNIC, BlueField-4 DPU, and Spectrum-X Ethernet switch — all 

engineered from the ground up to share data fast and efficiently.  

The Vera CPU is custom ARM silicon tuned for AI workloads like data movement and reasoning, with high-

bandwidth NVLink-C2C links to GPUs that are far faster than traditional PCIe links. That means CPUs and GPUs 

can share memory and tasks without bottlenecks, improving overall system responsiveness. 

Put simply, instead of just scaling up power, Nvidia’s Vera Rubin platform rethinks how chips share data, reducing 

idle time and wasted cycles — which translates to lower operating costs and faster AI responsiveness in large-

scale deployments. 

  

That’s my take on it: 

While Nvidia’s unveiling of Vera Rubin is undeniably jaw-dropping, it is still premature to proclaim Nvidia’s 

uncontested dominance or to count out its chief rivals—especially AMD. As of November 2025, the Top500 list of 

supercomputers shows that the very top tier remains dominated by systems built on AMD and Intel technologies, 

with Nvidia-based machines occupying the #4 and #5 positions rather than the top three. The current #1 



system, El Capitan, relies on AMD CPUs paired with AMD Instinct GPUs, a combination that performs 

exceptionally well on the LINPACK benchmark, which the Top500 uses to rank raw floating-point computing 

power. 

Although Nvidia promotes the Vera Rubin architecture—announced at CES 2026—as a next-generation 

“supercomputer,” the Top500 ranking methodology places heavy emphasis on double-precision floating-point 

(FP64) performance. Historically, Nvidia GPUs, particularly recent Blackwell-era designs, have prioritized lower-

precision arithmetic optimized for AI workloads rather than maximizing FP64 throughput. This architectural focus 

helps explain why AMD-powered systems have continued to lead the Top500, even as Nvidia dominates the AI 

training and inference landscape. 

Looking ahead, it is entirely plausible that Vera Rubin-based systems will climb higher in the Top500 rankings or 

establish new records on alternative benchmarks better aligned with AI-centric performance. However, in the near 

term, the LINPACK crown remains highly competitive, with AMD and Intel still well positioned to defend their 

lead. 

  

Link: https://finance.yahoo.com/news/nvidia-launches-vera-rubin-its-next-major-ai-platform-at-ces-2026-

230045205.html 



Posted on January 6, 2026 

In this video, I would like to discuss a potential paradigm shift in artificial intelligence: the Language Processing 
Unit (LPU). While Google’s Tensor Processing Unit (TPU) has been widely recognized as a formidable challenger 
to NVIDIA’s GPU, another potential game changer—namely, the LPU—is now emerging on the horizon. Thank 
you for your attention. 

Link: https://www.youtube.com/watch?v=_wGyKmC14lk 
Posted on January 5, 2026 

Recently Groq announced that it had entered into a non-exclusive licensing agreement with NVIDIA covering 

Groq’s inference technology. Under this agreement, NVIDIA will leverage Groq’s technology as it explores the 

development of LPU-based (Language Processing Unit) architectures, marking a notable convergence 

between two very different design philosophies in the AI-hardware ecosystem. While non-exclusive in nature, the 

deal signals strategic recognition of Groq’s architectural ideas by the world’s dominant GPU vendor and highlights 

growing diversification in inference-focused compute strategies. 

Groq has built its reputation on deterministic, compiler-driven inference hardware optimized for ultra-low latency 

and predictable performance. Unlike traditional GPUs, which rely on massive parallelism and complex scheduling, 

Groq’s approach emphasizes a tightly coupled hardware–software stack that eliminates many runtime 

uncertainties. By licensing this inference technology, NVIDIA gains access to alternative architectural concepts 

that may complement its existing GPU, DPU, and emerging accelerator roadmap—particularly as inference 

workloads begin to dominate AI deployment at scale. 

An LPU (Language Processing Unit) is a specialized processor designed primarily for AI inference, especially 

large language models and sequence-based workloads. LPUs prioritize deterministic execution, low latency, 

and high throughput for token generation, rather than the flexible, high-variance compute patterns typical of 

GPUs. In practical terms, an LPU executes pre-compiled computation graphs in a highly predictable manner, 



making it well-suited for real-time applications such as conversational AI, search, recommendation systems, and 

edge-to-cloud inference pipelines. Compared with GPUs, LPUs often trade generality for efficiency, focusing on 

inference rather than training. 

That’s my take on it: 

Nvidia’s agreement with Groq seems to be a strategy in an attempt to break the “curse” of The Innovator’s 

Dilemma, a theory introduced by Clayton Christensen to explain why successful, well-managed companies so 

often fail in the face of disruptive innovation. Christensen argued that incumbents are rarely blindsided by new 

technologies; rather, they are constrained by their own success. They rationally focus on sustaining innovations 

that serve existing customers and protect profitable, high-end products, while dismissing simpler or less mature 

alternatives that initially appear inferior. Over time, those alternatives improve, move up-market, and ultimately 

displace the incumbent. The collapse of Kodak—despite its early invention of digital photography—remains the 

canonical example of this dynamic. 

Nvidia’s position in the AI ecosystem today strongly resembles the kind of incumbent Christensen described. The 

GPU is not merely a product; it is the foundation of Nvidia’s identity, revenue model, software ecosystem, and 

developer loyalty. CUDA, massive parallelism, and GPU-centric optimization define how AI practitioners think 

about training and inference alike. Any internally developed architecture that fundamentally departs from the GPU 

paradigm—such as a deterministic, inference-first processor like an LPU—would inevitably compete for 

resources, mindshare, and legitimacy within the company. In such a context, internal resistance would not stem 

from short-sightedness or incompetence, but from rational organizational behavior aimed at protecting a highly 

successful core business. 

Seen through this lens, licensing Groq’s inference technology represents a structurally intelligent workaround. 

Instead of forcing a disruptive architecture to emerge from within its own GPU-centric organization, Nvidia 



 

accesses an external source of innovation that is unburdened by legacy assumptions. Thus, disruptive 

technologies are best explored outside the incumbent’s core operating units, where different performance metrics 

and expectations can apply. By doing so, Nvidia can experiment with alternative compute models without 

signaling abandonment of its GPU franchise or triggering internal conflict reminiscent of Kodak’s struggle to 

reconcile film and digital imaging. 

The non-exclusive nature of the agreement further reinforces this interpretation. It suggests exploration rather 

than immediate commitment, allowing Nvidia to learn from Groq’s deterministic, compiler-driven approach to 

inference while preserving strategic flexibility. If inference-dominant workloads continue to grow and architectures 

like LPUs prove essential for low-latency, high-throughput deployment of large language models, Nvidia will be 

positioned to integrate or adapt these ideas into a broader heterogeneous computing strategy. If not, the company 

retains its dominant GPU trajectory with minimal disruption. 

In this sense, the Groq agreement can be understood not simply as a technology-licensing deal, but as an 

organizational hedge against the innovator’s curse. Rather than attempting to disrupt itself head-on, Nvidia is 

selectively absorbing external disruption—observing it, testing it, and keeping it at arm’s length until its strategic 

value becomes undeniable. 

Link: https://www.cnbc.com/2025/12/24/nvidia-buying-ai-chip-startup-groq-for-about-20-billion-biggest-

deal.html 


